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Abstract
This thesis examines the phenomenon of repeat burglary and its significance for crime
prevention, criminology and victimology.
The research program for this thesis was inspired some time ago by the Kirkholt
burglary prevention project in the United Kingdom. The reduction of repeat
victimisation quickly came to be seen as the key to Kirkholt’s success and by the late
twentieth century victim-based crime prevention projects had been implemented in
many parts of the world. However, even though these projects have achieved notable
success there is still intense debate about why one-time victims are more likely than
others to become future victims.
This thesis aims to increase understanding of repeat burglary and other forms of repeat
victimisation by contributing to its key concepts and its methods of analysis, and by
applying these insights in Australian settings. In pursuing this endeavour the thesis
links the problems of repeat victimisation with problems in other areas of criminology
and social science. In particular the issue of whether prior victimisation is a cause of
future victimisation or merely a marker of pre-existing risk has analogs in the areas of
offending, of employment, in international disputes, and in many others. Despite this,
there has been limited transfer of methods and concepts between repeat victim
researchers and researchers in other areas.
The thesis examines repeat burglary as a substantive area of research, but its approaches
to method, concepts and data are relevant to all repeat victimisation research. Section 1
examines the rise of victim-based crime prevention and links its belated appearance
with the historically limited interest of criminology in the victim of crime. It also
examines the respective limitations of both survey and police data on crime and points
out the potential biases associated with each data source.
Section 2 provides the core of the thesis and it unifies the count and elapsed time
domains of repeat victimisation through careful examination of the implications of
various statistical models. It draws together criminological theory, conceptual analysis,
and a pioneering application of survival analysis to pursue the mechanisms underlying
repeat burglary in a Perth suburb. In doing so it illuminates issues about the relative
power of state dependence and heterogeneity explanations of repeat burglary and arrives
at substantive results that in some aspects differ from findings in the United Kingdom.
This section also argues that the concept of state dependence commonly adopted is
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unnecessarily constraining and that a broader concept can explain some potentially
conflicting findings of repeat victimisation research.
Section 3 is an evaluation of a victim-focused burglary prevention initiative in Adelaide
– one of two nationally supported pilot projects.
Section 4 examines carefully the claimed advantages of victim-focused crime
prevention for distributing burglary prevention resources in an efficient and equitable
way. It examines evidence concerning the differential capacity and willingness of
victims to take effective preventive action and the need for both individual and
collective support for effective preventive initiatives.
Section 5 concludes the thesis by arguing first that the merging of victim support and
crime prevention is not as simple as is sometimes claimed. It also argues that crime
prevention needs to take into account more than criminological theory if it is to be
effective. An important argument of the conclusion is that criminological imagination
has been overly limited in comprehending repeat victimisation, and it explores the ways
in which criminological research still struggles to appreciate the importance of the
victim for theory and crime prevention. It also argues that the implications of repeat
victimisation have yet to be fully developed and accepted.
Fuller details of the thesis structure are given at the end of the introduction.
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INTRODUCTION
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Introduction

This thesis examines the phenomenon of repeat victimisation and its significance for
crime prevention, criminology and victimology. It focuses on repeat domestic burglary
but the research is relevant to repeat victimisation in general.
Since the advent of crime victimisation surveys criminologists have had clear evidence
that the distribution of victimisation is highly skewed. Small numbers of victims
experience a large proportion of all offences. An apparently obvious implication of this
finding is that reducing repeat victimisation will reduce a large proportion of all
offences. This victim-oriented result is analogous to a better-known finding with respect
to offenders. Small percentages of offenders are responsible for committing large
numbers of all offences. See (P. Wikstrom and Dolmen, 2004), Loeber and colleagues
for reviews (Farrington, 1997; Loeber, Farrington, and Waschbusch, 1998). Key
individual studies include those at Philadelphia, Cambridge, and Stockholm (Farrington,
1983, 1997; Kempf-Leonard, Tracy, and Howell, 2001; P. H. Wikstrom, 1987;
Wolfgang, Figlio, and Sellin, 1972), although policy interpretations of this body of
research favouring incapacitation has received considerable criticism (Bernard and Ritti,
1991; Kerner, 2006; Weitekamp, Kerner, Schindler, and Schubert, 1995).
However, it took some time for criminologists and policy makers to arrive at this
conclusion. Indeed, one question of interest is why victim-based crime prevention came
to the fore so late in the history of criminology when it has now come to be regarded as
so significant by criminologists. Skogan made the claim in 1996 that:
Probably the most important criminological insight of the decade has been the discovery … of repeat
multiple victimization (Brady, 1996: 3)

An important project that moved repeat victimisation from a theoretical issue to an
important policy issue was the Kirkholt burglary reduction project in the United
Kingdom (UK). The research program for this thesis was inspired some time ago by the
published reports of this project and by the opportunity to visit, in 1996, Professor Ken
Pease, the most influential researcher involved in victim-based crime prevention. The
Kirkholt project implemented an approach to crime prevention that seemed to provide a
model application of scientific method. It started with a detailed examination of the
nature of burglary on the Kirkholt Estate in Greater Manchester and then addressed the
burglary problem by implementing a broad range of intervention measures. After
3

implementing a first phase of action, the project re-examined burglary patterns and the
impact of phase 1. It then implemented a second phase of action and evaluated its
overall success. The analysis of Kirkholt’s burglary problems made use of information
from a broad range of sources, including interviews with local burglars and with
burglary victims and their neighbours. Police data on burgled dwellings were also
examined and in the second phase of the project probation officers interviewed
offenders about problems that could motivate burglary offending.
The evident success of the project attracted great attention from those interested in
crime prevention, including the Home Office of England and Wales, the major sponsor
of the Kirkholt project. The reduction of repeat victimisation quickly came to be seen
as the main ‘active ingredient’ of the Kirkholt project and further victim-based crime
prevention projects were implemented in England and Wales. The range of projects
was broadened to include motor vehicle theft and domestic violence as well as burglary.
Repeat victimisation performance indicators in the United Kingdom were refined and
developed from 1995 onwards so that by 1999 all UK police forces were expected to set
targets for its reduction. Other countries such as the USA and Australia also
implemented victim-based crime prevention projects, though not with the same
enthusiasm and central coordination as in the UK.
In the late twentieth century, victim-based crime prevention had become well known
and prevalent even though there were still debates about the processes through which
past victims were more likely than others to become future victims.
Research on repeat victimisation continues, but seems to be limited by a number of
factors, including:
•

The respective limitations of both survey and police data on crime;

•

Isolation of repeat victimisation research methodology from other areas in social
science research, including research into repeat offending;

•

Limited use of criminological theory pertaining to repeat victimisation, including
inadequate specification of state dependence mechanisms;

•

The tendency for general crime prevention ‘packages ’ to be implemented, rather
than principled interventions based on detailed analysis of local crime prevention
problems;

•

Restricted examination of the role of the victim in repeat victimisation, other than as
a passive and innocent target of an active and all powerful offender;
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•

Difficulties in identifying repeat victims of crime using police data systems, leading
to problems in crime prevention program implementation and problems of
monitoring and evaluation.

The thesis presents an analysis of the strengths and the weaknesses of repeat
victimisation research and its potential value for criminology in the future. I commence
with a review of the meteoric rise of repeat victimisation as applied to crime prevention,
and trace earlier attempts to examine repeat victimisation and its implications for crime
prevention, criminological theory, and victimology.

The emergence of victim-based crime prevention in Kirkholt
The Kirkholt burglary reduction project in the United Kingdom (Forrester, Chatterton,
and Pease, 1988; Forrester, Frenz, O'Connell, and Pease, 1990) adopted a thorough and
systematic approach to burglary reduction on the Kirkholt Estate in Rochdale, Greater
Manchester. The approach was consistent with the principles of problem-oriented
policing (Goldstein, 1990) in its application of scientific principles to community
problems, and in the development of tailored responses after careful analysis.
However, the project was initiated by the Greater Manchester Probation Service rather
than by police even though the Greater Manchester Police Force emerged as the lead
agency as the project progressed.
Phase 1 of the Kirkholt project involved a detailed examination of the nature of burglary
on the Kirkholt estate. The examination of burglary patterns made use of several
information sources, including burglar interviews, victim and neighbour interviews and
police data. A set of crime prevention measures was designed and implemented, and its
impact was assessed. The package for Phase 1 included the following (Forrester et al.,
1988):
•

removal of electricity and gas pre-payment meters

•

upgrading security of burgled households in a way that took into account actual
patterns of entry by Kirkholt burglars
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•

The development of a community support team responsible for security audits,
assistance with property coding and support for the development of ‘cocoon
neighbourhood watch’1

•

Cocoon neighbourhood watch (assisted by the community support team) involved
seeking the support of neighbours surrounding the victimised household to provide a
micro-level neighbourhood watch scheme

•

The development of larger, formally-registered home watch schemes through the
expansion of cocoon watch initiatives

•

A carefully designed system for monitoring and evaluation of the initiative.

•

Burglary dropped to 40 percent of the levels experienced prior to the project and
repeat burglary was reduced.

A second phase of the project examined the changed patterns of burglary and the
household types that remained vulnerable to burglary. Burglaries dropped to 25 percent
of the initial (pre-phase 1) levels over this second phase of the project.
The measures in place in Phase 1 of the project continued in Phase 2, however some
other initiatives were added, most of which could be classified as offender-based or
community-based projects. The components included:
•

focused group-work programs for local offenders, linked to social inquiry reports to
courts

•

the establishment of a credit union on the Kirkholt Estate

•

schools-based projects that were targeted both at the whole school as well as at
disaffected students. A crime prevention festival was also convened.

While the project was led by police, varied agencies were involved in the project,
including the probation service, the local housing authority, victim services, schools and
others. The project was informed by criminological insights into potential risk factors
for burglary and by principles encouraging inter-agency cooperation and
communication. However, the most impressive aspects of the project were its detailed
analysis of the local burglary problem, its willingness to take appropriate action and
then its determination to re-examine the problem and modify actions after the initial
implementation phase.
1

The resources for the support team were substantial, with eleven positions being funded on a small
estate with only 2,280 dwellings. However, not all of these posts were filled at all stages of the project.
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Many elements constituted the Kirkholt approach to burglary prevention. However the
key elements that were later abstracted from its success were its focus on repeat
victimisation and its initiatives encouraging ‘cocoon watch’, a very local version of
neighbourhood watch. Cocoon watch involved a small number of households
surrounding a previously burgled household.
The focus of crime prevention on victims of burglary was driven by the realisation that
victims were at higher risk than other local residents, and even their immediate
neighbours, of becoming future (repeat) victims of burglary. Furthermore, focusing on
burglary victims offered the opportunity to schedule the distribution of crime prevention
resources to the most vulnerable (future) victims. It provided a way of setting priorities
for resource distribution. Later crime prevention initiatives targeted at victims provided
an expanded rationale for their likely success, so it is instructive to tease out the logic of
Kirkholt that was provided in the original (Phase 1 and Phase 2) reports. In outline the
major advantages with the victim-based approach seemed to be that (Forrester et al.,
1990):
1. Repeat victimisation is more likely than first victimisation and therefore crime
prevention resources are productively targeted.
2. Victim-based crime prevention provides a defensible rationale for allocating
resources and services to those who are vulnerable and need them2. It protects the
most vulnerable social groups without having to identify them as such.
3. Victim-based crime prevention provides a realistic time schedule for distributing
crime prevention resources3. The normal rate of victimisation offers a realistic pace
for crime prevention activity in response.
4. Reducing repeat victimisation fits in with notions of fairness, or distributive justice,
even if overall levels of burglary cannot be reduced4. The pain of victimisation
should not fall disproportionately on a small number of victims.

2

An initial intention of Kirkholt was to focus attention on single-parent families because of their elevated
risk of burglary victimisation. However the focus on burglary victims seemed to offer a defensible, nondivisive, and easily understood approach to the distribution of services. Similarly, a schedule of
implementation using geography was considered but there seemed to be no simple justification for
commencing the project on one part of the estate rather than another.
3
The expression ‘drip-feeding’ was used to describe this form of scheduling ((Forrester et al., 1990)
4
Ulrich Beck argues that modern ‘risk society’ is more concerned with the distribution of ‘bads’ rather
than goods ((Beck, 1986)
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5. There is evidence that areas with the highest crime rates have the highest rates of
repeat victimisation. Therefore preventing repeat victimisation is relatively more
important in high-crime areas.
6. It is based on a careful examination of the individual circumstances of crime and so
it will tend to marshall all appropriate preventive measures, both social and physical.
Indeed, the Kirkholt authors express irritation at ‘… the facile division of crime
prevention into physical and social’ (Forrester et al., 1990: 47)
7. Crime prevention and victim support activities are brought together through a focus
on victims in a way that offers practical help to avoid future victimisation.
The preceding factors are either explicitly stated or are clearly present in implicit form.
Later expositions of victim based crime prevention pointed to additional advantages and
these are elaborated in Repeat Burglary.
The ‘repeat victimisation story’ (Laycock, 2001) influenced crime prevention with
Kirkholt and expanded its influence throughout the nineties. It was described by some
commentators as the most influential crime prevention project in UK crime prevention
history (Laycock, 2001). Kirkholt’s success spawned a series of initiatives in the
United Kingdom. Victim-based crime prevention gathered considerable momentum and
was applied to a range of offence-types, including burglary, motor vehicle theft and
domestic violence.
Skogan may be correct in claiming that repeat victimisation was the most important
criminological insight of the nineteen nineties. However, if he is correct, why did the
insight take so long to catch on? To explore the issue I start by examining the struggle
within criminology to acknowledge any role for victims, regardless of whether their
victimisation is single or repeated.

Some background on the role of victims and repeated victimisation
Criminological interest in the victim has been belated and has mostly been connected
with issues of criminal justice and victim rights rather than with the role of victims in
the generation of crime. A survey of criminology text books finds few references to the
role of the victim until the 1990s. Nevertheless, pioneering attempts to create victim
typologies were published by von Hentig from around 1940. His notion of the ‘born
victim’ did not fall on such fertile ground as did Lombroso’s concept of the ‘born
offender’ around the beginning of the 20th century.
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Von Hentig’s analysis of murder, rape and confidence games describes certain
characteristics of ‘perfect’ victims (Von Hentig, 1948), including
•

‘the depressive type … who lacks ordinary prudence and discretion’

•

‘the greedy of gain’ whose desire for easy money removes normal inhibitions and
leads to imprudence

•

‘the wanton type’ – usually a woman, but sometimes a man as in the case of the
Russian monk Rasputin – whose sensuality is likely to lead them into dangerous
situations, and

•

The ‘tormentor-type’ whose offender may resort to violence as a means of primitive
conflict resolution.

These victim types clearly envisage victims as agents – as persons who interact with
potential offenders and who potentially contribute to their own victimisation. This view
challenged a one-sided offender-based explanation in criminology. Von Hentig was
critical of legal distinctions which attribute victim and offender status in a fixed way.
The law considers certain results and the final moves which lead to them. Here it makes a
clear-cut distinction between the one who does and the one who suffers. Looking into the
genesis of the situation, in a considerable number of cases, we meet a victim who consents
tacitly, co-operates, conspires or provokes. The victim is one of the causative elements …
(Von Hentig, 1948) quoted in Fattah (Fattah, 1989: 44).

Others took up these notions of victim-precipitation or victim-proneness and pointed out
that the causal role of the victim could involve negligence, carelessness, and
imprudence.
They pointed out that the victims role could be a motivational one (attracting, arousing,
inducing, inciting … ) or a functional one (provoking, precipitating, triggering, facilitating,
participating) (Fattah, 1989: 44)

It is easy to see that the victim typologies developed by von Hentig help to explain both
initial and repeat victimisation. To the extent that ‘victim types’ are stable, they identify
heterogeneity of risks between individuals. A ‘tormentor-type’ will face constantly
elevated risks of victimisation compared with other people unless some change in
behaviour is made.
The insights of von Hentig and his successors are rich in potential for illuminating the
dynamics of repeat victimisation. However, there are at least two reasons why they did
not generate early studies of repeat victimisation. The first is that theories of ‘victim
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precipitation’ were strongly attacked because they became associated with ‘victim
blaming’. The second is that criminology lacked high quality data to test these theories.
Amir’s study of victim-precipitation in rape proved highly controversial because its
notions of precipitation and its confusion between cause and blame left a lasting
antipathy for precipitation theories (Amir, 1971). Even today there is a form of political
correctness among criminologists that makes public discussion of the precipitating role
of the victim a controversial matter. A relatively recent debate between Harding and
others illustrates the difficulty faced by criminologists in presenting views that portray
victims as other than innocent and helpless bystanders, and of victim advocates who are
less than knights in shining armour (Egger, 1994; Harding, 1994). The editors of
Current Issues in Criminal Justice deemed that Harding’s paper on victimisation and
moral panic could not be published in the absence of an immediate and opposite
viewpoint.

Definition and measurement of repeat victimisation
As discussed earlier in this introduction, initial discussions of the role of the victim in
crime were theoretical and inspired by selected case examples. With some of the victim
‘types’ described above by Von Hentig it is easy to imagine how the characteristics
disposing them to one victimisation will continue to enhance their risks of further
predatory behaviour unless they are willing and able to change their behaviour.

Repeat victimisation and multiple victimisation
There are two issues of definition of particular interest. The first is the type of crime
and the second is the sequential nature of victimisation. The term multiple victimisation
has been used when the victim has experienced different forms of crime. However,
there is some ambiguity with the term because multiple victimisation can occur within a
single crime incident, or when a victim experiences different crimes on different
occasions. Thus a multiple victim may experience a burglary and an assault (trying to
detain the burglar) during a single incident. Alternatively, the victim may be burgled on
one occasion and assaulted six months later in a separate incident.
The term repeat victimisation is used where incidents are separated in time. However,
the ambiguity with this term is whether the repeat incident involves a crime of the same
type or a different type.
10

In the early research papers the terms repeat victimisation and multiple victimisation
were used more or less interchangeably. For example, Nelson uses the term multiple
victimisation for both burglary and for all victimisation (Nelson, 1980) and Sparks
raises the issue of crime type but uses the term to refer to repeated victimisation of any
type (Sparks, 1981). Reiss uses the term repeat victimisation in the same general way
but on occasions he use the terms repeat victimisation and multiple victimisation in the
same sentence (Reiss, 1975). Reiss’ research examined victimisation using the
household as the unit of analysis and his survey data were unable to determine if repeat
personal victimisation at household level occurred to the same household member or to
different household members5. Thus Reiss’ term ‘repeat or multiple victimisation’
reflects an irreducible ambiguity in his data about whether further victimisation
occurred to the same person or to another person in the same household.
Farrell’s review of the literature reveals that the usage of terms such as
‘revictimisation’, ‘repetitive victimisation’ and ‘recidivist victimisation’. He advocates
the use of the term repeat victimisation so that repeated events can be distinguished
from events that occur within a single crime incident. For example, a burglary followed
immediately by the theft of a householder’s motor vehicle would not qualify as repeat
victimisation. Most researchers in the past 10-15 years have used the term favoured by
Farrell.
Hope and colleagues used the term multiple victimisation to refer to repeat victimisation
where repeated events may be of different crime types. In other words multiple
victimisation is used to denote repeat victimisation in its most general form. However,
as discussed above there is an unavoidable ambiguity in the use of this term and I do not
use it in this thesis. If a victim experiences a further offence of any kind it seems
natural to label this repeat victimisation. Nonetheless, this does not prevent a researcher
focusing on particular forms of repeat victimisation and the research focus in this thesis
is squarely on repeat burglary. This focus means that other forms of repeat
victimisation are set to one side.
The focus, or otherwise, on specific forms of repeat victimisation raises interesting
theoretical issues. Hope and colleagues make the important point that a focus on a
specific form of crime fits comfortably with the approach of situational crime
prevention (T Hope, Bryan, Trickett, and Osborn, 2001). Newman for example notes

5

Regardless of this, the household was regarded as a repeat victim on the grounds that whatever
happened to any household member was attributed to the household unit.
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that situational crime prevention ‘… owes its distinctive character to its insistence on
offering explanations only of specific events and situations and not crime in general’
(Newman, 1997: 12). Note, however that there is evidence of a transfer of risk across
crime types, regardless of the validity of situational crime prevention and this evidence
is found in both older (Reiss, 1975) and newer (Ellingworth, Hope, and Osborn, 1997; T
Hope et al., 2001) research.
In keeping with Farrell’s recommendation I use the term repeat victimisation throughout
this thesis. In particular contexts I make clear whether or not I am referring to a single
crime type or whether the repeated crime is of a different type.

The unit of measurement for repeat victimisation
Various units have been used as the focus of repeat victimisation. In crime surveys the
most natural units to use have been the person and the household. In the Australian
context, national Crime and Safety Surveys since 1993 (Australian Bureau of Statistics,
2003) have used both the household and the person as the unit of measurement. For
household victimisation (break and enter, attempted break and enter, and motor vehicle
theft) a single respondent is asked to report all events for the whole household. For
personal victimisation (assault, robbery and sexual assault6) information is collected
from each household member aged over 15. For such a survey the household is the
natural unit for the exploration of household crime and the person is the natural unit for
exploring personal crime7.
Police data offer several possible units of analysis. For example some police offence
databases have reliable identifiers for victims. Jurisdictions such as Western Australia
have developed an identifier that uniquely identifies any person (for example victim,
offender or police officer) and added it to its recently implemented Incident
Management System (IMS)8. South Australia has used a similar personal identifier
within its Justice Information System (JIS) since 1991. However, such systems are
never perfect and require continual maintenance to ensure that duplicate identifiers for
6

In 2002 females and males aged 18 and over were asked about sexual assault victimisation in the
previous 12 months. Answers to this question were on a voluntary basis. In prior surveys only female
respondents were asked questions about sexual assault.
7
Note that Reiss (quoted above) used the household as the unit of analysis for both household and
personal offences even though the US national crime victimisation survey had a similar approach to
collecting households and personal crime as does the ABS survey.
8
The IMS system was progressively introduced by the Western Australia Police Service between 2002
and 2004.

12

the same person are not propagated on the system. Nevertheless, these systems make it
possible to track repeated offences against the same person.
Similarly, many police databases have good quality information about addresses. This
makes it possible to explore repeated offences of burglary against the same dwelling. In
some cases this is made possible by sorting addresses by suburb, street, street number
and unit number. On the other hand, there is always the potential for addresses to be
incorrect, particularly at the level of unit number. Thus, many offences may seem to
occur at a particular address which is not a single dwelling – the preferred unit for
burglary or other household offences – but a block of flats. In this case the extent of
repeat victimisation – at dwelling level – is likely to be overestimated. In South
Australia a helpful innovation is the allocation of an identification number for
addresses, which appears to work reliably9.
There are well-documented issues concerning the identification of repeat units. Further
discussion about the issues involved with successful identification of dwelling units is
given in Sections 3 and 4 of this thesis and by Anderson and colleagues. These
researchers also discuss options for identifying repeat motor vehicle crime (Anderson,
Chenery, and Pease, 1995a).
Different units may be appropriate for different forms of crime. Property damage to
schools would ideally use the school as the desired unit. A desirable choice will not
artificially inflate the extent of repeat victimisation. For example, Weisel and
colleagues (Weisel, Clarke, and Stedman, 1999) note that Sherman’s 1989 analysis of
repeat calls for service had access to building addresses but not unit numbers within
buildings (Sherman, 1989). This limitation introduces a repeat victimisation bias
towards addresses with many dwelling units.
Regardless of the ‘ideal’ unit for assessing repeat victimisation, it is clear that there are
considerable data problems a ‘best’ choice needs to be made weighing up the reliability
of unit for the particular data source that is accessible.

The time period for measuring repeat victimisation
There is no agreed time-period over which repeat victimisation is defined. Indeed huge
variations, from six months to a ‘lifetime’, have been used for analysis. Furthermore,

9

This comment is based on the author’s personal research using SA police data, for example the research
giving rise to sections 3 and 4 of this thesis.

13

there seems to be no a-priori reason why one time-period should be preferred over
another for the purposes of defining repeat victimisation. However, with respect to the
time-period for measuring repeat victimisation, there are two issues of particular
importance. The first is the difference between follow-up time and the window of
observation and the second concerns the appropriate methodology to examine follow-up
time.
The first issue is discussed in detail in Section 2.2 and illustrated graphically in Figure
2.2.1. In this introduction it is important to note that for definitional purposes it is
important that repeat victimisation be defined over fixed periods of follow-up. It is
extremely useful to be able to specify the extent and risks of repeat victimisation over a
period of (say) 12 months. It is less useful to specify the extent of repeat victimisation
when follow-up periods for units are variable. This is what tends to occur when a fixed
window of observation is available to observe both initial and repeat victimisation. A
first victimisation occurring at the beginning of the window of observation will have the
full window available for follow-up. However if a first victimisation is observed near
the end of the window, there will be extremely limited time available for follow-up.
The second issue concerns the appropriate methodology for measuring the risks of
repeat victimisation over time. A major innovation in this thesis is the introduction of
survival analysis to the examination of repeat victimisation risks over time. Survival
analysis permits the researcher to examine the ‘time-course’ of repeat victimisation in
an unbiased way. Survival analysis also allows the researcher to produce estimates of
repeat victimisation risk for fixed follow-up periods even though follow-up data for
individual units may vary. The techniques and advantages of survival analysis are
explained in detail in Sections 2.1 and 2.2.

Repeat victimisation as counts and repeat victimisation as elapsed times.
Repeat victimisation is illustrated in two ways. First one may examine the frequency of
victimisation over a fixed period of time. Second one may examine the time period
between successive victimisations. From the first viewpoint time is fixed and the count
of victimisation is a variable. From the second viewpoint the count is fixed10 and the
elapsed time between victimisation is a variable. Most studies of repeat victimisation
use either one approach or the other, but not both. Survey data are most suited to the
10

Usually the count is fixed at 1. We are interested in the time to the next victimisation, or the time
between the first and second victimisation.

14

analysis of counts of victimisation frequency. We assume that survey respondents can
reliably report on the number of times they experienced victimisation in the period
covered by the survey. However, it is generally assumed that respondents cannot
accurately specify the times at which these victimisations occur when they are asked to
retrospectively report on periods of six months or more. There is evidence that when
respondents are asked to locate victimisation events in time, they produce artificially
high estimates for recent events and artificially low estimates for more distant events
within the survey coverage period (Biderman and Lynch, 1981; Skogan, 1981).
The time-course of repeat victimisation is generally examined in studies using police
data on recorded crime or calls for service. These data rely on (usually)
contemporaneous reports of victimisation so the timing of these events is generally
precise11. Studies such as these generally focus on the time course of repeat
victimisation rather than its frequency.
One objective of this thesis is to highlight the links between the frequency distribution
of repeat victimisation and its time course. The motivation for this is interest in the
underlying victimisation process. Section 2.2 includes an analysis of the frequency
distribution of burglary counts and links this with the elapsed time analysis conducted in
a prior paper (Repeat Burglary). The linkage illuminates the underlying victimisation
process that generates both views of repeat victimisation.

Repeat victimisation is ‘event driven’
An important assumption with regard to the concept of repeat victimisation and its
definition is that victimisation consists of a series of identifiable events. In the case of
burglary this seems to be an easy and obvious assumption, but for other offence types
the assumption has been questioned. Skogan raises the issue in the context of survey
data when he says (Skogan, 1981: 7)
[The] procedure for operationalising victimization implies at least three conceptual
decisions concerning the nature of crime: That crimes are discrete events which are bounded
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In the case of burglary this is generally true, subject to the absence of the householders from the
dwelling at the time of the offence. If the householder is way for a matter of hours the event can be timed
fairly accurately, but in a small number some cases of extended absence there may be uncertainty up to a
month. For some other offences such as sexual assault the uncertainty in timing may be very large.
Offences may have been committed against a victim over a long period of time but may be disclosed well
after the initial victimisation.
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in space and time; that they are knowable only as distinct individual incidents; and they can
be understood apart from their social context.

The ‘events orientation’ of crime data is particularly relevant to domestic violence,
where a relationship may be best described as a condition of enduring violence than as a
sequence of events. The issue is highly relevant to survey data since they rely on
respondents’ reporting of events retrospectively over extended periods of time. If
violent events are a daily or weekly occurrence, respondents may find it difficult to fit
their own experience into the constraints of a survey questionnaire or interview. This
was the conclusion of Genn who, after being involved in a large-scale victimisation
survey, then conducted follow-up ethnographic research to investigate multiple or
repeat victimisation. Genn claims that the survey methodology’s focus on discrete
events is inadequate to capture the experiences of marginalised people for whom
‘violence, abuse and petty theft are an integral part of … day to day existence’ (Genn,
1976: 99).
Nevertheless, it can be argued that the issue is one of adequate measurement rather than
one of inadequate conceptualisation. It still seems useful to analytically separate a
condition of violence from its realisation through a series of (criminal) events. If so,
then the problem is how to adequately count these events and relate them to the
underlying condition12. For surveys, there is a potentially great problem of
measurement for certain respondents who experience chronic violence. For police data,
the problem is that many of the chronic events will not come to police notice.
The question for repeat victimisation research is therefore how to treat the data at one’s
disposal, and it is a serious issue facing the modelling of repeat victimisation. This
issue is discussed in the conclusion to this thesis and in the directions of future research.
An immediate issue however concerns the way so-called ‘series events’ are dealt with in
survey data.

Repeat victimisation as repeat offending
It is important to add that, in this thesis, the offender has no part to play in the definition
of repeat victimisation. Some attempts to define repeat victimisation have attempted to
include only events committed by the same offender or to partition repeat victimisation

12

For the majority of citizens their smaller concentration of victimisation will not present an
insurmountable barrier for quantification.
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by reference to repeat offending (Simmons, 2000). It is arguable that approaches like
this have been overly influenced by the historical pre-occupation of criminology with
the offender alone. Too often victims have been seen only as in the role of ‘innocent
bystander’ unable to influence the events that surround them. By contrast, offenders
are seen as having the sole power in the victim-offender dyad to offend or to desist from
offending. They are seen as the only persons with genuine agency.
The approach in this thesis is to distance itself from this view and to remove reference
to offenders from the definition of repeat victimisation. Offenders remain of interest of
course in their contribution to the explanation of repeat victimisation. Removing them
from the definition at least ensures they are not considered to provide the only source of
explanation for repeat victimisation.

Series victimisation
One advantage of using survey data to examine victimisation and its repetition is the
fact that survey data are more complete in their coverage of particular offences13. They
provide a way of exploring events that have never been reported to police. On the other
hand, they have clearly identified limitations with respect to repeat victimisation. I
discussed the ‘event driven’ assumption of victimisation above, and the potential
measurement difficulties arising in relation to chronic victims of crime.
Crime surveys in the United States and the United Kingdom have adopted an approach
to the measurement of repeat victimisation which may seem curious to outsiders. The
approach is driven by the restrictions of the survey methodology and it pertains to
events that are labelled as ‘series victimisations’ in the language of crime surveyors.
For the United States the approach to series incidents has varied over time. However
since 1992 a series victimisation is defined where ‘… the respondent was victimized at
least six times during the six-months reference period, all the incidents are similar in
nature, and the respondent cannot remember the details of each of the victimizations’
(Rand, 2005: 7). For series victimisations the details of only the most recent
victimisation is recorded in the incident report, along with the number of times the
person was victimised. Prior to 1992 the cut-off point for a series victimisation was
only three rather than six. The end result of this protocol is to reduce the fraction of
13

This is not to argue that surveys cover as many offence types as police data. They do not cover all
offence types and they are unable to cover ‘victimless offences’ such as drink driving where there is no
specific victim of the offence.

17

victimisations known to arise from repeat victims since the United States Bureau of
Justice Statistics has omitted series victimisations from its annual crime rate estimates14.
At one level the treatment of repeat victimisation is unsatisfactory. The protocol used in
the United States National Crime Victimization survey acknowledges the limitations of
the survey in fully counting the extent of repeat victimisation. On the other hand it can
be argued that the approach is a sensible measure given that a major purpose of the
survey is to track trends in crime in the United States over time. Repeat victimisation
counts have the potential to fluctuate considerably from one year to the next depending
on the number of repeat victims that are randomly selected as survey respondents. A
few high-frequency repeat victims have the potential to skew offence incidence counts
unless some bounding procedure is introduced to limit their influence.
In Australia, there appears to be no similar protocol limiting incidence counts for
particular victims in surveys conducted by the Australian Bureau of Statistics15.
Furthermore there is a wide variation in the average number of victimisations per victim
reported in successive surveys. If we compare the extent of assault victimisation in the
1998 and 2002 crime and safety surveys (Australian Bureau of Statistics, 1999a, 2003)
we find that the number of assault victims increased by 16.1 percent. However the
number of incidents of assault increased by a staggering 65.3 percent. The average
number of assaults per victim increased from 2.5 to 3.5 (42%) between the two surveys.
It may be that the concentration of victimisation among assault victims did rise by this
large amount. However, an alternative interpretation is that the victims with high
assault frequency in the 2002 survey may have been included partly by chance factors.
The principal published measure used to report Australian victimisation rates is the
prevalence of victimisation, based as it is on the number of victims reporting a given
offence type. In other words a victim is counted only once, regardless of the number of
reported victimisations. It is arguable that prevalence provides a stable basis for
examining crime trends, whereas the examination of frequency counts and of crime
incidence16 is necessary to investigate the concentration of crime among victims and the
factors that may discriminate between one-time victims and repeat victims. The
concepts of incidence, prevalence and concentration are defined carefully in Section 2.2.
14

Although it remains open for researchers to include series incidents in their own research studies.
However, it is important to note that the primary statistics published in Australian surveys concern
themselves with prevalence rates rather than incidence rates.
16
Incidence rates are based on the number of victimisations experienced, rather than the number of
victims who experience a victimisation. Concentration refers to the average number of victimisations per
victim.
15
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Data sources for examining repeat victimisation and their tendencies for explanatory
bias
We have seen that the early victimologists like Von Hentig advanced many mechanisms
that could explain why certain individuals are at high risk of victimisation while others
remain at low risk. Increased victimisation ‘proneness’ could potentially explain, via
the same mechanisms, why repeated victimisation occurs.
However, the means to examine the frequency distribution of victimisation was not
readily available from police data until the advent of computerised police information
systems in the nineteen seventies (National Data Archives, ; Seaskate Inc, 1998)17.
Prior to this, police statistics consisted of counts or aggregate tallies of offences. There
was no means by which offences could be linked back to individual victims. Therefore
the frequency of offending against individual victims could not be quantified. However,
even when computerised police systems became available, the unique identification of
victims was not assured. Police computer systems prioritise the unique identification of
offenders rather than victims, but even so, it takes considerable effort to uniquely
identify individuals and to organise police databases so that the number of offences
committed by individual offenders is available for analysis. Similarly the number of
offences committed against individual victims is not easily available for analysis, even
from modern police systems18.
This section describes the main sources of data with information about repeat burglary,
police data (including data about recorded crime and calls for service) and crime
surveys. In addition it briefly outlines other sources of data, including hospital records
and combinations of sources.
The early deficits in police data about repeat victimisation may explain why the first
cited empirical study of this phenomenon made use of hospital data (Johnson et al.
1973). Both Ziegenhagen (1976) and Farrell (1992) provide summaries of the study by
Johnson and colleagues of recidivist victims of gunshot and stab wounds.
Ziegenhagen’s study (Ziegenhagen, 1976: 539) notes that the motivation of the authors
17

Seaskate Inc. reports that the large scale computerisation of US police departments did not begin until
the 1970s, while the National Archives indicate that, for the Metropolitan Police in London,
computerisation of police payroll and criminal statistics started in 1963. However, not all computerised
information systems supported the relatively sophisticated analysis needed to extract information about
repeat victimisation.
18
This statement is based on more than 18 years of experience with crime statistics and research using
police data in two Australian States. These States have by no means the worst police data systems in
Australia.

19

was to investigate the high costs of providing medical services to victims of violent
crime, while Farrell draws attention to the recurrent nature of their hospital admissions
throughout the 1960s, even though they did not return every year. In particular Farrell
(1992: 87) comments:
The study might be seen to suggest that some people live with violent repeat victimisation
as part of their everyday lives.

The focus of this study on the long-term stability of repeat victimisation differs from
that of many studies in the 1990s, a topic discussed in some detail in Repeat Burglary
and elsewhere in this thesis.
Ziegenhagen and colleagues’ own study made use of police records and the survey
methodology. They used police records to obtain a sample frame for victims of violent
crime (assault, robbery, and combined assault with robbery) and then surveyed these
victims for evidence of prior victimisation19. The study found that 75 of 268 of the
surveyed victims had reported a prior victimisation within a five-year period. Repeat
victims were compared with single victims of crime and found to be ‘less capable of
preventing victimization or of responding to incidents once they occur’ (Ziegenhagen,
1976: 549).
Neither of these pioneering studies provides information about victims of burglary. To
investigate these offences researchers need to turn to more traditional sources of crime
data, including police recorded crime and crime survey data. For police burglary data
there are reasonable prospects of identifying target addresses, even though care is
required to uniquely identify flat or unit numbers in blocks sharing the same street
number. The technical problems in unique household identification are described in
greater detail in Repeat Burglary and in other studies (Anderson, Chenery, and Pease,
1994). Despite their limitations, police data are able to accurately record not only the
location of burglaries but also their timing20. In this respect they have considerable
advantages over crime surveys where the victim is identified uniquely, but the spatial
location is often limited to State of residence, and the timing of burglaries is often
limited to their year of occurrence.
19

This methodology has much to recommend it because it efficiently locates victims of crime. Large
scale surveys of the general population find that the prevalence of crime is relatively rare and that the
presence of repeat victims within a single year is even rarer. The study shows evidence of locating a
relatively large group of recidivist victims who suffered serious repeat victimisation and did not expect to
be treated fairly by police when they reported their crime. They were older and poorer than single victims
of violence.
20
The timing of the burglary can usually be placed within the space of several hours, if residents are at
work, but sometimes the exact time of its occurrence can be reported.
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Linking measurement with theory and key concepts: an introduction
The advent of crime victim surveys in the nineteen sixties and their regular appearance
from the seventies onwards provided an unprecedented opportunity to quantify the
extent of repeated victimisation. The crime survey has several natural advantages over
police statistics for exploring repeat victimisation. The first of these is that the unit of
analysis is the individual household or the individual victim. This means that the survey
respondent can be asked the simple question ‘How many times has this happened?’
when responding to questions about individual forms of victimisation. The incidence of
crime is naturally clustered around the individual victim rather than being collected as
an aggregate count, as is the ‘natural’ focus of police statistics. Given the arrival of the
victim survey in late nineteen sixties there still remains the question raised earlier in this
section about why repeat victimisation research was limited. A number of studies were
made of repeat victimisation (Fienberg, 1980; Hindelang, Gottfredson, and Garafalo,
1978; Nelson, 1980; Reiss, 1975; Sparks, 1981) but there was limited enthusiasm about
its significance for criminology. There appear to be several reasons for this apparent
neglect and the first two of them are closely linked. They include
1. Emerging theories of victimisation that promised to explain both the prevalence and
the frequency of victimisation by means of the same causal factors
2. Statistical approaches to repeat victimisation that pointed to heterogeneity of risk
rather than state dependence for generating appropriate models
3. The limits of existing theory in explaining why repeat victimisation should occur
4. The inadequacies of measuring repeated victimisation in surveys, including series
victimisations, small numbers of repeat victims, and the hypothesis that repeat
victimisation is a an artefact of memory recall.
5. The principal aim of surveys as providers of information on crime patterns and
trends.

The new victim theories: a brief introduction
Two significant and highly compatible new theories of crime victimisation were
proposed in the late seventies. These were the lifestyle-exposure theory of victimisation
(Hindelang et al., 1978) and routine activities theory (Cohen and Felson, 1979). These
21

developments were significant for the understanding of victimisation and its repetition.
The new crime survey methodology provided opportunities to develop and to test the
theories. For example, the book by Hindelang and colleagues tested eight theoretical
propositions using the largest crime sample survey dataset ever assembled21. The new
theories were more parsimonious than the earlier victim typologies developed by Von
Hentig and others, and they promised to explain victimisation prevalence and frequency
within a single framework. Even though Hindelang and colleagues found that a simple
random model22 was inadequate to explain the victimisation frequency distribution,
there was a clustering of victimisation interpreted by the authors as indicating victim
proneness or heterogeneity of risk. The fact that one-time victims were more likely to
be future victims could be explained at least partially by the propositions of lifestyleexposure theory. The implications of these theories and their adequacy are examined in
greater detail in Section 2.1 and Section 5.

Risk heterogeneity and state dependence
It is appropriate to introduce here the key concepts of heterogeneity and state
dependence. They re-appear throughout the thesis, but are examined very closely
throughout Section 2. As stated above, the parsimonious and unified approach of the
new victimological theories promised to explain one-time and repeated victimisation
within a single framework that can be described statistically as risk heterogeneity.
Risk heterogeneity is based on the simple idea that some targets are at greater risk than
others. The same objective risk factors that produce high rates of initial victimisation
will (unless changed) lead to high rates of repeat victimisation. Risk heterogeneity
applies where there are relatively stable long-term conditions that produce a first
victimisation, then another, and so on.
A contrasting mechanism is usually labelled state dependence. State dependence
implies that something about the first victimisation changes future risk. The first
victimisation may have occurred by chance but the unlucky victim is now at (usually)
greater risk than before. It will be argued later in the thesis, particularly in Section 2.1,
21

For most analyses the authors used a sample based on surveys in eight large cities in the USA. This
core sample achieved completed interviews in 77,509 households and involved 168,459 persons aged 12
and over. However, for some analyses, including the analysis of multiple victimization, the sample
included 26 large cities and the sample size extended (p127) to nearly 600,000 persons in more than a
quarter of a million households.
22
The connection between assumptions of randomness and the Poisson statistical model are explained in
detail in Section 2.2.
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that state dependence has been interpreted in too narrow a fashion. In its most general
form it allows for the fact that risk may be increased or decreased through a prior
victimisation. This thesis presents strong arguments in favour of examining the
potential for prior events to reduce the subsequent risk of victimisation as well as to
increase it.
State dependence puts the spotlight on prior victimisations, their presence and their
nature. They emerge as causal factors under this mechanism, whereas they are simply
markers of pre-existing risk, or pseudo-factors, under the heterogeneity mechanism. For
heterogeneity, prior events have no influence on the future risks of potential victims.
Note also that risk heterogeneity and state dependence are not mutually exclusive. It is
possible for a pattern of events to emerge because of some mixture of processes driven
by heterogeneity and state dependence. Furthermore, it is not necessarily a simple
matter to analytically separate abstract background ‘risk’ in the lives of victims from the
realisation of that risk through a series of victimisation experiences.
It follows from these introductory definitions that the ability of statistical studies to
explain unexpectedly high rates of repeat victimisation by reference to risk
heterogeneity is likely to have further reduced interest in repeat victimisation as a
separate phenomenon. For example, an important statistical study by Nelson (1980)
chose to emphasise heterogeneity of risk as the principal explanation of repeat
victimisation. Nelson fitted a negative binomial statistical model to counts of offences
for selected offence types, using data from the United States National Crime Survey.
This model is compatible with a risk heterogeneity explanation of repeat victimisation
and within this framework the research task can be seen as one of finding the best
predictors of initial victimisation rather than taking a special interest in repetition. A
competing explanation downplayed by Nelson is that repeat victimisation is explained
by state dependence. In purely statistical terms, Nelson’s negative binomial model
could have been validly interpreted as showing state dependence rather than
heterogeneity. Nelson knew this but ignored this interpretation. Section 2.2 deals in
some detail with the implications of state dependence and heterogeneity in a statistical
sense. It also connects these statistical properties with various criminological
mechanisms.
One of the motivations for Nelson’s research was to learn whether victimisation rates
were unduly influenced by the high number of multiple victimisations experienced by a
small number of victims. Nelson used a Poisson model as a base model with which to
23

test the departure from pure ‘randomness’ in the distribution. He found that for
burglary the excess concentration of repeat victimisation was 34%23 and concluded that
rates of victimisation were therefore not greatly inflated. Nelson went on to correlate
victimisation rates (incidence) with the probability of becoming a victim (prevalence)
and found the correlation to be extremely high (0.996). He further concluded that the
correlates of victimisation were likely to be the same, regardless of whether rates or
probabilities were used to measure on-year victimisation rates (Nelson, 1980: 884). The
conclusion that incidence and prevalence were equally valid measures of victimisation
provided further encouragement for the proponents of the new victimisation theories. If
the theories could explain single victimisation then they could equally well explain
multiple victimisation.
Studies like Nelson’s were at fault in ignoring state dependence and in accepting risk
heterogeneity without discussion. The statistical distributions found were equally
compatible with both broad mechanisms24. However, a problem for state dependence
explanations was that the criminologists of the time could not imagine that such
mechanisms were plausible, at least not the boost version of state dependence
hypothesised later by Pease. Two brief examples illustrate this point.
First, Hindelang and colleagues did test a state dependence model, but the version of
state dependence tested (and rejected) by these authors was one of ‘natural
immunisation’ (Hindelang et al., 1978). For these authors the only state dependence
mechanism that could be imagined was one where prior victimisation led to reduced
future risk rather than increased future risk.
Second, the authors of an early and important London crime survey were concerned
about the limitations of risk heterogeneity as an explanation of the observed patterns of
repeat victimisation (Sparks, Genn, and Dodd, 1977). The British evidence gathered by
these authors showed a greater concentration of repeat victimisation than could be
expected by a simple Poisson model, as did the US survey evidence. Furthermore,
Sparks and colleagues came to a different conclusion about the equivalence of the rate
(incidence) of victimisation and the risk (prevalence) of victimisation than did Nelson.
They were concerned that calculations of average crime rates greatly overestimated
victimisation for most of the population but underestimated it for the unfortunate few
who were repeat victims. Another difference emerging in this British study was that
23

For robbery the figure was 25% and for most personal and household offences the inflation in repeat
victimisation over and above the Poisson model was usually less than 20% (p883).
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See Section 2.2
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Sparks and colleagues specifically identified the problem that there was no simple
empirical way of distinguishing a risk heterogeneity model from a ‘contagion’ (state
dependence) model of victimisation (Sparks et al., 1977: 91). However, despite their
own awareness of this issue, the ‘criminological imagination’ of these researchers was
unable to generate plausible explanations of repeat victimisation. Ironically, Sparks and
colleagues (1977: 91)discussed, but then dismissed, the same state dependent
mechanisms later put forward by Pease, whereby burglars return to re-burgle dwellings
because of anticipated high rewards, and low risks of apprehension. The authors
rejected these mechanisms and went on to discuss heterogeneity mechanisms, which
they believed to be far more plausible.

Measurement limitations and purposes
Another set of reasons for downplaying the importance of repeat victimisation is
connected with the limitations of survey methodology. They help to explain why crime
survey data did not generate the interest in repeat victimisation that their potential may
have allowed. The first was series victimisation, discussed earlier in this introduction.
Series victimisation and the approaches to dealing with it led to greatly reduced
estimates of repeat victimisation in surveys. A second issue was that surveys, despite
their huge sample size by social science standards, produced relatively small numbers of
victims and even smaller numbers of repeat victims (Hindelang et al., 1978). Sparks
and colleagues identified a small number of victims, including women of West Indian
origin, in their London survey (Sparks et al., 1977). The impact of such a small group
of repeat victims on the overall results of a large survey seemed to raise concerns that
the results may be misleading. A third factor undermining the significance of repeat
victimisation was a claim by Biderman that survey results should not be interpreted in a
literal ‘realist’ way. Researchers had noticed the tendency of crime survey respondents
to report more victimisation in those months or quarters closest to the date of interview
and fewer victimisations in earlier months (Biderman and Lynch, 1981). The evidence
for ‘recency bias’ is incontrovertible25 and it cannot be interpreted as showing that
victimisation is more prevalent in the most recent months. Biderman claimed that the
non-random distribution of victimisation frequency could be explained by the impact of
25

Recent unpublished research by Clare and Morgan shows that recency bias was clearly evident in the
2002 ABS Crime and Safety Survey, so it is not an artefact of the design of the earliest crime surveys.
Furthermore, the concern that recency bias would distort estimated crime rates led the administrators of
the (US) NCS to interview respondents at 6-monthly intervals rather than at annual intervals.
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recency bias rather than by a literal or ‘real’ departure from randomness (Biderman,
1981).
A final reason for past indifference to the importance of repeat victimisation is relevant
to both recorded crime data as well as data from crime surveys. The simple fact is that
surveys, despite their promise for theory and the understanding of victims of crime,
have been used primarily in the same way as police data were used before their
existence – as indicators of trends and patterns in crime (Rand, 2005). The problem for
repeat victimisation is vividly illustrated by an example using police statistics. The
South Australian Sunday Mail newspaper (Anonymous, 1993) reported that an Adelaide
man was arrested for 540 sex offences involving his daughter and charged with 210
counts of rape and 330 of indecent assault. The offences began in 1984 when the girl
was 9. The inclusion of all of these offences in the annual police offence counts would
have increased the rates of rape for the whole State of South Australia by 60%. The
statistical consequences would have been disastrous for examining State-level trends, or
for comparing South Australia with other states, given the influence of just a single
victim and a single offender. What followed, however, is that police annual reports
applied certain ‘counting rules’ to limit the scope of offences listed against this
individual victim26. The example shows that the different aims of data collection may
be in radical opposition. The undoubted criminological interest in repeat victimisation
and the concentration of offences among certain victims may clash head on with the
desire to use crime statistics as an indicator of State or local trends, or of the relative
‘criminality’ of the population as a whole. While the striking example given above
concerns the application of counting rules to police data, there is a direct analogy
between this and the treatment of series offences in crime surveys.
The potential application of repeat victimisation to the prevention of crime was not
realised until the late 1980s as a key element of crime prevention in Kirkholt, as
discussed above. This discussion has presented some of the obstacles to its recognition
prior to this project.
A final comment on data sources concerns their built-in biases towards finding state
dependence or risk heterogeneity mechanisms. It is arguable that police data have a
built in bias towards findings of state dependence and that survey data has a bias
towards finding risk heterogeneity. Police data include information only on victims of
26

Current ABS counting rules for its national collection would limit the statistical count of such a crime
report to one sexual assault, and similar rules limiting statistical counts apply in the United States and the
United Kingdom.
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crime. They have no information about non-victims. Furthermore, the information
collected by police about victims is basic, being limited to age, race, sex and a limited
set of other variables. However, police collect very detailed information about the
timing of events, including the time course of repeated victimisation. One consequence
of this is that police data are able to illustrate the very rapid nature of repeat
victimisation when it occurs, but have very limited information about the risk factors
that may help explain repeat victimisation. They contain no information about the
individual factors linked to initial victimisation.
Survey data, on the other hand, collect relatively detailed information about
respondents, including both victims and non-victims. They are able to compare the
characteristics of non-victims, one-time victims, and repeat or multiple victims, at both
individual- and household-level. They therefore are well-placed to find heterogeneity of
risk amongst respondents when it exists. On the other hand, survey data have poor
information about the timing of victimisation events. Victimisation in Australian
surveys is placed within the year prior to the respondent interview27, a very crude
location in time. Even so, survey data are subject to ‘recency bias’, as discussed above.
Surveys have no standard means of determining whether or not repeat victimisation
occurs within days or weeks or months. They usually have no means of determining the
sequence of the victimisations reported by respondents. They therefore shed no light on
important factors that may be indicative of state-dependency.
These biases and their implications for future research will be discussed in greater detail
in the conclusion to the thesis.
The thesis proceeds to examine the connection of repeat burglary with criminological
theory in section 2.1. It examines evidence for the proposition that repeat burglary can
be explained by the same offender returning to the same target. This section also
presents the results of a Western Australian survey of offenders. The survey makes use
of a larger sample size and a different approach to questioning than prior studies.
Section 2.2 provides an approach to statistics and theory. It explores the logic and
implications of statistical models of repeat victimisation in some detail and clarifies
issues about models of state dependence and heterogeneity.
Section 2.3 is a paper on burglary in a small Perth suburb published in Crime
Prevention studies.
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However, the 2002 ABS Crime and Safety Survey asked respondents to place their victimisation in 3month intervals.
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Section 3 is a section of a report published by National Crime Prevention evaluating the
impact of a victim-based crime prevention project in selected areas of Adelaide. The
outcome evaluation designed in this study was of a quality sufficient to be included in
Farrell and Pease’s systematic review of the impact of repeat burglary prevention
projects (Farrell and Pease, 2006).
Section 4.1 is a paper published in Crime Prevention and Community Safety: An
International Journal. It is based on the same project examined in Section 3. However,
it examines the issue of targeting of crime prevention resources. In particular it
examines claims in the literature that victim-based crime prevention reliably directs
resources to those most in need of them.
Section 4.2 is a short section that extends the results of Section 4.1. It places those
results in the context of general studies that examine how victims are affected by crime.
Furthermore it examines findings about the characteristics of victims that predict how
willing and able they are to participate in various forms of crime prevention activity.
Section 5 presents the conclusions of the body of research involved in the thesis.
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SECTION 2.1

REPEAT VICTIMISATION, BURGLARY
THEORY, AND THE ROLE OF REPEAT
OFFENDING
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Links between repeat victimisation and theories of burglary

A key question of interest in this thesis is why prior victimisation is such a good
predictor of future victimisation (Ewart, Inglis, Wilbert, and Hill, 1997; Polvi, Looman,
Humphries, and Pease, 1990; Sparks, 1981). Two broad heuristic strategies have been
used to explain observed patterns of repeat victimisation. These are labelled risk
heterogeneity and state dependence28.
Risk heterogeneity, as defined in Section 1 of the thesis, is based on the simple idea that
some targets are at greater risk than others. Under this mechanism, repeated burglary
occurs because high-risk targets are selected for a first burglary and then subsequent
burglaries. Pease uses the word ‘flag’ to describe the risk heterogeneity mechanism
(Pease, 1998) and this seems to provide a useful heuristic label to describe a situation
where the first burglary is simply a marker of pre-existing risk.
State dependence on the other hand implies that something about the first victimisation
changes future risk. In the case of burglary Farrell and colleagues (Farrell, Phillips, and
Pease, 1995: 391) describe the situation as follows:
A burglar walking down a street where he has never burgled before sees two kinds of house
– the presumed suitable and the presumed unsuitable (by dint of occupancy, alarm, barking
dog, and so on). He burgles one of the houses he presumes to be suitable, and is successful.
Next time he walks down the street, he sees three kinds of house – the presumed suitable,
the presumed unsuitable and the known suitable.

Pease argues that the word ‘boost’ is more easily understandable than ‘event
dependency’ or ‘state dependence’ as I have defined it above. However, state
dependence should not be regarded as uni-directional. In its most general form it
encompasses situations that may either increase or decrease the risks of repeat
victimisation. This point is covered in more detail later but it is easy to imagine
situations where an initial burglary is not successful. The first burglary, for example,
may convince the burglar that there are few rewards to be had from the dwelling in
question, or that the risks of apprehension or other forms of aggravation are much
greater than originally thought. In rare cases, the burglary may lead to apprehension,
28

For reasons described later in this introduction I do not use the terms event dependency, or event
dependence as I did in Repeat Burglary. Repeat victimisation research cannot afford to cut itself off from
other areas of criminology, nor can it separate itself from the fields of statistics or social science where
the term state dependence is well established.
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conviction, and imprisonment and the criminal career of the offender will be
interrupted. What is missing from the above quotation of Farrell and colleagues is the
realisation that an offender will see four, rather than three kinds of dwellings when
subsequently walking in the street. The last of these will be a house that is known to be
unsuitable for further burglary.
Therefore in some cases the likelihood of repeat burglary by the same offender will not
be boosted. Farrell and colleagues acknowledge that risks will not always increase after
an initial victimisation, but they do so in a way that unnecessarily limits the meaning of
state dependence (Farrell et al., 1995: 396, italics added):
… state dependent repeats are expected to be rare when the first act destroys a condition of
the victim necessary for the offence’s recurrence. Burglary by artifice will make the victim
aware of the offender’s appearance and suspicious of his associate’s similar approach.

It seems clear that the burglary by artifice example described by these researchers is a
genuine case of state dependence, rather than heterogeneity. In this example state
dependence is not lacking. It is present, but the likelihood of repeat burglary is
decreased rather than increased29. The term ‘boost’ therefore has the potential to block
our imagination with respect to state dependence and it excludes the possibility that
repeat burglary may be reduced.
Furthermore, the tendency to see future risk as ever-increasing over-simplifies the
nature of crime. We need to acknowledge that offender decisions are also restricted by
the decisions of potential victims, guardians, and ‘handlers’. These are in turn
embedded in social contexts not under the sole control of anyone, including the likely
offender. For example, we know from Australian crime surveys that the number of
attempted burglaries is almost as large as the number of completed burglaries30.
Furthermore, the fraction of ‘failed’ burglaries increases if we include completed
burglaries where no property is taken31. Felson reminds us that a rational crime theory
must explain offender failures as well as offender successes:

29

Research conducted by Ewart and Oatley (2003) confirms that burglary by artifice offences are less
likely to be repeated than other forms of burglary. On the other hand Everson and Pease (2001) found that
deception burglars do return to the same location at least sometimes.
30
The 2005 Australian Bureau of Statistics Crime and Safety Survey (at Table 1) estimated the number of
attempted break and enter incidents to be 317,800 and the number of completed break and enter offences
to be 346,600.
31
The 1998 Australian Bureau of Statistics Crime and Safety Survey (at Table 1.7) (Australian Bureau of
Statistics, 1999a) found that in 17.5% of completed break-ins no property was stolen, though in some of
these cases property may have been damaged, or the burglar confronted. Unless the sole purpose of the
break-in was to damage property, or create a confrontation, we can classify nearly one fifth of completed
break-ins as unsuccessful.
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… the rational structure of crime rates has more to it than an all-seeing, all-knowing
offender. (Felson, 1986: 126-127)

Felson’s claim is backed up strongly by the evidence about burglary. It points more to
failure than success.
The broad dimensions of risk heterogeneity and state dependence provide an important
framework for the analysis of repeat victimisation. They are discussed with respect to
burglary in a Perth suburb in Repeat Burglary. However, they are not mutually
exclusive mechanisms and Repeat Burglary finds evidence in support of both, even
though risk heterogeneity is the major explanatory factor.
Furthermore, researchers have linked each mechanism with different forms of
explanation and connected these with the elapsed times between initial and repeat
burglaries. Rapid repetition of burglary has generally been taken as evidence of state
dependence which, in turn has been associated with the same offender(s) returning. I
will assess the evidence for these linkages later, as well as their significance.
Repeat burglary researchers have examined risk heterogeneity and state dependence,
and have presented heuristic devices similar to the state dependence model described by
Farrell and colleagues above. However, surprisingly few studies have explicitly linked
the phenomenon of repeat victimisation with the major theories of crime. It is
important, therefore, to draw attention to these links and to acknowledge those studies
that have made explicit connections between repeat burglary and theory. The brief
outline that follows focuses on the predictions of these theories with respect to state
dependence and heterogeneity. Of particular interest are the opportunity theories of
crime. These include routine activity theory, the rational choice perspective, crime
pattern theory and the lifestyle theory of victimisation. For simplicity I discuss the first
two of these theories from first principles, before examining two important papers that
specifically attempt to examine repeat victimisation from a theoretical point of view.
Routine Activities theory (Cohen and Felson, 1979) indicates that criminal violations
occur if three minimal elements are present. These are: a likely offender, a suitable
target, and the absence of a capable guardian against crime. In this theory, the risks of
repeat victimisation seem mostly to fit a heterogeneity model. A likely offender is a
necessary condition for a first burglary, and this means that the target is in proximity to
one or more likely offenders. This may be because nearby residents are ‘likely’
burglars; that the presence of commercial establishments attracts non-residents into the
area; or that the social environment of the victim creates high exposure to offenders.
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The theory, and its close companion, ‘lifestyle’ theory (Hindelang et al., 1978),
proposes that proximity to offenders is linked with socio-demographic factors such as
age, race, residential location, and the work and leisure activities of individuals. Even if
the original burglar is apprehended and incapacitated, proximity to likely burglars in
general seems unlikely to change. However, proximity to offenders may be somewhat
volatile due to the propensity of some offenders to engage in ‘crime sprees’. There is
substantial evidence from the United Kingdom, Australia, the United States and
elsewhere that burglary sprees can substantially affect offending rates, particularly
within small areas (Hemenway, 2006; Hochstetler, 2002; Jacobson, Maitland, and
Hough, 2003; Morgan, 2001; Townsley, Homel, and Chaseling, 2000).
Target suitability for burglary is another element that seems unlikely to change rapidly.
What was attractive about the target dwelling in the first instance is unlikely to change,
even though there may be variation among offenders in perceptions of target suitability.
The final element of routine activity theory – the absence of a suitable guardian – may
or may not leave room for state dependency and relatively rapid change. This will
depend on the reactions of the victim and those who are able to assist. In some
circumstances the householder will have limited capacity to change the circumstances
of guardianship. The dwelling may be rented from an unsympathetic landlord. Some
victims may be unable to be personally present in the dwelling during the day because
of employment and may not be able to afford greater levels of security. Other victims,
for example home owners, may be able to mobilise resources for guardianship. They
may have the capacity to use their own time more flexibly. They may install security
devices that ‘target harden’ the dwelling and implement proxy guardianship. They may
have neighbours willing and able to assist them by playing a more active guardianship
role. Finally, they may be able to create ‘signs of occupancy’ that create the impression
of guardianship. So the extent of state dependency in routine activities theory seems to
be particularly linked with changes in actual or perceived guardianship. The theory
directs attention to the role of the victim and their potential helpers, rather than towards
the offender. The mechanisms described above are consistent with older approaches to
repeat victimisation, where it was proposed that a first victimisation could lead to a
form of ‘natural immunity’ from further crime. Such a possibility is discussed by
Biderman (1975) as quoted in Hindelang and colleagues (Hindelang et al., 1978).
The predictions of the rational choice perspective (Clarke and Cornish, 1985) for state
dependence and heterogeneity can best be seen by examining its crime prevention
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analog, situational crime prevention (Clarke, 1980, 1997b; Ewart et al., 1997). Key
components of situational crime prevention are directed at the potential offender. They
include
•

Increasing the effort (target hardening, access control, deflecting offenders, and
controlling facilitators of crime such as weapons)

•

Increasing risks (extending guardianship, assisting natural surveillance, reducing
anonymity, using place managers, and strengthening formal surveillance)

•

Reducing rewards (concealing targets, removing targets, identifying property,
disrupting markets, and denying benefits)

•

Removing excuses (rule setting, stimulating conscience, controlling disinhibitors,
and facilitating compliance)

Some of these components, such as guardianship, overlap with routine activities
concepts, but in the rational choice approach it is the subjective perceptions of potential
offenders, about risks, rewards and efforts for example, that are more important than the
objective ‘facts’.
The rational choice perspective directs attention at the decision making process of the
potential offender. However, the actions of potential victims and others (such as
protective neighbours) may also be important. Defensive actions may deflect offenders
away from the household of interest.
This basic analysis of the major opportunity theories is now enhanced by examining the
insights of Sparks (1981) and also Farrell and colleagues (Farrell et al., 1995). Sparks
focused on victim-centred mechanisms linking theory with repeat victimisation, while
Farrell and colleagues introduced offender-centred mechanisms in a paper originally
intended to complement the approach of Sparks.
Sparks was less confident than his contemporaries such as Nelson that the observed
excess of multiple victimisation in surveys could be completely explained by
differences in risk or propensity32. Nelson dismissed the possibility that the excess of
multiple victimisation could arise from state dependence as having ‘little intuitive
appeal’ (Nelson, 1980). However, Sparks was more open-minded about the range of
possible mechanisms and he saw multiple victims as being of interest because their
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This the heterogeneity mechanism
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study could help to illuminate the general process of victimisation33 and its
consequences. Sparks’ paper examined evidence regarding multiple victimisation, but
more importantly attempted to integrate the evidence with the opportunity theories that
were emerging strongly at the time. The main mechanisms proposed by Sparks derived
from heterogeneity of risk even though state dependence had a role. Differences in
risks of victimisation were seen in the broad context of victim proneness, or
susceptibility of an individual to victimisation. Sparks was careful to point out the
dangers of ‘proneness’, however, warning that proneness may be generated by ‘… the
social situations of those persons, or places to which they usually go, rather than in
anything inherent in the persons themselves (Sparks, 1981: 768).
Sparks (1981: 772) defined six ways in which the ‘… actions, attributes, or social
situations of victims may help to explain variations in victimization rates’. These were
specific aspects of proneness and consisted of:
1. Precipitation
2. Facilitation (in which he included the failure to take reasonable precautions against
crime)
3. Vulnerability
4. Opportunity
5. Attractiveness, and
6. Impunity
Items 2, 4 and 5 fit very easily within the framework of routine activity and rational
choice models discussed above. Attractiveness was seen to have both an objective
(drug dealers with desirable goods and cash) and a subjective character (the appearance
of affluence is more important than an objective standard). Opportunity is a broad
concept and is certainly related to the concept of exposure in routine activity and
lifestyle models of victimisation. Facilitation is easily related to guardianship in the
same models and has been examined in this light under the banner of ‘routine
precautions’ (Clarke and Felson, 1995). Vulnerability could also be linked with
guardianship, although the overlap is no doubt imperfect because the factors affecting it
were largely seen to be individual characteristics such as age, being female, being
33

In victimisation surveys the bulk of respondents are non-victims in any particular reference period,
therefore follow-up studies of victims, rather than the general population, had the potential to make the
processes of victimisation more visible to research, regardless of whether or not multiple victimisation
and single victimisation were independent processes.

36

mentally ill, or being uneducated or inexperienced. Finally, Sparks retained a place for
precipitation – a link with older victim-theories and typologies – and for impunity. It is
possible to link impunity with rational choice models through reduced risks of adverse
consequences following crime. Victims will be unable or unwilling to pursue legal
avenues of redress because it will bring their own risky, deviant, or criminal behaviour
to unwanted attention. Precipitation is one factor which does not seem to fit easily with
modern opportunity theories, though its pedigree can be traced back to the early
victimologists. The notion is controversial, being linked with victim-blaming, and its
past confusions between cause and blame left a lasting antipathy for the role of
precipitation (see section 1). Nevertheless it is arguable after Wolfgang (Wolfgang,
1957) that a carefully defined concept of precipitation may still be a useful and
necessary component of adequate victim theories.
The same concerns about the limitations of lifestyle and routine activity theories led
Garofalo34 to propose later modifications to the lifestyle model (Garofalo, 1987). One
factor, reactions to crime, aligns closely with victim-based mechanisms relating to
repeat victimisation, as proposed by Sparks and outlined below. It operates when
citizens make changes in associations or exposure to crime, for reasons that include, but
are not restricted to, direct experience of prior victimisation. Garofalo also proposed the
inclusion of target attractiveness as factor in lifestyle theories, and modern approaches
to theory tend to accommodate this by integrating rational choice and routine activity
theories of victimisation (Clarke and Felson, 1993). A final proposal by Garofalo was
to include a broad set of influences under the heading of individual differences. This
proposition acknowledged the limitations of social structures and routines in providing a
complete explanation of victimisation. It allowed for the influence of biological
influences, for example physique, and also psychological influences on victimisation
risk. Such an inclusion is also consistent with older theories of victimisation and is more
general in scope than the precipitation concept used by Sparks.
Returning to Sparks’ examination of multiple victimisation, the principal factors were
identified as:
•

the characteristics, social environment, and activities of those who become victims,
and

•

differentially high risk factors along the dimensions of victim proneness outlined
above.

34

Garofalo was one of the original proponents of the lifestyle model of victimisation.
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Nevertheless, while Sparks drew attention to the relatively durable risks associated with
the social and personal contexts of victims’ lives, he was also able to envisage dynamic,
state dependent, factors that influenced repetition of criminal victimisation.
For example, Sparks identified a mechanism whereby victims took successively
stronger protective actions against victimisation and arrived at a state of near immunity
(Sparks, 1981). Furthermore, his paper was able to imagine victim-based mechanisms
that have yet to be adequately tested in repeat burglary research. These include
•

the possibility that proneness to victimisation may not be fixed, but may be
alterable, or even oscillate between moderate proneness and high-risk spells.

•

The possibility that some parts of a population may be effectively immune from
victimisation.

•

The possibility that some segments of the population will have reduced rates of
repeat victimisation due to modifications in behaviour in response to prior
victimisation experiences.

The last mechanism exemplifies state dependence in a form that is clearly event driven,
and acts to reduce the odds of repeat victimisation rather than to boost them.
The potential value of further research using this framework is seen by a close
examination of, for example, qualitative studies of offender victimisation (Batchelor,
2005; Cromwell, Olson, and Avary, 1991; Farrall and Maltby, 2003; Wright and
Decker, 1994). Offenders are likely to have elevated victim proneness with respect to
factors 1, 3, 5 (as illustrated by drug dealers), and 6 (see page 35). Furthermore there is
clear research evidence that offenders do experience higher risks of victimisation than
others, with respect to both property and violent crime (Bottoms, 2001; Deadman and
MacDonald, 2004; Farrall and Maltby, 2003; Schreck, Stewart, and Fisher, 1990).
Ironically, Sparks also discussed the notion of the same offender returning to offend
against the same victim, but dismissed the idea as implausible (Sparks et al., 1977). Yet
the same mechanism seemed highly plausible to Farrell and colleagues (Farrell et al.,
1995) who gathered evidence about its occurrence and attempted to integrate such
mechanisms into theory. Farrell and colleagues linked repeat burglary with the major
opportunity theories of routine activities and rational choice and in turn drew these
theories together. They drew on Felson’s insights indicating the compatibility of
routine activity theory and the rational choice perspective (Felson, 1986). Specifically
they focused on offender-based mechanisms, including their perceptions about degrees
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of guardianship and about the availability of desirable, portable targets (Farrell et al.,
1995). The additional link proposed by these authors was that routine activities theory
provides criteria by which the decision to offend may be judged as rational.
I introduced this section with a quotation from Farrell and colleagues that exemplified
repeat burglary as state dependence. Most burglaries are undertaken with an imperfect
knowledge of the true risks, rewards and efforts involved. However, offenders will
presumably be able to make a more informed choice about burgling a dwelling they
have already entered, than one they have never entered, assuming that not much has
changed since the first burglary. This is the key insight of Farrell and colleagues,
though, as discussed above, we may wish to qualify their conclusions by arguing that an
increase in information will not necessarily encourage repetition. This ‘intelligence’
about the attractiveness of a burglary target, and the risks associated with its subsequent
repetition can also be passed on to other offenders, who may use it to burgle the
dwelling themselves (Farrell et al., 1995: 391).
The mechanism outlined by Farrell and colleagues is clearly
•

driven by the offender rather than the victim or other potential guardians,

•

linked with short-term repeat victimisation (otherwise the newly acquired

information would become ‘stale’), and
•

state-dependent (information is acquired during the prior event and changes the state

of knowledge of the offender).
Farrell and colleagues understood that heterogeneity mechanisms can operate in
addition to state dependence, but the rational choice framework applied by them tended
to direct their attention away from this possibility, and away from victim-based
mechanisms, regardless of whether they are state dependent or based on heterogeneous
differences in risk.
At the time the Farrell paper was published the ‘repeat victimisation story’ had begun to
gather considerable momentum. The proposed offender-based mechanisms were able to
be linked with highly successful crime prevention projects such as Kirkholt and this
gave the associated theory additional influence. Furthermore, police were the lead
agents in the new crime prevention initiatives, and theory outlining offender
mechanisms was likely to fall on fertile ground. One consistent theme of this thesis is
that criminological acknowledgment of a victim role in the generation or suppression of
crime is a precarious achievement. There are constant pressures for criminologists and
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criminal justice practitioners to revert to ‘business as usual’ – catching, deterring,
incapacitating, or, to a lesser extent, rehabilitating offenders. Thus the useful offenderbased approach to mechanisms proposed by Farrell and colleagues has tended to
overtake the older victim-based approach of Sparks. It has become the dominant
approach rather than the complementary contribution it was originally intended to be.
Implicitly, of course, Farrell and colleagues recognised the possibility that offender
mechanisms can be disrupted35. The body of their research is embedded in a conceptual
framework highly supportive of administrative crime-prevention interventions. But, at
least in theory, the victim had a limited role in their work. This theme is summarised
and extended in the concluding chapter of the thesis.
Before leaving this theoretical examination of repeat victimisation, a brief comment
should be made about other ways in which opportunity theories (Felson and Clarke,
1998) draw attention to ‘chains’ or clusters of events. Felson and Clarke examine
routine activities, rational choice theory and crime pattern theory and the more general
regularities that may evolve. For example they examine various ways in which one
crime can enhance the likelihood of another (Felson, 1998: 128-129)36 or where crimes
prevented in one location may sometimes be displaced to another location, and at other
times result in fewer crimes in surrounding locations. Crime ‘sprees’, discussed above,
provide another example of the clustering of crimes in space and time. In a more
generally sense, Felson (2006) and Cusson (2006) draw attention to the dynamic
relationship between crime commission and crime suppression over larger social scales
and longer periods of time. Repeat victimisation therefore seems to be one example
among several of the dynamics of crime and its tendency to cluster in space and time.
This is another issue addressed in the thesis conclusion.

Evidence that repeat burglary results from the same offender
returning, or from communication between the first offender and
other offenders.
It is important to acknowledge in this section that offence-type is critically important to
the general question of (a) repeated victimisation and (b) whether repeat victimisation
35

Implicitly, there is acknowledgement of the role of the victim, but more particularly those official
agents such as police acting on behalf of the victim. There would be no point in implementing crime
prevention measures unless the post-burglary actions of these ‘players’ could alter future offender
choices.
36
Here, Felson describes a mechanism he attributes to van Dijk – van Dijk chain reactions – whereby one
victim of bicycle theft steals another bike, and so on.
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can be equated with repeat offending. For some offences, such as domestic assault, we
expect that the same offenders are largely responsible for repeated victimisation37.
However, the offence of interest here is domestic burglary.
A reading of the literature on these issues reveals considerable variation in the evidence
and the following issues have been pursued:
•

Do most repeat burglaries occur because the same offender(s) return?

•

What motives are there for offenders to return to dwellings they have burgled

before?
•

Are offenders who repeatedly victimise the same target different from other

offenders?
•

In particular, are they more embedded in criminal careers than other offenders?

The types of evidence used to explore these questions have been varied. They can be
summarized as follows:
•

Statistical evidence based on the time-course of repeat victimisation – usually based

on police-recorded crime.
•

Victim perceptions of whether their repeat victimisation had been committed by the

same offender.
•

Cleared offences and the alleged or adjudicated offenders involved.

•

Police records comparing characteristics of repeat offences, including the modus

operandi (MO) of offenders, with the characteristics of the original offence.
•

Prolific offenders arrested after sprees.

•

Offender accounts of their own offending patterns.

Statistical evidence about the time-course of repeat victimisation
There is no need to revisit the full range of studies supporting the rapid time-course of
repeat burglary. These studies are discussed in more detail in Repeat Burglary. That
paper’s discussion of methodological bias warns us to be wary of evidence of rapid

37

However, an Adelaide study found that when domestic violence is defined broadly, those subject to the
most repeated victimisation were more likely to be victimised by a range of offenders, including
(successive) partners, sons, fathers, siblings and non-intimates who shared the same household (Morgan,
2004).
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repeats that may be artifacts of inadequate methodology. However, regardless of these
caveats, there is solid evidence that there is an elevated risk of repeat burglary within
the first month after an initial burglary. If we accept this evidence, it seems safe to
conclude that very few rapid repeat burglaries occur by chance alone38. They are likely
to arise through state dependence. Given an average background expectation of one
burglary every 20 years, the odds are extremely small that another burglary, with no
connection to the first, will occur in the next few days, or even the next month39.
If we accept the likelihood of state dependence, we are drawn intuitively, if not
inevitably, toward offender-based explanations. The same offender may return or may
‘tip off’ another offender about the newly-found suitable target. Specific motivations for
such a practice are described below where I examine offender accounts.
Nevertheless, we should not entirely discount victim-based explanations of short-term
repeats or cases where a victim-offender interaction is driving the burglary spree. A
victim may be experiencing a distressing ‘spell’ where their ‘risky behaviour’ is
unusually prevalent. Burglary research is replete with examples of victims presenting
themselves as a very vulnerable targets (Cromwell et al., 1991; Wright and Decker,
1994)40. Sometimes the vulnerability may arise because of an interaction between the
victim and an offender, not simply because it is driven by the victim alone, or the
offender alone41.
Some researchers have examined the time-course of repeat victimisation for evidence of
upward ‘bumps’ or ‘blips’ in the time-course curve some months after the initial
burglary. Several studies (Anderson et al., 1995a; Everson, 2003; Polvi, Looman,
Humphries, and Pease, 1991) have claimed that such variations in the curve furnish
evidence that the same offender has returned to commit a repeat burglary in search of
replacement goods. There are several issues with such research. First, the statistical
patterns are not the main source of evidence for the proposition that repeat victimisation
occurs because of repeat offending. The primary evidence for this mechanism comes
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Note however, that Section 2.2 shows that rapid repeats can occur through heterogeneity – if there is a
mixture of dwellings with low and extremely high risks of burglary.
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Crude calculations based on a random model of victimisation would put these probabilities as
approximately one in 7,300 for a repeat burglary within a day, one in a thousand for a one-week repeat
and one in 250 for a repeat within the next 28 days.
40
For example, Cromwell and colleagues talk about a client of prostitutes whose ‘home services’ left him
vulnerable to burglary.
41
Wright and Decker describe a case where a first burglary, and then a repetition, arose because of an
altercation in a car-park. The repeated burglaries were instances of revenge.
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from offender accounts of their actions. No single empirical study has combined the
two forms of evidence.
Second, most studies have not tested the statistical significance of the variations in the
curve. Repeat Burglary is an exception to this rule. This study found that in one, but
not the other, of two small areas studied, there was some evidence of a rise in risk after
36-40 weeks. However, the risk of a further burglary in this period was not different42
from the risk in the periods surrounding it. Furthermore, the gap between successive
burglaries was longer than those found in the prior literature. Finally, other studies
outside of the United Kingdom have since found variations in delayed risk of repeats
where the gap between burglaries has been even longer (Sorensen, 2004). Sorensen’s
Danish study found no clear evidence that burglars returned to target replacement goods
and it found that:
(a) repeat burglary risk rose 12 months after an initial burglary, and
(b) the pattern could best be explained by a seasonal effect.
In short, the repeat victimisation time-course patterns provide relatively strong evidence
that some offenders return in the first few days and weeks after an initial burglary.
However, there is mixed support from these studies for the proposition that the same
offender returns after longer periods. In particular, evidence from these studies does not
support the notion that burglars returning for replacement goods are responsible for a
substantial number of repeat burglaries.

Victim accounts
Another form of evidence illuminating ‘same-offender’ mechanisms – where repeat
offending is a major explanation for repeat victimisation – is illustrated by a study by
Chenery and colleagues (Chenery, Ellingworth, and Tseloni, 1996). These researchers
examined ‘series incidents’ in the 1992 British Crime Survey. The BCS defines series
incidents narrowly, as incidents where ‘… the same thing was done under the same
circumstances and probably by the same people’ (Pease, 1998). If events are not
classified as a series then repeat victimisation is dealt with as separate single events. In
the case of burglary, series events comprised 74 percent of all repeats within the oneyear window of the survey and 21 percent of all burglaries in the BCS. For attempted
burglary these percentages rose to 79 percent and 34 percent, and for break-in with
42
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damage the figures were 50 percent and 20 percent. To the extent that victims were
accurate in their judgments about the nature of series events, repeat victimisation was
strongly aligned with repeat offending by the same offender. However, no information
was provided in this study as to why the victim believed the series of burglaries was
completed by the same offender. The National Crime Survey, discussed in Chapter 1,
deals in more detail with series offences and with the practice of removing these series
entirely from the NCS total crime count. However, the overlap between repeat
victimisation and repeat offending is even stronger for offences such as assaults and
threats, where the victim is in a better position to judge the identity of the perpetrator.
The evidence from this study is re-presented in other papers (Everson and Pease, 2001;
Pease, 1998), however no evidence of this type appears to have been flagged by other
researchers. For example, no such evidence is forthcoming from the national Crime
Victimisation Survey in the United States, since series incidents are not defined in a
way that links them with a single offender.

Cleared offences
A general issue arising with respect to burglaries that have been cleared, or solved, by
police is whether or not these burglaries, their victims, and their offenders are
representative of burglary offences, victims, and burglars in general. Cleared offences
and their victims43 can be compared with uncleared offences and their victims.
However, only indirect methods can be used to guess whether or not apprehended
offenders are similar to non-apprehended offenders since, logically, we have no details
of the latter from police records. All of the studies discussed below are affected by this
issue. However, one conclusion is inevitable – an unavoidable limitation of using
cleared offences is that they will underestimate the extent to which the same offender
has burgled any particular dwelling, since not all burglaries will be cleared.
Three studies by Everson, and Everson and Pease (Everson, 2003; Everson and Pease,
2001; Pease, 1998) are discussed below and they contribute to knowledge in this area.
However, a question arises as to whether these are independent studies, or simply
separate descriptions of a single study.
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First, Pease reports unpublished research by Everson (Pease, 1998) showing that in 80
percent of cases where more than one crime against a single victim is cleared, a single
offender has been involved more than once. Burglary clearances are not described
separately from other offences so cleared non-burglary offences may boost the total
number of repeats by the same offender.
Everson and Pease then describe a later study examining, among other issues, offenders
specialising in deception burglary (Everson and Pease, 2001). One interesting aspect of
this study is that it shows that, on some occasions, these burglars do return to the same
dwelling44, even though we would expect this form of burglary to be least liable to be
repeated by the same offender, because of the likelihood that the victim will recognize
the offenders and report them to police.
Another part of this study refers to the analysis of households subject to repeated
burglaries. The authors say that the West Yorkshire Crime Information system was:
… interrogated to establish the total number of household burglary victimisations at each of
the addresses attacked on more than one occasion by the study group … (Everson and Pease,
2001: 210, italics added)

This process identified 64 crimes against 21 dwellings but in 16 of these, responsibility
for the burglary could not be determined. Of the remaining crimes the authors state that
47 (98%) were committed by the same offenders.
It seems, however, that at least 42 of these repeat crimes were pre-determined by the
selection process to be committed by the same offenders, given that the sample was
chosen on the basis of repeat offending by the sample group of offenders. The
remaining offences, at most 8 burglaries, do not provide a large sample to test the extent
to which repeat burglary is committed by the same offenders or by others.
In the last of this series of papers, Everson (2003) returns to data extracted from the
West Yorkshire Police Crime Information System between 1989 and 1995. Everson
quotes similar results to the Everson-Pease study about burglary by deception offenders.
In this study the number of such offenders is 10, rather than the 11 mentioned in the
2001 study. With respect to burglary targets, Everson selected 25 locations subjected to
repeat burglary. This sample comprised both household and commercial targets. There
were 104 burglaries in total, but for 61 of these an offender could not be identified,
leaving 43 burglaries with known offenders. Everson states:
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Of the 43 repeat crimes that had been detected, 37 (86%) were attributable to individuals in
this study. (Everson, 2003: 184)

However, it seems that the 43 offences were total offences rather than repeat offences.
If this is true perhaps 18 offences45 were repeats and the same offenders were detected
in 12 (66%) of these46.
It seems therefore that selection procedures impacted on the characteristics of offences
and offenders found in these studies. Furthermore, the number of repeat offences and
offenders involved is very small and the researchers do not explain why they use subsamples of data from the Crime Information System, rather than the whole dataset.
Finally, the presentation of results in these studies seems to have included non-burglary
offences as well as domestic burglaries in the analysis of offender repeats.
Further aspects of the 2003 Everson paper furnish evidence that:
•

When repeat victimisation does occur it tends to be by the same offenders, rather

than associates of these offenders.
•

When strict definitions of repeat victimisation are relaxed, there are many incidents

of ‘proximate victimisation’ whereby offenders victimise targets in close proximity to
original targets, for example targets on the same street as the original offence.
•

There was less likelihood of specialisation and more evidence of versatility among

repeat offenders who had repeatedly targeted the same victim.
However, none of these results focuses solely on the offence of household burglary.

Studies examining the details of burglary offences, including the Modus Operandi of
burglary offenders
Several studies have examined burglary offence characteristics for evidence of the same
offenders returning.
Clarke and colleagues (Clarke, Perkins, and Smith, 2001) tested two propositions
arising from prior repeat burglary research. The first proposition was that burglars
returned to steal property left behind on the first occasion. The second was that burglars
returned to steal property that had been replaced after a first burglary. They examined
repeat burglaries in San Diego and Dallas to investigate whether or not property stolen
45
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was of the same type as that stolen in initial burglaries and they divided their repeat
burglaries into ‘early repeats’ (those occurring within 30 days) and ‘late repeats’ (those
occurring after 30 days). Their hypotheses were that:
(a) early repeats should involve property that is different from that stolen in the first
instance, and
(b) late repeats should involve property that is the same as that stolen in the first
instance.
The patterns found by these researchers did not support the first hypothesis but found
some support for the second. Despite this, Clarke and colleagues concluded that, even
if offenders return to the same dwelling to steal replacement property, these cases seem
to explain only a small fraction of repeat burglaries – 23% in Dallas and 10% in San
Diego. The results therefore provide a challenge to prior findings about motivations for
repeat burglary and they raise the possibility that a large fraction of subsequent
burglaries may result from risk heterogeneity.
Ewart and Oakley examined the characteristics of offences and targets in completed
burglaries to examine whether or not repeat victimisation was likely (Everson, 2003).
These authors presented their results as an examination of burglar behaviour, in
particular of their modus operandi (MO). The principal assumption of this study,
though unstated in the paper, was that repeat burglaries result from state dependence.
More specifically it assumed that repeat victimisation results from the same offender
returning to the same dwelling. Nevertheless, one of characteristics examined was
dwelling-type, an easily identifiable external characteristic of dwellings that is not
necessarily an indicator of the behaviour of the original offender(s)47. Furthermore,
other MO characteristics, such as methods of entry and exit, may be strongly context
dependent – that is dependent on general opportunities for dwelling entry and exit,
rather than being indicators of fixed offender preferences or choices. The study found
that certain MO characteristics, such as: the use of force to gain entry; offenders
climbing over a roof or wall; searching all rooms; and the dwelling being a flat or
terrace house were indicators of greater risk of re-victimisation. On the other hand, an
MO involving deception burglary, or having an alarm activated during the burglary, was
associated with a reduced probability of repeat burglary, as might be expected for sameoffender repeats. With respect to the logistic regression analysis conducted by these
47
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authors, it is curious that an exposure variable indicating ‘time at risk’ of a repeat
victimisation was not entered into the regression equations.
The authors note that their ‘ease of entry’ findings are counter-intuitive. They contrast
with simple ‘boost’ accounts of why an offender returns. They are more compatible
with the idea that strong security, once breached, may inform offenders that greater
preparation is required for a second burglary – presumably because the reason for strong
security is the presence of valuable items.
To the extent that the prediction exercise of these researchers is successful, the evidence
from this study points towards state dependence48. Furthermore, same-offender
mechanisms are implicated if MO predicts future burglary. Offender experiences and
MO (alarm sounding, and deception burglary) seem to deter offenders from repeating
offences against the same target, as one would expect. This finding illustrates state
dependence in its full dimensionality – as reduction as well as ‘boost’49.
The desire to link future burglaries with known offenders is a characteristic of studies
such as this (Ewart, Oatley, and Burn, 2005). The main focus is not on repeat
victimisation as such, but in linking offender MOs across all burglaries, whether or not
repeat victims are involved. This focus offers a possible explanation as to why the
simplest form of analysis – directly comparing the MOs of initial and repeat burglaries –
was not attempted in this study.

Prolific offender studies
A study funded by the Home Office (Jacobson et al., 2003) provided detailed
descriptions of fourteen offence sequences committed by prolific burglars in Oxford,
Chiltern Vale and Coventry. This study looks at the intersection of repeat burglary and
prolific offenders from a different angle. It is notable that repeat victimisation of the
same dwelling did not seem to comprise a major component of the offending patterns of
the sequences described. For example, in only one case (see Text Box 2.1 from this
study) was there a suspicion that the offender committed a repeated burglary at the same
address.
In this case the investigator described the offender as exhibiting:
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a certain ‘stubbornness’ in continuing to deny the offences about which he had originally
been questioned – including one at an address which he admitted to having burgled on a
prior occasion. (Jacobson et al., 2003: 53)

On the other hand the researchers described (Jacobson et al., 2003: p16) the crossing of
paths of a burglar and a multiple victim. In this case the researchers emphasise the
significance of victim-based processes, noting the consistency of their findings with
earlier ethnographic research about multiple victimisation by Genn (1988). The
investigator considered that the incident was:
… part of a pattern of chaotic and damaging relations between [the victim] and her wide circle of
acquaintances. (Jacobson et al., 2003: 16)

Finally, the report did not recommend the clearance of repeated offences against the
same victim as a primary means by which the apprehension of prolific offenders could
be effected. In using this study, it must be remembered that its primary purpose was to
examine general burglary investigation techniques, rather than to examine repeat
burglary victimisation as such.

Offender accounts
The main source of evidence for same-offender repeats arises from interviews with
offenders. These studies ask burglars whether they repeatedly burgle the same
premises, and, if so why.
A small but much-quoted study conducted interviews with 21 convicted multiple
burglars (Ericsson, 1995). The referencing of the original study made use of
percentages rather than raw numbers, but in the paragraph that follows I convert these
percentages to numbers to provide additional grounding for the findings. It revealed
that:
•

Offenders say they often go back to burgle the same property

•

They had gone back to a number of houses after varying periods of time to
burgle them between two and five times

•

12 out of 16 who returned said it was to steal more things

•

8 out of 16 knew they had left behind things worth stealing

•

4 of the burglars who returned to the same dwelling went back when they knew
that goods would have been replaced on insurance
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•

4 anticipated finding unhidden cash, and

•

2 out of 5 who said they would not return to burgle a house again said that they
shared information with others.

The small size of the study is evident, along with the potential dangers in taking the
original percentages as solid evidence rather than as stimulants for future research.
Ashton and colleagues (Ashton, Brown, Senior, and Pease, 1998) conducted a more
comprehensive study with a larger sample of offenders. These researchers interviewed
186 offenders who had been officially processed for at least one burglary and reported
that 57 (31%) of these admitted a repeat burglary against the same target, although
many admitted repeated offending against the same or similar targets for other offences.
While the offender sample was not necessarily representative of all offenders in prison
or under supervision in the West Yorkshire area, the study interviewed repeat offenders
in some depth and uncovered a wide range of reasons for the potential attractiveness of
a repeat against the same target.
They also found that:
•

Repeaters had come to official notice earlier than non-repeaters

•

They tended to have a longer criminal record50

•

Repeated offending appeared to be a general attribute of offenders that held up
across offence-types. (Those who repeated violence also repeated burglary and so
on)

Repeat-victim offenders said they repeated burglary for several reasons, including the
ease of the offence; its profitability; the attraction of replacement goods; or because they
had a grudge against the victim. They stopped repetition because of actual or
presumed/suspected changes in security at the targeted dwelling.
The researchers asked offenders if they had ever repeated burglary against the same
target. However, the research did not report on the proportion of offences committed
that were repeats against the same target. Note also that they included burglaries
against commercial premises and schools, not simply burglary of dwellings.
Other references (F. Winkel, Willem., 1991) quoting Korthals Altes (Korthals Altes,
1989) found that 64% of burglars returned to same neighbourhood but only 30% revictimised the same address. Winkel and Willem used this result to attack ‘the faulty
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idea’ (F. Winkel, Willem., 1991: 257) that the perpetrator will return soon. They argued
that the likelihood of return by the same offender was over-estimated and its
exaggeration attributed a ‘“giant-like” status to the perpetrator’ (F. Winkel, Willem.,
1991: 257). Nevertheless, this study has been quoted by others (Farrell and Pease,
1993) as indicating the ubiquity of repeats by the same offender and it is not clear how
researchers should approach this question. The focus of Winkel’s research was on how
best to provide assistance and advice to victims, whereas Farrell and Pease’s comments
were made in the context of crime prevention. In 1993 Farrell and Pease were
attempting to establish the plausibility of same-offender mechanisms for the explanation
of repeat victimisation, in opposition to the prevailing weight of opinion up till then
(Sparks, 1981).
Shaw and Pease carried out research in Scotland (Shaw and Pease, 2000). This was
another small study involving interviews with thirty-two male offenders in two Scottish
prisons. The findings confirmed that offenders do return to the same targets, and their
motivations could be aligned with those found in prior studies. The study again
confirmed that repeat offending against the same victim does occur across crime-types.
For example, burglary and motor vehicle theft may be committed by the same offender
against the same victim. More recently, research by Hearnden and Magill conducted
semi-structured interviews with 82 offenders in southern England and found that almost
two thirds of offenders said they had returned to a property they had burgled before and
taken items on a second occasion. Over half had previously burgled a property whose
occupants were known to them. In the absence of any first-hand information about
premises, these offenders were reluctant51 to target dwellings previously burgled by
others, even after receiving information that stolen goods had been replaced.
In summary, research into burglars’ accounts of why they repeatedly target the same
place or person, reveals primary motives connected with low risks, high rewards and
ease of access.

Australian evidence from the Crime Research Centre
Researchers at the Crime Research Centre (Ferrante and Clare, 2006) interviewed
offenders in a study exploring the disposal of stolen goods. A total of 243 offenders,
most in prisons or under juvenile detention, were asked about the location of their most
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recent burglary. Twenty four offenders (10.2%) replied that they, or someone they
knew, had previously committed a burglary at this address. These percentages are much
lower than those found in other studies.
As discussed above, some studies have found evidence suggesting that prolific
offenders are more likely to be involved in repeat offending against the same victim and
the Western Australian study provides additional insight into this issue. The survey
approached repeat victimisation in a different way from most other studies, asking
offenders to focus on repeat victimisation in their most recent burglary, rather than
whether they had ever burgled a household on more than one occasion. On the other
hand it defined repeat victimisation broadly, asking
Had you, or anyone you knew, broken into this place before?

Questions that ask whether offenders have ever burgled the same dwelling more than
once maximize the extent of repeat victimisation and provide insight into a range of
mechanisms that attract offenders towards repeats. On the other hand, they exaggerate
the extent to which repeat victimisation is a normal practice. Furthermore, there is a
danger that ‘ever’ questions will bias findings about the extent of offender’s criminal
careers. It seems clear that researchers will ‘discover’ that prolific offenders will report
more prevalent re-offending against the same victim even if all offenders are equally
likely to offend repeatedly against a single victim. Those with more extensive criminal
records may simply have had more time to repeatedly burgle the same dwellings than
those with a shorter criminal career52 (Weitekamp et al., 1995). On the other hand,
asking about an offender’s most recent offence seems to give offenders a less biased
chance to report victimisation, even though it does not totally eliminate bias towards
finding repeat victimisation more prevalent among those with extensive criminal
records53.
Furthermore, to the extent that the most recent burglary by each offender represents a
sample of offences54, asking about the most recent burglary represents ‘real world’
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53
For example, those who have committed only one burglary will not yet have had the opportunity to
repeatedly offend against the same victim. This issue provides an interesting point of comparison
between research on repeat victimisation and research on criminal careers. There is considerable debate
about whether ‘chronic offenders’ are any more likely than occasional offenders to inflict personal or
material harm on victims. Weitekamp and colleagues (1995) undermine this idea with their re-analysis of
the Philadelphia birth cohort data.
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There are so many complications in the way that offenders are sampled that this cannot be claimed for
any single survey. For example, imprisoned offenders may not closely resemble all offenders, given the
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offending more accurately. Finally, the greatest potential advantage of asking offenders
about their most recent burglary is that it encourages them to focus on a specific event
rather than on unspecified generalities with respect to their offending.
There is no hint in the Western Australian data that repeated burglary against the same
victim is positively linked with indicators of prolific offending. The criminal career
indicators available were as follows: lifetime number of burglaries committed; age at
first burglary; the number of burglary charges by police; total time spent in either
juvenile or adult custody; and the frequency of offending during a life period in which
the offender was ‘very busy doing break-ins’. Table 2.2.1 shows the patterns:
Table 2.2.1: Criminal career indicators for repeat victim and other burglars
Characteristic

Repeat burglars

Non-repeat burglars

1) Age at first burglary

Average age 15.2 years

Average age 13.2 years

82% under 21 (17/25)

68% under 31 (168/229)

2) Lifetime burglaries

39% more than 50 (5/26)

42% more than 50 (101/238)

3) Burglary charges

44% with 1-4 charges only

37% with 1-4 charges only

4) Time in custody

Average time 46 months

Average time 72 months

33% less than 12 months

11% less than 12 months

20% - daily basis (4/20)

49% - daily basis (82/166)

5) Offending frequency

The only result that attains statistical significance at conventional levels is time in
custody. This result points to a lesser involvement of repeat-victim burglars with
criminal justice institutions. Nevertheless, this study and similar research should not
over-emphasise statistical significance. We cannot be sure just how well these
incarcerated offenders represent active burglars in Western Australia. Despite this, this
Western Australian survey involves a larger sample of burglars than any other studies
quoted in this section. It adds an important piece to the jigsaw of evidence about repeat
burglary and its perpetrators, and it finds every single indicator of career intensity
pointing towards lesser criminal involvement among offenders who reported repeat
low clear-up rates for burglary and they will tend be older than the general offending group because of
social reluctance to detain young offenders.
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victimisation against the same target. This evidence points in an opposite direction to
some of the findings of prior research in the United Kingdom.
One further result connected with criminal career involvement concerns the tendency of
offenders to commit burglary in the company of others. The research evidence linking
criminal careers with co-offending is complex and an excellent review has been
conducted by Reiss (1988). There is evidence that offenders are likely to engage in
offending both alone and with co-offenders, rather than in just one of these modes.
Nevertheless, as a criminal career progresses, offenders are more likely to engage in
solitary offending. Recent research by Hodgson and Costello confirms that offenders
who commit a first offence alone go on to have significantly longer criminal careers
than those who offend in company (Hodgson and Costello, 2006). However, those who
burgle with experienced co-offenders are more likely to have extended criminal careers
than those whose co-offenders are inexperienced. Consistent with the results of table
2.2.1, offenders who repeatedly burgled the same target were significantly more likely
to have offended with others at their last offence (χ2(1)=13.47, p=0.000). A mediating
variable in such cases is the nature of the burglary (domestic or non-domestic). When
domestic or other burglary is examined separately, the result remains significant for
non-domestic burglary but does not attain significance for domestic burglary. However,
this may simply be because the number of repeat-victim domestic burglars is small, and
the tendency is still for repeat-victim offenders to have burgled in company more
frequently than burglars who did not return to the same dwelling.
Finally, Cromwell and colleagues discuss group offending in the context of the burglary
event, rather than the criminal career (Cromwell et al., 1991). They suggested that
group offending may lead to impaired burglary performance. This was consistent with
their finding that burglars working in groups reported an apprehension rate at least five
times greater than those working alone.

New findings emerging from the survey
The Crime Research Centre Survey also uncovered interesting evidence about the
correlates of repeat burglary. While criminal career characteristics were not strongly
correlated with repeat burglary, various characteristics of the break-in event were
strongly linked. In keeping with the general findings from repeat victimisation research
(Bowers and Hirschfield, 1998), repeat offending at the same address was more
54

common for non-residential burglary (21% repeat victimisation at shops factories,
warehouses, schools and offices) than for residential burglary (5%). The result is highly
significant (χ2(1)=16.51, p=0.000) and the pattern prevails even though office buildings
did not suffer from repeat burglary by the same offender55.
Further interest arises with respect to the timing of repeat victimisation for household
break-ins compared with other break-ins. The survey shows that repeat household
burglary occurred more slowly than repeat burglaries at other targets. When attention is
limited to repeat burglars, three out of seven (43%) of domestic burglars had committed
a burglary at the same address within the month prior to the target burglary, whereas 16
out of 18 (89%) of non-domestic burglars had done so, a significant result (χ2(1)=5.86,
p=0.016). Four of these offenders had returned on the same day.
Another finding emerging from the survey concerned the way in which information
from other offenders was used. Of the 24 offenders whose last burglary involved a
return to a premise previously burgled, a co-offender committed the first burglary in
four of them, all at non-residential premises. Of these four, two then accompanied the
interviewed offender in the repeat burglary. This result is based on very small numbers,
but it suggests that offender information may be considered more trustworthy if one of
the original offenders participates in the repeat burglary.
Some burglars have information about targets – particularly those who commit
household burglary. It is not surprising to learn from the survey that burglars returning
to the same premises are far more likely to have information about the target (86%) than
burglars breaking into premises for the first time (21%).
The survey also shows that mechanisms for same-offender repeats are not necessarily
state-dependent. They are potentially stable in the mid- to long-term. For example
acquaintances living in burgled dwellings may facilitate continued burglary56 as long as
that contact continues to live there. The attraction of a target may also remain stable if
an offender has lived there previously. Furthermore, drug dealers appear as magnets for
burglary victimisation in both repeat and non-repeat breaks. As long as dealers are still
‘in business’ they will always make attractive targets for cash and drugs, and a variety
of offenders, not simply those who return to the same targets, will be on the lookout for
opportunities. Their routine transactions will also provide a source of ‘intelligence’ and
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will draw likely offenders within daily proximity to these opportunities. A
comprehensive discussion of the complex inter-relationship between drug using and
burglary is given by Cromwell and colleagues (Cromwell et al., 1991).
Finally, there were tendencies in the data57 for the time of day of repeat burglaries to
differ from times of non repeat burglaries. Repeats were more likely than non-repeats
to occur in the morning or afternoon and less likely to occur in the evening or at night
time. In fact, no residential repeats (0 out of 7) were reported in the evening or night. It
may be that variations in the time of day of burglary occurrence reflect differential
targeting strategies by burglars for different types of dwellings (Coupe and Blake,
2006), however, the survey did not question burglars about dwelling characteristics that
affected targeting.
It is notable no offender spontaneously mentioned the search for replacement goods as a
reason for returning to the same premises. However, given the small number of
residential repeat burglaries, this result does not contribute conclusively to the debate,
discussed above, about links between repeat burglary and replacement goods.

Summary of the evidence for the same offender returning and offenders telling others
The body of research, including the Western Australian study, is rich in its insights
about the potential advantages for an offender of returning to the same household to
commit a repeat burglary. It provides a convincing rebuttal to the claims of earlier
researchers such as Sparks (Sparks, 1981) that repeat victimisation by the same offender
is ‘implausible’. In the case of burglary, evidence has been presented that repeat
offending against the same victim has some advantages. However the extent of sameoffender burglary repeats is still a matter for determination in future research. The
Crime Research Centre study points to the greater likelihood of repeats if the target is
not a dwelling, and in this respect, it is consistent with other research comparing repeat
burglary of dwellings with repeat burglary of other targets (Bowers, Hirschfield, and
Johnson, 1998).
There is considerable interest in the question of whether repeat-burglary offenders are
more prolific than others. I argue that the body of research pointing in this direction is
not strong, with the bulk of evidence coming from small or unpublished studies. The
study by Ashton and colleagues was larger, but produced inconclusive evidence about
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whether repeat burglary offenders were more prolific. Only one indicator from the
Western Australian study showed a statistically significant result and it produced
evidence that repeat-victim burglars were less prolific than other burglars. The negative
results for burglary may differ from those in some other offences including robbery
(Gill and Pease, 2000) but the body of evidence linking repeat victimisation with
prolific offenders does not seem strong.
The Western Australian study did add new and useful evidence to research concerning
repeat-victim burglary, showing that repeat household offending occurred at a slower
tempo than non-household repeats, though both forms of repeat burglary offending
occurred relatively rapidly.
Finally, the CRC study, while limited to small numbers of repeat household burglaries,
did not discover a single account where the offender mentioned returning after goods
had been replaced after an insurance claim. In this regard it is consistent with other
studies that have yet to receive great exposure. These find that stealing replacement
goods may have limited explanatory value as a motive for repeat burglary. (Clarke et
al., 2001; Ewart et al., 1997).
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SECTION 2.2

BURGLARY AND ITS REPETITION:
USING STATISTICS AND CRIMINOLOGY
TO DISENTANGLE THE LINKS

59

Introduction
This section extends and updates the analysis presented in Repeat Burglary study. In
the course of this section I explain and defend a decision about the survival analysis
methodology used in Repeat Burglary and extend the analysis of the ‘Parkville’ area by
examining the frequency distribution of burglaries in the area over the five-year period
for which police data are available.
However, the section focuses on a major substantive issue: To what extent should first
and subsequent instances of burglary be treated as identical or disparate phenomena?.
Varied approaches to this issue can be identified in the literature, but rarely is the
question expressed in the simple and direct form as framed above. The major question
of this chapter is at the core of a distinction made in the previous chapter, between ‘state
dependence’58 and ‘risk heterogeneity’ explanations of repeat victimisation. The
analysis of the major question raises and explores a series of supplementary questions:
1. What statistical models are most useful in exploring and explaining the distribution
of repeat burglary? In introducing these models we define basic concepts such as
the prevalence, incidence and concentration of victimisation.
2. What scales of time and space are appropriate for the analysis of repeat burglary?
3. What are the risk factors for burglary and its repetition? What are their links with
theory, including the criminology of place? What are the sources of risk variability –
including individual, area, and event characteristics?
4. To what extent is repeat burglary a short-term or enduring phenomenon?
5. In what respect, if at all, is repeat burglary more important in high-crime areas than
in low-crime areas?
6. To what extent does a prior burglary predict future burglaries and what is the
connection?
7. How do we best assess the degree of inequality in the distribution of burglary
victimisation? What policy goals are appropriate and achievable with respect to the
influencing the level and distribution of burglary victimisation?
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8. What are the key concepts that allow us to describe the distribution of victimisation?
What analytic developments have occurred since the preparation of Section 2, Part
3, and what form of analysis is most likely to advance our knowledge about the
major questions surrounding the distribution of burglary?
9. To what extent should crime prevention targeted at the victim be influenced by
criminological and statistical explanations of repeat burglary, or by practical issues
or considerations of equity?
In exploring these questions the assumptions and implications of some statistical models
are presented, starting with the simplest Poisson model for the frequency of burglary
victimisation. These are presented to supplement and ‘round off’ the discussion
presented in Repeat Burglary. In particular, the analysis seeks to link explicitly the
frequency, or count, domain (how many victims experience 0, 1, 2, or more burglaries
in a fixed period of time?) and the time domain emphasised in Repeat Burglary (what is
the distribution of elapsed times between one burglary and the next?). Even the
simplest models provide useful thought tools to examine the literature on repeat
victimisation and this is particularly evident with respect to question 7 above.
Returning to the major question of the chapter we note that if repeat burglary is driven
by the same factors as initial burglary, we expect risk heterogeneity to be more
important than state dependence as indicated by the research in Repeat Burglary. Under
this mechanism the major task for predicting future burglary becomes one of finding the
important risk factors for burglary regardless of the extent of prior victimisation in a
particular household. Repeat Burglary was submitted to Crime Prevention Studies in
1999 and published in 2001. At the time of its publication it was one of very few
research studies that drew attention to the evidence that repeat victimisation was
enduring in nature and was linked to structural aspects of risk. Papers making use of
police data emphasised short-term patterns of repeat victimisation and paid little
attention to long-term risk factors. However, studies using survey data (Lauritsen and
Davis Quinet, 1995; Wittebrood and Nieubeerta, 2000) did emphasise the importance of
heterogeneity of risk and found it to have greater explanatory value than state
dependence. Nevertheless, when Bottoms claimed that risk factor analysis was
inadequate to explain emerging findings on repeat victimisation, he was correctly
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summarising the weight of the research up to 199459, particularly the new wave of
research since the Kirkholt project (Bottoms, 1994).
Repeat Burglary was the second published paper (after Spelman, 1995) to make use of
survival analysis and the first to use life-table analysis and its procedures for censoring.
In Spelman’s study of fast food outlets (Spelman, 1995) there was little need to address
censoring because most observations at the outlets being examined were not censored.
The paper also stood alone in arguing that in important respects, repeat victimisation is
more significant in low-crime areas than high-crime areas.
Important papers addressing these issues have been published since Repeat Burglary
was written so it is appropriate to review the paper’s significance and update the
relevant research. The emphasis on enduring, structural patterns of repeat victimisation
has arguably stood the test of time and there is evidence that it has become the dominant
form of explanation for repeat victimisation. Recent research discussed below
acknowledges the effect of risk heterogeneity in explaining patterns of repeat
victimisation, including the capacity of a prior burglary to predict future burglaries. The
Crime Prevention Studies paper was limited in the extent to which it could differentiate
risk factors that operated ‘truly’ at the area-level as opposed to the individual or
household level. It had no data on the social composition of individual households in
‘Parkville’. This means that the explanatory force of ‘area’ could have been
confounded with the unmeasured characteristics of individuals and households living in
those areas. However, recent research discussed later in this section (Tseloni, 2006) has
thrown new light on the relative contributions of individual and area characteristics.
The section now commences with a review of basic statistical tools that have the
potential to illuminate the mechanisms involved in repeat victimisation.

Simple models of repeat victimisation and their extensions
The homogeneous Poisson process
The Poisson process is used to model the distribution of ‘rare events’ and has been
applied to phenomena as diverse as industrial accidents (Greenwood and Yule, 1920),
radioactive decay and telephone calls (Cox and Lewis, 1966), and deaths by horse-kicks
in the Prussian army (Bortkiewicz, 1898; Quine and Seneta, 1987). We introduce the
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Research drawing attention to short-term patterns of repeat victimisation continued to dominate
published work for another six years at least.
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simple homogeneous Poisson process for three important reasons. First, the process is
introduced as a simple ‘null’ model against which departures from randomness can be
tested. The process provides a reference point or ‘benchmark’ for randomness and it
explains the distribution of victimisation in terms of a single parameter, the rate of
victimisation. Second, the process provides a foundation for understanding and
building up more complex and realistic models of the distribution of victimisation.
Generalisations of the Poisson process have been found to provide adequate statistical
fits to the ‘real-world’ distribution of victimisation. Third, the assumptions underlying
the Poisson process are easily understood and their adequacy can be tested. They can be
used as a model for testing the logic of various arguments about the distribution of
victimisation60. More complex and realistic models of victimisation may admit
alternative and possibly incompatible interpretations as to their underlying mechanisms.
Finally, the process can be used to illustrate the links between the frequency (or count)
domain of victimisation and the time domain of that process.
The basic assumptions of the Poisson process are adapted from Nelson, and Cox and
Lewis (Cox and Lewis, 1966; Nelson, 1980).
1. The probability of victimisation is the same for all potential targets61.
2. The probability of victimisation does not depend on the number of previous
victimisations.
3. The probability of more than one victimisation in a short period of time is
negligible.
Assumptions 1 and 2 rule out the possibility that victimisation risk may change over
time. For example, a victim’s future expectation of victimisation will not be affected by
prior victimisation62. Victims who experience repeated victimisation are merely
unlucky – their victimisation is akin to the appearance of certain cards in a deck which
come up more frequently in one game, but cannot be expected to reappear more often in
the next game.
Assumption 3 indicates that the Poisson process will not describe adequately events that
cluster – for example deaths from crashes where multiple deaths may occur in a single
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In particular, the use of the Poisson distribution can provide useful counterexamples to seemingly
sound arguments.
61
The ‘target’ may be a person, a household, business etc depending on the nature of the victimisation.
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Put in yet another way, prior burglary will have no predictive value for future burglaries if burglary is
adequately modelled by the Poisson process.
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crash (but it could model the number of crashes adequately). Similarly homicides
should not be modelled accurately, but homicide incidents may be63.
For ease of discussion we take the unit of interest to be the household, rather than the
dwelling, the person, the business, or the motor vehicle. We also take the ‘events’ of
interest to be burglaries. However, the results apply equally well to any offence type
and to any potential target of victimisation regardless of how it is specified.

The Poisson process applied to the distribution of events
The Poisson process has been extensively studied and it generates the following
probability distribution of events, where X can assume non-negative integer values 0, 1,
… n, and λ is a positive constant (the maximum likelihood estimate of λ is the mean
incidence of victimisation per household over any interval of time). Suppose that ρ is
the rate of burglary per household per year. Then λ = ρt. If the period of interest is one
year then λ = ρ. If the period of interest is 2 years then λ = 2ρ and so on. The
probability of a household experiencing exactly x burglaries is (Nelson, 1980)
P ( X = x) = e − λ λx / x!

( 1)

For example the probability of a household experiencing no burglaries in the time
period is:
P ( X = 0) = e − λ λ0 / 0! = e − λ

(2)

The probability of experiencing exactly one burglary is:
P ( X = 1) = λe − λ

(3)

Furthermore, a useful iterative relationship between successive terms is (Nelson, 1980):

P ( X = x) = P( X = x − 1)λ / x

(4)

Equation ( 4 ) can be used to show that the probability of repeated criminal
victimisation under Poisson assumptions is small. For example the 1998 Australian
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The Port Arthur massacre in Tasmania in 1996 where 35 individuals were murdered provides a vivid
and extreme example of homicide clustering.
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crime and safety survey found an annual incidence rate of break-in and attempted breakin of 7.6% (Australian Bureau of Statistics, 1999b). With this rate of victimisation we
find that higher order terms in the distribution very quickly become negligible under
Poisson assumptions. With λ=0.076 we find that being a double victim of burglary or
attempted burglary is predicted by the Poisson model to be 0.038 times single
victimisation. Triple victimisation is expected to be 0.025 times double victimisation,
or 0.002 times single victimisation64.
However, we also need to recognise that the time-scale of interest is not absolute. It is a
matter of convention. Because (see above) λ is a product of the time-rate ρ and the
period of observation t, there is no need to limit consideration to one-year victimisation
rates. For a Poisson process we may make λ almost as large as we like by extending the
time period of interest. If the one-year rate remains constant at 0.076 for break-in and
attempts, then we expect the 5-year rate to be 0.380, the ten-year rate to be 0.76 and the
20-year rate to be 1.52. The implications of this property of the Poisson distribution are
spelled out below.
There are practical limits on the length of time over which λ can be calculated. An
upper limit is provided by surveys that ask about ‘lifetime’ rates of victimisation. The
1996 Womens Safety Survey collected information on the prevalence of violent
victimisation against women ‘since the age of 15’65 as well as during the past 12 months
and also generated tabulations of prevalence rates covering periods of up to 20 years
(Australian Bureau of Statistics, 1996b).
A somewhat confusing aspect of the statistical literature is that the Poisson process
gives rise to more than one statistical distribution and one of these is labelled the
Poisson distribution. In the time domain the Poisson process is associated with the
exponential distribution. Furthermore, simple extensions of Poisson processes (for
example, the heterogeneous Poisson process) give rise to other frequency distributions
such as the negative binomial distribution. The Poisson process is therefore more
generally applicable than the Poisson distribution and a discussion of Poisson
generalisations is presented below.
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Note that the actual ratio of repeat victimisation to single victimisation in the ABS 1998 survey is
greater than predicted by this simple Poisson model. For example, Table 1.4 of the 1998 survey
publication allows us to calculate that the ratio of 2-time victims to single victims is 0.24:1, a far greater
ratio than predicted by the simple Poisson model described above. The reasons for this overdispersion are
discussed below.
65
Because respondents to the survey varied in age from 18 years upwards the category ‘since the age of
15’ did not represent a fixed time-period. It could have meant any period from 3 years to over 60 years.

65

Some important properties of the Poisson process and the Poisson distribution
The Poisson distribution provides a very simple benchmark or ‘null model’ for
examining patterns of repeat victimisation. If we have a set of households with
independent and identical risks of victimisation then the Poisson distribution should fit
the bill.
In practice, the Poisson distribution seems to have insufficient dispersion to fit many
‘real world’ examples of repeat victimisation66. In 1980 Nelson found that the negative
binomial distribution provided a better fit to the distribution of burglaries in US
National Crime Survey data than the Poisson model (Nelson, 1980). Nelson’s finding
has been replicated in many studies including the most recent (Osborn and Tseloni,
1998; Tseloni, 2006; Tseloni, Osborn, Trickett, and Pease, 2002; Tseloni and Pease,
2003, 2004; Tseloni, Wittebrood, Farrell, and Pease, 2004). However, it is still arguable
that the Poisson process is at the core of the distribution of repeat victimisation through
mixtures of independent (heterogeneous) risk processes. Generalisations of the Poisson
distribution, including the heterogeneous Poisson distribution are discussed below as are
the arguments for and against the fundamental contribution of the Poisson process.
It is easily shown that for the Poisson distribution the mean is λ and the variance is also
λ. The distribution is completely specified by a single parameter so repeat victimisation
cannot be thought of as separate from initial victimisation. The maximum likelihood
estimator of λ is the rate of victimisation over the time period of interest. For example,
if there are 100 households in a given area and there are 15 burglaries in the period of
interest, then our estimate for λ is 0.15.
The literature on repeat victimisation draws attention to some important measures of
burglary distribution and it is of interest to calculate these under Poisson assumptions.
For example, the concepts of incidence, prevalence and concentration are discussed by
many researchers, for example Farrell (1995). Appendix 1 presents a number of simple
results in addition to these key entities. Expressions are given for the number (and
percentage) of first, repeat and total burglaries, as well as the number (and percentage)
of victims that experience repeat victimisation, and also the ‘half-life’ of burglary
prevalence in an area.
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As illustrated by the 1998 Crime and Safety Survey discussed above.
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The Poisson process in the time domain – survival analysis and the exponential
distribution
There are many excellent treatments of the Poisson process in the time domain (Cox and
Lewis, 1966) and of applications of this and more general survival analysis to the
analysis of recidivism (Chung, Schmidt, and Witte, 1991; Maltz, 1984; Tarling, 1993).
A surprising aspect of repeat victimisation research is that it has proceeded in apparent
ignorance of the more ‘modern’ statistical techniques adopted for recidivism research
since the late nineteen sixties (Carr-Hill and Carr-Hill, 1972; Partanen, 1969; Stollmack
and Harris, 1974). This neglect is noted in the conclusion to this thesis and in Repeat
Burglary where a detailed time-domain analysis is presented for a small Perth suburb.
In the frequency or count domain we examined the Poisson process over a fixed period
of time and examined the burglary counts over households. In the time domain we fix
the number of victimisations and examine the elapsed time for these events to occur.
Examples of elapsed times that may be of interest are:
•

The interval between successive victimisations;

•

The time between the starting point of a window of observation to the first
victimisation;

•

The period from any arbitrary starting point and a subsequent victimisation;

•

The time for N observations to occur (N fixed).

Generally, however, we are interested in the intervals between successive (single)
victimisations. Most researchers have taken the ‘first’ victimisation as a starting point
and measured the time between the first victimisation and the next. If more than one
repeat victimisation occurs then these may be also measured. Cox and Miller show that
for the Poisson process described above, the time distribution is as follows:
FT (t ) = 1 − e − λt

is the cumulative distribution function showing the
probability that T>t.

and
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(4)

f T (t ) = λe − λt is the probability density function

(5)

This distribution is called the exponential distribution. It is the analogue of the Poisson
distribution and represents the same simple process – the Poisson process67 – viewed
from the time domain rather than the frequency domain.
For this distribution the mean is 1/λ and the variance is 1/λ2 (Cox and Lewis, 1966).
Thus the mean elapsed time between one victimisation and the next is simply the
inverse of λ. The result is plausible in everyday language. It is easy to accept that a
Poisson process where λ is (say) 5 victimisations per 100 households (1 in 20) an
individual household can expect one victimisation every 20 years on average.
A function that is important for interval data is the survivorship function ST(t). This
function supplies the probability that a household will not be victimised after an elapsed
time t and is equal to 1-FT(t). In the case of the exponential distribution we have simply
ST(t) = e-λt. This is the familiar expression for exponential decay.
Repeat Burglary makes extensive use of survival analysis using the non-parametric life
table model. This methodology provides an unbiased analysis of the distribution of
time between events (Cox and Oakes, 1984). A key measure for survival analysis is the
hazard function which, in this context, supplies the probability density that a
victimisation will occur in the next instant of time given that the household has survived
(further) victimisation up to time t.
The general expression for the Hazard function is
hT (t ) = f T (t )

(6)

S T (t )

For the Poisson process the hazard function reduces to
hT (t ) = λ

(7)

In other words the homogeneous Poisson process has a constant rate of victimisation
(and re-victimisation) λ. This is precisely how the Poisson process was defined so there
should be no surprise at this result. Nevertheless, the hazard function has been rarely
used by repeat victimisation researchers despite its key role as an unbiased indicator of
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The terminology is a little confusing because the term Poisson is allocated both to the process itself,
and also to the probability distribution generated in the count domain.
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the probability of failure at any point of time. This is discussed in more detail in Repeat
Burglary.
Figure 2.2.1: Observing repeat events with right censoring

Event observed
E1
Events not observed
E2
E3
Window of observation

0

Window of ignorance

Time axis (t)

Figure 2.2.1 illustrates how three events (E1 to E3) appear to us in a given window of
observation. E1 represents a household whose ‘first’ and ‘second’ burglaries both occur
during the window of observation. E2 represents a household where a burglary has been
experienced early in the observation window. However, a repeat burglary is not
observed because our window is ‘closed’ by the time it occurs. E3 represents a
household whose ‘first’ burglary occurs late in our observation period. Even though a
repeat burglary is experienced quickly, this event is not observed because of the limited
exposure of this household within the observation period.
Several simple observations about this setup are of interest.
1. There is a convenient but misleading form of labeling used by repeat victimisation
researchers. The first observed burglary in our time-window is often called the first
(absolute) burglary. However, in most research situations68, we generally have no
information about burglaries that have occurred prior to the commencement of our
data collection window and many of them might actually be repeats from the (more
knowledgeable) point of view of the householder.
2. Any observation period in this setup will actually be more limited than we think.
Many researchers have used a window of 12 months, however, on the assumption
68

For example, when using police data that are limited to the window of observation described above.

69

that ‘first’ burglaries are evenly distributed through the window the average period
of follow-up is only six months69.
3. Logically, we can only observe repeated burglaries that fit within our window of
observation. If there is a background burglary rate of 5 per hundred households70
then we expect one burglary every 20 years on average. A 6-month average followup (12-month observation window) allows time for only a small fraction of repeat
victimisations to be observed.
4. Some researchers have charted the distribution of gap-times between repeats as if
this indicates the risk of repeat victimisation over time. However, this presents a
picture distorted by short-term bias. With Figure 2.2.1 as a guide we see how any
long gaps between burglaries will be systematically eliminated from view and only
short gaps will be observed. An unbiased estimator of the risk of a repeat burglary
over time is given by the hazard function described generally in equation 17 and for
the Poisson process as the constant λ. This issue is discussed in greater depth in
Repeat Burglary (2001: pp 92-93 in original pagination)

Generalisations of the homogeneous Poisson model
The homogeneous Poisson process has been found to provide an inadequate statistical
model for repeat victimisation. Nelson, and other researchers after him, found that
victimisation in the U.S. National Crime Survey was overdispersed. The meaning of
this term is defined by reference to the Poisson count distribution. It means that the
variance of the distribution of repeat victimisation with rate λ is greater than the value
(λ) predicted by the Poisson model. In everyday terminology, this means that the
number of households that experience a single victimisation is smaller than predicted by
the Poisson. Equivalently, the number of households that experience zero or multiple
victimisations is greater than expected.
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Note that the use of survival analysis can extend the effective period of follow-up by making maximum
use of data from the observations that have exposed for the full length of the observation window.
70
This is not an exceptionally low burglary rate by Australian standards, even when crime surveys are the
information source.
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Heterogeneity – the heterogeneous Poisson model
A common extension of the homogeneous Poisson distribution is achieved by proposing
that the distribution of victimisation consists of a number of independent sub-groups
with different values of λ. These values may vary continuously with some underlying
variable or combinations of variables or they may assume a set of discrete values. For
example, burglary could be predicted by the age of the household ‘head’ (continuous) or
could take on different values for each sub-area of interest. We will illustrate this
pattern below using burglary in a Perth suburb. However, one well-known example of
heterogeneity was proposed by Bortkiewicz (1898). Quine and Seneta (1987)
demonstrate how an excellent fit to the number of deaths by horse-kicks in the Prussian
army was obtained by fitting a heterogeneous Poisson distribution with a different value
of λ for each army corps71.

State dependence, heterogeneity and statistical distributions
A departure from the Poisson process occurs if state dependent mechanisms are
operative. In this case all households have the same initial risk of victimisation, but the
probability of a further victimisation changes after a first and subsequent victimisations.
If the probability of victimisation changes with prior victimisation experience, the
assumptions of the Poisson process are violated. Nevertheless, a common approach to
modelling state dependence gives rise to an overall frequency distribution of
victimisation called the negative binomial distribution (see for example Nelson, 1980).
An important, if frustrating, result concerning the negative binomial distribution is that
there is no simple way of distinguishing some plausible mechanisms that may produce
it. Irwin showed over 60 years ago that the negative binomial distribution may arise out
state dependence, heterogeneity, or a combination of these mechanisms (Irwin, 1941).
In the context of a single survey covering a specified time period there is no way to
uncover the true mechanism. This is an example of a general mathematical and
statistical problem called the identification problem. In this case the distribution itself is
clearly specified (a negative binomial distribution with unique parameters) but the
underlying mechanism that generates the distribution is unknown unless additional
information is available, or unless the mechanism is assumed on the basis of theory or
plausibility.
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Some of the original 14 corps were later omitted from consideration because of their specialised
function.
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Yet another interpretation of the negative binomial model is the ‘spells’ interpretation.
This interpretation has an underlying mechanism whereby the occurrence of events is
based on liability to ‘spells’ and all events occur within these spells. Events ‘… within
different spells are independent and are independent of the number of spells’ (Xekalaki,
1983: 887-888). Xekalaki found that ‘… it seems possible to determine whether the
spells model is the underlying model or not, provided complete records72 … are
available’ (Xekalaki, 1983: 893-894). Much of the statistical analysis relevant to these
models is based on the distribution of industrial and road accidents73 and dates back to
the early 20th century (Greenwood and Yule, 1920; Newbold, 1927).
Whatever the underlying mechanism, the negative binomial distribution is generally
found to fit the data well, but it is not the only model to do so. As discussed, the
heterogeneous Poisson model is another candidate, as is the zero-inflated Poisson model
(ZIP). The ZIP is based on the assumption that certain households are effectively
immune from victimisation. The distribution of victimisation is therefore loaded onto a
restricted group of households whose concentration of victimisation is therefore higher
than expected by a simple Poisson process.
Intuitively it is difficult to imagine why a group of households should be effectively
immune from burglary. However, given an interactive theory of personal crime, it is
not difficult to imagine that certain population groups could be effectively immune from
serious assault. The elderly, for example, are at low risk of personal crime and some
groups of the elderly may be immune in a practical sense.
If the homogeneous Poisson process is inadequate in the count domain, it must logically
be lacking in the time domain. The exponential distribution implies that the risk of a
repeat victimisation over time (as given by the hazard rate) will remain constant.
Repeat Burglary investigates this assumption in some depth. There are several ways in
which the simple exponential decay distribution can be generalised. A simple
generalisation is to assume that there is a mixture of risk-groups to be examined. This is
a commonly-used strategy in recidivism research (Chung et al., 1991; Copas and
Tarling, 1988; Schmidt and Witte, 1988; Tarling, 1993). For example, some offenders
are assumed to be immune from further offending while others reoffend with
predictable risk rates. One unpublished paper has applied this approach to repeat
victimisation (Townsley, 2005). It finds evidence supporting immunity amongst a sub72

By ‘complete records’ Xekalaki meant that the exact time of each event was known.
The key concept in this research was ‘accident proneness’ and the determination of this propensity
proved to be analytically difficult and controversial in substance.
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group of victims. This model, in the time domain, has a direct analogy with the ZIP
model discussed above in the count domain and it mirrors earlier attempts by Sparks
(1981).
Other more general survival models include the Weibull model applied successfully to
recidivism analysis by a group of researchers (Broadhurst and Loh, 1995; Maller and
Zhou, 1996; Schmidt and Witte, 1988; Visher, Lattimore, and Linster, 1991). The
Weibull model was applied to repeat victimisation data by Spelman in a successful and
instructive way to examine repeat property and other crime at fast food restaurants.
Application of the unbiased methodology of survival analysis explains to a large degree
why its results drew attention to the longer-term patterns of repeat victimisation
connected with high- and low-risk places, rather than the short-term elevation of risks
due to prior victimisation events. Spelman found that:
permanent characteristics are approximately five times as important as temporary
characteristics in explaining repeat offences … (Spelman, 1995: 366).

Spelman also found decreasing risks of victimisation over time, particularly among
high-risk restaurants. However, one explanation of declining risks of future
victimisation is that unobserved heterogeneity will produce more evidence of declining
risks than actually exists. Unobserved heterogeneity refers to a situation where there are
variables that influence the likelihood of future victimisation, but they are either not
known or unmeasured in a given context of investigation74. If we had the knowledge to
subdivide victims more precisely into risk groups we would observe a flatter rate of
repeat victimisation over time (Heckman, 1986). This issue was discussed in more
detail with respect to Perth burglary data in Repeat Burglary. Given more extensive
data, we can model risk factors at the level of the individual household (e.g. the routine
activities of household members), the physical aspects of the dwelling (its vulnerability
and attractiveness) and the proximity of the dwelling and the household to offenders.
However, no single research study is fully comprehensive and there will always be risk
factors that are unmeasured and therefore unobserved.
There is still controversy concerning the identification of mechanisms of unobserved
heterogeneity and state dependence. Taibleson challenged the claim that detailed (or
complete) time information about the distribution could distinguish between state
dependence and heterogeneity mechanisms, claiming that:
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Unobserved heterogeneity is discussed more fully later in this section.
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… no amount of statistical information internal to the sampled process is sufficient for such
a distinction. (Taibleson, 1974: 877)

In other words one needs something else – a theory, or some external knowledge to
distinguish between them. If one has reason to believe that state dependence operates
on a short-term basis – see Repeat Burglary for some criminological hypotheses of how
this ‘should’ occur – then the absence of short-term effects supports heterogeneity.
However, if there are reasons to expect long-term state dependence as well as long-term
heterogeneity it will be very difficult to disentangle the mechanism underlying the
distribution of gaps between burglaries.
The problem of disentangling state dependence from heterogeneity is an important issue
across the social sciences in general. Accident research seems to have been the stimulus
for a great deal of this research, as mentioned above, and in recent years it has attracted
considerable attention of economists. Key areas of interest have been in the fields of
employment and discrete-choice analysis. An important unemployment policy question
is: Does unemployment predict future unemployment because it reflects a stable trait of
the unemployed or because of the set-back caused by a spell out of work75? Heckman
won a Nobel prize for his contributions to our understanding of issues such as this
(Blundell, 2001; Heckman, 1986). Heckman made use of panel data on female
employment whereby the same individuals were followed over successive periods of
time. He examined the sequence of events as well as the aggregate mix of
employment/unemployment. If heterogeneity is the underlying mechanism then the
sequence of events should be irrelevant, the ordering being generated by chance alone.
If sequencing is important then this supports state dependence. For older married
women Heckman concluded that state dependence was present – that workplace
participation has a real (positive) effect on future employment.
It should be possible to apply Heckman’s methods to repeat victimisation research, and
this possibility is discussed in the conclusion. In this chapter we focus on specific
issues concerning the temporal and spatial scales of (repeat) victimisation that can be
clarified by reference to simple victimisation models and the place of more complex
modelling approaches.
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In different contexts the insights into unemployment ‘spells’ have generated different results.
Heckman’s research has shown that the state dependence mechanism is an important factor for female
workforce participation (particularly for older married women), but is less important for young males.
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Review of results of the Poisson model
The scale of experience for repeat burglary
One question posed at the beginning of the chapter concerned the ‘natural’ time-scale
for repeat burglary, and to a large extent this question has been answered. The
parameter λ supplies the information we need. If we have a Poisson process that
generates five burglaries per 100 households per year the mean time between burglaries
for each household is 20 years. This means that in order to observe the ‘unfolding’ of
burglary in an area with this rate, we should ideally collect data for up to 20 years. An
alternative estimation can be obtained by examining the ‘half-life’ of burglary. The
half-life is the time taken for half of the households in an area to experience a burglary.
The appendix to this chapter shows that the ‘half-life’ of burglaries in an area
characterised by a homogeneous Poisson distribution and a burglary rate of five per
hundred households per year is 13.9 years. The time-scale will vary depending on the
background rate of burglary as found in the Appendix. For areas with lower burglary
rates the time-scale is longer and for areas with higher rates it will be shorter.
Extensions of the Poisson model provide some additional insights. If we are interested
in repeat victimisation of already burgled households we are likely to examine
households with higher burglary risks than the area-average. These households will
have higher values of λ and shorter periods of time will provide a good coverage of
burglary. In the Parkville area examined in Repeat Burglary, the high burglary-rate
sub-area had a victimisation rate of 14.2. In this area repeat victimisation rates were 1.5
those of the sub-area as a whole, not a large increase over the total burglary rate for the
area as a whole. The average time between burglaries was therefore 4.8 years and the
half-life of these burgled households was 3.3 years. Given that the ‘window of
observation’ is required to fit both an initial and a repeat burglary, the indications are
that a window of between 6 and 7 years would have been appropriate for the
examination the ‘natural history’ of burglary in the high-rate sub-area of Parkville and a
longer period of time would have been required to investigate burglary in the low-rate
sub-area.
Thinking about split models of burglary provides additional insight. Suppose 50% of
households are ‘immune’ from burglary. This means that the burglary rate over the
remainder of the area is effectively doubled and the time-scale is halved.
Regardless of these additional insights it seems reasonable to conclude that most
analyses of repeat burglary have operated with too short an observation window to
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arrive at reliable conclusions about the timing of repeat burglary. It is also arguable that
the study in Repeat Burglary should ideally have made use of a longer time-window
even though this period was far longer than most published studies of repeat
victimisation using police data76.
The above discussion should be taken as indicative only. It indicates the length of
follow-up time and the ‘time window’ required to observe half of the household suffer a
repeat burglary. The precise time required to investigate repeat victimisation patterns
depends on many factors. For example, there may be a parametric model that fits the
data well and in this case the adequacy of follow-up time will be evident from
parameter estimates77. Furthermore, the identification of ‘immune’ (burglary will never
occur) households or ‘cured’ cases (burglary has occurred but will never occur again) is
an issue of active statistical research in varied contexts (Klebanov and Yakovlev, 2005;
Maller and Zhou, 1996).

The natural spatial scale relevant to burglary and its repetition
A further issue of importance concerns the selection of a suitable unit of area over
which to examine the distribution of burglary. The key question of interest in this
chapter is how to choose a suitable scale of analysis so that area-driven heterogeneity
occurs outside the choice of unit, but within the unit there is homogeneity. This is a key
issue in applying the heterogeneous Poisson process discussed earlier in this section. If
we find a suitable unit of area then we can assign it a fixed value of λ in the statistical
models. This is not to say that variation of burglary rates will not occur within the area,
but the aim is that such variation is driven by the individual characteristics of
individuals, households and dwellings, not the environmental (area) backcloth. Repeat
Burglary introduced this issue in the context of survey and police sources of data and
argued that surveys only rarely provided data on a sufficiently refined scale to capture
small-area environmental risk. An exception was a study by Bottoms and colleagues in
Sheffield (Bottoms, Mawby, and Walker, 1987). Bottoms surveyed seven small areas
with populations between 2,500 and 3,000. A strong motivation in the design of the
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Note that the use of survival analysis allowed the follow-up period to longer than half of the window of
observation by making maximum use of data from the households suffering a burglary at the
commencement of the 5-year window. The survival analysis provided useful hazard rate estimates for a
follow-up period of three years and three months.
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In the case of radioactive decay scientists did not need to wait 760 million years to accurately estimate
the half-life of Uranium. The decay process was so well understood that the half-life could be accurately
calibrated over very short periods. However, in the case of repeat victimisation the shape of the ‘timecourse’ curve is not well known.
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Parkville study was the desire to investigate even smaller areas than had Bottoms and
test them for within-area homogeneity of burglary rates. This was achieved by
examining 6 small collection districts (CDs) within Parkville containing an average of
200 dwellings each. It was possible and necessary in this case (for generating reliable
data for the survival analysis) to aggregate these CDs into two broader areas with
relatively homogeneous rates of burglary. However, we include below an extension of
the analysis in the count domain to show that each CD has a burglary rate which differs
significantly from all others in the Parkville suburb.
In the empirical literature, however, there are varying scales of interest. Potentially the
smallest unit of analysis is the crime ‘hot spot’. Varying definitions of hot spots exist in
the literature ranging from ‘a small cluster of addresses’ (Buerger, Cohn, and Petrosino,
1995) or larger ad-hoc aggregations (Bennett, 1995). Thus the ‘scale’ of hot-spot
analysis may be variable. Past research has shown that the clustering of offences in hot
spots can be extreme78 (Sherman, Gartin, and Buerger, 1989), while other research has
shown that burglary hot-spots are likely to have high rates of repeat victimisation
(Bennett, 1995; S Guidi, M. Townsley, and R Homel, 1997; Pease and Laycock, 1996).
Crime hot spots can be stable or unstable and they change by day of week and time of
day (Ratcliffe and McCullagh, 1998) and will vary by crime-type (P.L Brantingham and
Brantingham, 1999).
Vinson and Baldry plotted the spatial distribution of child maltreatment in an attempt to
identify ‘clusters’ at a geographic level below the collection district (Vinson and Baldry,
1999). They used a template based on a grid of 200 metres by 200 metres and found
that, apart from concentrations of confirmed child abuse cases, survey respondents in
the clusters differed from respondents in other parts of the same suburb in their
(negative) perceptions of neighbourhood social cohesion. A feature of both hot-spots
and clusters is that they are defined after empirical examination of crime patterns, not apriori. This means that they are not suitable for use as a sampling frame for surveys or
other research, except at local levels and for specific periods of interest.
Moving to broader and more stable area-configurations we note the above comments on
the use of collection districts in the Parkville study and the areas of population of
between 2,000 and 3,000 examined by Bottoms (see also Section2, part 1). Another
refined unit of analysis is the ‘city block’ used in some studies of cities in the United
States. A larger unit of area available in the British Crime Survey is the ward. This
78

In the sense that a high percentage of offences may occur at a small number of addresses.
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was the smallest unit of analysis available to Osborn and colleagues in a series of
studies (Osborn, Elllingworth, Hope, and Trickett, 1996; Osborn, Trickett, and Elder,
1992; Osborn and Tseloni, 1998; Trickett, Osborn, Seymour, and Pease, 1992). The
ward is a unit with an average population of approximately 5,500 people and the modal
ward population lies between 4,000 and 5,000 (Brown, Dale, Elliot, Fieldhouse, Pickles,
and Tranmer, 2000), so it is larger than the areas used in Repeat Burglary and by
Bottoms. Larger units of analysis, such as the city or the region, are also used in
criminology, but they are not relevant to the current analysis. Brantingham and
colleagues draw attention to the importance of selecting a unit of analysis at a suitable
point on the ‘cone of resolution’ (P.J Brantingham, Dyreson, and Brantingham, 1976) –
a concept used by geographers. However theories of criminality and victimisation,
while providing principles for selecting the desired unit, are generally non-specific
concerning the physical units that should be selected. They apply to social constructs
such as ‘community’, ‘neighbourhood’, ‘zones’ and so on.
Given the complexity of the issue of spatial scale, it is appropriate to reiterate the
reasons for making as refined a selection as possible of the area-unit in the analysis of
repeat burglary. This is simply to allow models that incorporate area (or contextual)
effects to do their job in the best way. If the chosen unit of area is too big, then true
contextual effects will be less likely to be observed because they will be clouded by
within-area heterogeneity.

Connecting the time scale of repeat burglary with heterogeneity, spatial scale, and the
relative importance of short-term and long-term processes of repeat burglary
It is appropriate at this point to explain and defend a decision made with respect to the
survival analysis in Repeat Burglary and to provide an example of how heterogeneity is
expected to affect the ‘time course’ of repeat victimisation. In that paper I made a
decision to conduct a survival analysis including all available burglary events in the
five-year period of observation. This meant that addresses experiencing more than two
burglaries were entered into the analysis more than once. The decision to include all
events was made to increase the number of points in the survival model and thereby
improve the statistical reliability of the hazard rate estimates. I have received several
comments querying this approach. The criticism is that first repeat burglaries may have
a different time-pattern than subsequent repeats and that this could potentially change
the results presented in Repeat Burglary. Although I made no comment on this issue in
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the original paper I did conduct the alternative analysis as a test on the robustness of the
original approach. The results of this analysis confirmed the patterns found in the
published paper. These results are presented below for Parkville as a whole for both the
short-term and long-term analysis. The results for the sub-areas of Parkville are not
presented below, but they also show the same results as found in the original study.
Figure 2.2.2
Parkville repeat burglary hazard rates in 4-week follow-up periods
Hazard rate for all repeats

Hazard rate for first repeats

12

Hazard rate per 100 dwellings

10

8

6

4

2

0
0-4

5-8

9-12

13-16

17-20

21-24

25-28

29-32

33-36

37-40

41-44

45-48

49-52

Time period in weeks

Figure 2.2.3
Parkville repeat burglary hazard rates in 12-week follow-up periods
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The issue of time scale and heterogeneity was discussed briefly in Repeat Burglary.
The brief explanation of the longer-term patterns of repeat burglary in Parkville was that
79

“the declining Parkville hazard is at least partly caused by risk heterogeneity which
ensures that high-risk households are burgled quickly and drop out of the analysis, while
low-risk households remain79” (Repeat Burglary 2001: 106). This explanation is
worthy of some elaboration and of an extension of the analysis to the Newville area
which showed very high-risk of repeat burglary in the first month after a prior burglary.

Using heterogeneous Poisson model mixtures to explain rapid repeat victimisation
The argument used in Repeat Burglary is used commonly in the analysis of recidivism
survival models (Tarling, 1993). However, its force becomes more evident with the
provision of examples. The usual expectation is that mixtures of households with varied
risks of repeat burglary will produce a distribution of hazard rates that shows a gradual
reduction in the hazard rate over time, even if each single risk category displays a
constant hazard consistent with a (heterogeneous) Poisson process. This was the
approach taken in Repeat Burglary. However, I show below that even a very sharply
declining hazard rate, such as appears in the Newville area after the first four weeks of
exposure, can arise via heterogeneity rather than state dependence. The sharp drop in
the hazard rate in Newville was taken as evidence of state-dependency in Repeat
Burglary. Plunges in the risk of repeat burglary after the first month have also been
interpreted as evidence for state-dependency in other studies (Bottoms, 1994).
After displaying the models I query the plausibility of the heterogeneity assumptions
that support them. However, the analysis again shows the utility of the simple Poisson
model as a thinking tool for the analysis of repeat victimisation. It allows fairly precise
estimates to be made as to the form of heterogeneity required to produce a particular
hazard rate pattern. It also reinforces the fact that ‘pure statistics’ cannot distinguish the
mechanisms of operation of repeat burglary – there is a need to make additional
assumptions using criminological theory and common sense.
Two mixed Poisson models are used to produce a severe plunge in repeat burglary
victimisation after the first month of follow-up. The first model is the simplest. It
assumes that there two types of dwelling. One has a (constant) repeat burglary rate of
0.05. These constitute 85 percent of the dwellings in the area. The other has an
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Note that this statement is still true if all repeats (rather than just first repeats) are included in the
analysis. High burglary-risk households that suffer a fast first-repeat can also be expected to drop out
early when they are followed up for further repeats, assuming they are at constant high risk of any further
victimisation.

80

extremely high burglary revictimisation rate of 40 per annum. These dwellings
constitute 15 percent of the dwellings in the area.
The second model assumes that there are three types of dwelling. The first (55% of
dwellings) has a burglary revictimisation rate of 0.05. The second (15% of dwellings)
has the extreme rate of repeat burglary of 40. The third (15% of dwellings) is assumed
to be ‘cured’ from further burglary victimisation. The results from both models are
similar and are plotted in Figure 2.2.4.
Figure 2.2.4
Hazard rate for 2- and 3-component mixture models
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Both models produce a similar time-pattern of burglary as found for Newville over a
period of 12 months. Model 2, the three component model, produces a greater plunge in
risk after the first month. First month rates of repeat burglary are almost 7 times the rate
of the second month. However, there is still some spill-over in risk into the second
month. Second month rates of repeat burglary are still 27% higher than those in the
third month. Risks in the third and subsequent month flatten out considerably because
they are driven almost exclusively from then onwards by the second component of
dwellings in the mixture – the dwellings with repeat burglary rates of 0.05.
Model 1 with only two components also closely reproduces the pattern found in
Newville. The plunge in hazard rate from the first month to the second is not quite so
extreme. The month 1 hazard rate is just over 5 times the month 2 hazard rate. On the
other hand the repeat burglary risk flattens out even more quickly after month 1. The
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rate of repeat burglary in month 3 is only 17% greater than the month 2 rate, and the
rates in subsequent months are very close to those in month 3. Again, the repeat
burglary process from month 2 or 3 onwards is driven by dwellings with rate 0.05. The
high-rate dwellings have mostly suffered repeat burglaries in the first month of risk and
have little influence on the area-rate afterwards.
These models illuminate the statistical problem of identification discussed earlier in this
chapter. They allow us to see that even a sharply plunging hazard rate can be attributed
to heterogeneity, rather than state-dependency. However, we need to examine the
plausibility of the heterogeneity assumptions made. Specifically, is it ‘reasonable’ to
propose that some dwellings in the area have a repeat burglary rate of 0.05 while others
have a rate of 40 (i.e. 800 times the risk of the other dwellings)? Intuitively this seems
implausible and the evidence seems inexorably to support a state dependence
explanation in Newville. Nevertheless, the analysis shows the flexibility of simple
Poisson models and their utility in allowing us to be specific about the heterogeneity
and the extremes of differential burglary revictimisation rates required to produce
plunges in risk after exposure of one month.
Later in this chapter we examine in further detail the most recently published
heterogeneity models using the British Crime Survey (for example Tseloni, 2006).
These models present evidence of extreme variations in burglary risk80. The current
section prompts us to investigate whether the modelling (in the absence of information
about state dependent effects) is artificially inflating the extent of estimated
heterogeneity in count models of burglary. However, if these models are valid then the
implication that heterogeneous Poisson models discussed above are implausible may
need to be reassessed. Note that the models discussed above ensure a very rapid decline
in the hazard rate from the first to the second month. They represent an extreme
example compared with other more gentle decays that have been reported in the
literature. The models therefore demonstrate that even very sharp plunges in the hazard
rate can result from risk heterogeneity rather than state dependence mechanisms. It
may therefore be possible to model more gentle decays in the hazard rate without
assuming extreme differences in hazard rates between groups of households.
Up to this point I have discussed heterogeneity and its effects on the time-course of
victimisation. However, the link between heterogeneity and spatial scale, discussed
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For example, the number of burglaries suffered by lone-person households ranged from 0.31 to 49.4
between the 2.5th and 92.5th percentile of areas (with mean 0.51) – a ratio of 159.3.
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above, can also be addressed. It was argued above that heterogeneity at area-level is
linked with the choice of a suitable unit of area (suitable spatial scale). Given the links
between heterogeneity and the time-course of repeat burglary, we are also able to link
spatial scale with time-course. If the unit of area is suitably specified then area-level
heterogeneity is minimised. In other words suitably chosen area boundaries will ensure
that heterogeneity occurs between areas rather than within them. There is therefore a
potentially strong link between spatial scale and what is visible in the time domain. The
best choices of spatial scale will ensure that the hazard rates will remain as flat as
possible over time. Space and time become entangled in a common metric for
understanding repeat victimisation and space-time dependence is somewhat analogous
to the metrics used in special relativity, even though the metric for repeat victimisation
is not precisely definable as it is in special relativity81.
The issue of state dependence and risk heterogeneity has substantive significance in
criminology. Place82 has established itself as a matter of importance in criminology as
discussed earlier in the chapter. One focus of repeat victimisation research, however,
has been on elevated risks in time soon after an initial victimisation. If there are highly
elevated risks of victimisation then crime prevention and policing – it is argued – should
have a very specific and urgent time focus immediately after the crime event.
Spelman’s analysis of crime in fast-food restaurants found, however, that permanent or
enduring characteristics of places were approximately five times as important as
temporary characteristics in explaining repeat offences (Spelman, 1995). This led him
to argue the benefits of long-term problem solving.
I have demonstrated above that the separation of place and time effects (risk
heterogeneity and state dependence) is by no means straightforward. However, it is
somewhat easier to examine whether repeat burglary is a short-term or long-term
phenomenon. The force of the arguments presented in Repeat Burglary and also in this
chapter is that there are enduring differences between areas that operate over relatively
long time-spans. My arguments provide more support to the position of Spelman and
less support to the (mainly) British researchers who emphasise the virtues of rapid crime
prevention responses following an initial burglary. Nevertheless, the position is not
entirely one way, as suggested by the first-month risks of repeat burglary in Newville.
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Special relativity assumes that space and time can be subdivided arbitrarily, while repeat victimisation
research needs to select spatial scales and boundaries with particular care.
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Place can be represented at various levels of definition, as defined earlier.
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Is repeat victimisation more important in high-rate or low-rate burglary areas?
Repeat Burglary presented an argument for the importance of repeat victimisation in
low-crime areas, in contrast to most published analyses. It examined two sub-areas in
the larger suburb of Parkville and found that
(a) Prior victims of burglary in the low-crime area of Newville faced a risk of future
victimisation 2.7 times greater than that of Newville as a whole, but for Oldville the
elevation in risk was limited to a factor of 1.5.
(b) Newville victims faced higher risks of repeat victimisation than Oldville victims in
the first four weeks after a burglary.
(c) Oldville victims nevertheless faced higher risks of future victimisation than
Newville victims even though the gap in future risk was narrower than the gap in
risk for non-victims.
The analysis showed therefore that, in the suburb under examination, repeat
victimisation was in some ways more important in its low-crime sections than its highcrime sections. However, the weight of evidence in other countries, particularly in the
United Kingdom, has been that high-crime areas suffer a ‘greater than expected’ rate of
repeat victimisation. The ‘expected’ rate of repeat victimisation has been based on the
Poisson distribution, and the methods used to calculate repeat victimisation that is
‘greater than randomly expected’83 are similar to those used in this chapter.
The evidence for this effect is discussed by Tseloni and colleagues (Tseloni et al., 2002)
and one of the studies providing key evidence was conducted by Trickett and colleagues
(Trickett et al., 1992)84. There are two aspects of the Trickett study that could lead to an
exaggeration of this effect, however. The first is that they categorised areas into 10
‘deciles of risk’ after ranking areas from the lowest crime incidence to the highest.
Equal numbers of areas were allocated to each decile. However there is some evidence
in the data of variation in the ranges of incidence covered in each decile85. In particular,
there is a greater range of incidence rates in the deciles of highest incidence. One would
therefore expect to find a greater degree of dispersion in these deciles than one would in
lower incidence deciles where there is a more homogeneous spread of incidence rates.
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Another way of expressing this feature is to say that the degree of overdispersion is greater in highcrime areas. Overdispersion was discussed earlier in this chapter.
84
This is not the only study providing evidence of the ‘high-crime-more than expected repeat
victimisation’ effect, however.
85
The published rates of prevalence and ‘vulnerability’ in Table 2 of this paper (concentration has
become the standard label for this term now as discussed earlier in this section) were used to reconstruct
the incidence rates used here.
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The second aspect affecting the Trickett study and many others is that the basic unit of
area available was the electoral ward. As discussed earlier in this chapter, the ward
(median population between 4,000 and 5,000) may be too large a unit to be
homogeneous with respect to area-risk. If the area unit is misspecified the results
concerning over-dispersion may be unreliable. Nevertheless, it must be acknowledged
that the study by Trickett and colleagues provides stronger evidence that any other that
repeat victimisation is higher than expected in high crime areas. An important aspect of
the modelling by Trickett and colleagues was their use of a benchmark for victimisation
dispersion. They calculated an expected rate of repeat victimisation, or concentration,
against which the actual rate of repeat victimisation could be compared. This approach
is equivalent to the approach of this section of the thesis, which uses the Poisson
distribution as a benchmark or null model. The approach is worthy of a label and it will
be used later in this section and also in the conclusion to this thesis. I will call it the
sophisticated version of concentration. It may be compared with a naïve version of
concentration which merely refers to repeat victimisation or concentration without
reference to the overall victimisation rate. As discussed throughout this section, the
Poisson model leads us to expect that the higher the rate of overall victimisation, the
higher should be the rate or percentage of repeat victimisation (naïve version). The
Poisson model will therefore furnish us with the expected level of repeat victimisation
for distributions with varying rates of overall victimisation. If the actual rate of repeat
victimisation is higher than predicted by these models then we have high rates of repeat
victimisation or concentration according to the sophisticated version. As can be seen
later in this section the two concepts are not equivalent and they are both particularly
useful in examining (a) a proposed measure of inequality of victimisation distribution
discussed later in this section and (b) the sense in which repeat victimisation is
important for victimisation and crime prevention discussed in the conclusion to this
thesis. The label ‘naïve’ is not intended to be derogatory. It will be seen that both the
naïve and sophisticated versions of victimisation concentration furnish important
insights into repeat victimisation and its links with crime prevention.
The results presented in Repeat Burglary provide an interesting counter-example to
those of Trickett and colleagues showing that high-crime areas have more repeat
victimisation than expected. I present below an extension in the frequency domain of
the Repeat Burglary survival modelling. This analysis extends that of the original paper:
(a) By modelling all burglaries in Parkville, not simply repeat burglaries, and
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(b) By breaking down the area into the six original collection districts (CDs), rather than
the two amalgamated sub-areas used for the survival models86.
Using the statistical package STATA an attempt was made to fit random (Poisson)
models at CD level. The analysis uses STATA procedures to fit Poisson and Negative
Binomial models of frequency counts and post-estimation diagnostics for goodness of
fit. In particular the diagnostics written in STATA by Long and Freese (Long and
Freese, 2006) are particularly helpful.
The results of the analysis are presented in Figure 2.2.4. The areas used are described in
Repeat Burglary. Each chart indicates the difference between the observed and
predicted probabilities of experiencing a given number of burglaries for a Poisson
model and a negative Binomial model. The Poisson model is a special case of the
Negative Binomial model and logically the Negative Binomial must produce a closer fit
to the observed frequencies because it has an additional parameter for estimation.
However, the statistical diagnostics indicate whether the ‘cost’ of using the additional
parameter is necessary. The charts indicate that in two of the six CDs a Poisson model
provides an adequate fit to the data. The best fit to a Poisson model is found in the
‘Gateway’ CD but also burglary counts in the ‘Seventies’ CD are found to be
adequately fit by the Poisson model. In the other four CDs the Poisson model is
rejected in favour of the Negative Binomial.
The results with respect to burglary counts extend the results presented in Repeat
Burglary. In particular they:
•

use all households, including those with no burglaries over five years, and

•

model individual CDs not simply aggregates in two larger areas.

Nevertheless, the results confirm that a simple Poisson process is an adequate
mechanism to model burglary victimisation in Gateway, one of two CDs in Oldville, the
high-risk sub-area of Parkville. By comparison, a Poisson model is adequate in only
one of the four CDs in Newville, the low-risk sub-area. The findings provide general
and additional support for the conclusion in Repeat Burglary that repeat victimisation is
just as important in low-burglary areas as in high-burglary areas. Furthermore, this
analysis demonstrates clearly the contrast between the naïve and sophisticated versions
of concentration. In one of the high burglary CDs (Gateway) the rate of repeat
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The smaller number of repeat burglaries did not support survival analysis at the level of CD.
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Figure 2.2.5: Count models for Parkville Collection Districts
Seventies (Newville)
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PRM indicates the fit of the Poisson model
NBRM indicates the fit of the Negative Binomial model
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victimisation is adequately predicted by a random model while, for three CDs in the low
burglary area (Newtown, Edgebourne and Flat City) the random model is
unsatisfactory. However, the percentage of repeat victimisation in Gateway is higher
than the percentages in Newtown, Edgebourne and Flat City. This means that Gateway
ranks higher on the naïve version of concentration than these other CDs, but ranks lower
on the sophisticated version of concentration.
In the four CDs where a Poisson model is inadequate the rate of repeat victimisation is
higher than predicted by a random, unitary process of victimisation. The need for a
Negative Binomial model indicates either unobserved heterogeneity of risk and/or a
state-dependent mechanism in operation. It is likely that both processes are important
given the analysis presented both here and in Repeat Burglary. Using one predictor of
burglary at the level of CD will not allow for variations in risk at household level, as
discussed earlier. Similarly the time-pattern of repeat burglary evident in Newville
seems unlikely to be consistent with a heterogeneity model despite the possibility of an
extreme heterogeneity model. As discussed earlier in this section such a model is
possible but not plausible.
Finally, the model confirms the need emphasised earlier in this chapter to model
burglary victimisation at very refined levels of geography. The statistical models
developed here show that each of the six small CDs exhibits a burglary rate significantly
different from all other CDs in Parkville. The results are not simply different in a
statistical sense, they are substantively significant. Five-year burglary rates among CDs
vary widely from 8 percent to 74 percent as indicated in figure 2.2.4.

Poisson models and the determination of inequality in victimisation levels
Tseloni and Pease, making an analogy with income distribution, have argued that
Lorenz curves can provide a simple indicator of the degree of inequality in the
population distribution of victimisation (Tseloni and Pease, 2005). Lorenz curves are
generated by first ordering the population in terms of its experience of victimisation
event frequency87. Second the cumulative distribution of victimisation events is plotted
against the cumulative distribution of the population. Lorenz curves make graphically
explicit the notion of victimisation concentration. A straight line connecting the point
(0, 0) to the point (100,100) is taken to indicate absolute equality in the distribution of
87

The population is ordered into those experiencing no victimisation, one event, two events and so on.
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victimisation. This would imply that each individual experienced exactly the same
number of victimisation events.
Tseloni and Pease consider inequality in two ways, first as inequality among the total
population and second as inequality among victims. Given the relatively low
prevalence of crime it is impossible – and undesirable – for equality to hold over a
whole population88. Such a situation would hold only come into play if all individuals
or households experienced exactly one victimisation event89. However, if one examines
the population of victims it is possible to explore inequality by examining how far away
the Lorenz curve strays from the diagonal line discussed above. Equality among
victims would mean that each victim experiences just one event and no more.
The discussion presented here does not focus on the difficulties of measuring repeat
victimisation. This was discussed in Section 1 and its implications will be discussed in
the conclusion. Assuming that adequate measurement is possible the question is how to
best measure inequality in repeat victimisation. Furthermore, the question of how one
should assess the distribution of victimisation is not merely an academic matter. In the
United Kingdom for example various performance indicators have been developed that
are not simply about crime reduction, but are also concerned with the reducing
inequality in the distribution. Tilley for example examines the advantages and
disadvantages of developing a Key Performance Indicator (KPI) for crime prevention
based on reducing the extent of repeat victimisation. Another example of a
distributional KPI was expressed as:
… no Local Authority area having a domestic burglary rate … more than three times the
national average (Neighbourhood Renewal Unit, 2000)

The Poisson distribution lends itself for use in another way – as a benchmark for
assessing inequality in victimisation. Recall that the simple or homogeneous Poisson
distribution is based on the assumption that the probability of becoming a victim is
constant across the population of interest. This certainly represents equality, even
though it is expressed in probabilistic terms. Any differences in the actual victimisation
in the population occur by chance alone. It is inviting therefore to use the Poisson
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With respect to income we are dealing with a continuous variable whereby all employable individuals
gain some income, whether by direct earnings or welfare. With respect to crime we are dealing with a
frequency variable with a low prevalence (say a burglary prevalence of less than 10% per annum across
Australia). This means that a large majority of the population will not experience a burglary in any given
year.
89
If all individuals or households experienced two or more victimisations the outcomes would be even
worse.
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distribution to test the idea of Tseloni and Pease that Lorenz curves provide an accurate
and simple graphical measure of inequality. The results of this test are presented in
Figure 2.2.5 which plots Lorenz curves for three Poisson distributions with different
values of λ.
The chart shows that as λ increases the Lorenz curve drops further away from the
diagonal line dividing the chart in two. If we interpret the Lorenz curve in the usual
way – as an indicator of inequality – then there is difficulty in reconciling this with the
assumption that the probability of victimisation is equal for the whole population in all
three of the Poisson distributions plotted on the chart.

Figure 2.2.5: Lorenz curves for crime victims
Poisson distribution with varying lambda
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There is therefore a problem in using the Lorenz curve as an indicator of victimisation
inequality. The curve responds to the absolute level of repeat victimisation – as λ
increases, repeat victimisation increases. However it does not take into account the fact
that repeat victimisation may increase by chance alone. In all three Poisson models there
is no independent role for repeat victimisation. The probability of initial victimisation is
the same as that for a repeat.
Tilley takes a different approach to the assessment of repeat victimisation. While not
mentioning the Poisson distribution by name he generates expected numbers of repeat
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victimisations by using an equivalent methodology adapted from Trickett and
colleagues (Trickett et al., 1992). This approach assumes that the Poisson distribution
provides a benchmark for repeat victimisation and that inequality in the distribution of
crime should be measured by the degree to which victimisation patterns deviate from
the Poisson. At the same time, Tilley is reluctant to adopt repeat victimisation reduction
as a key performance indicator without reference to prevalence (Tilley, 1995: 17). This
approach is consistent with the inference that repeat victimisation is expected to be low
in low crime areas, and that a focus on repeat victimisation will present a small target
for action in absolute terms.
The Poisson distribution again shows its utility as a thinking tool for examining repeat
victimisation. It points to the limitations of the Lorenz curve for the analysis of crime
distribution – at least at the level of individual victims90. The analysis presented again
highlights two alternative approaches to the interpretation of repeat victimisation and its
reduction. The first, illustrated by the Lorenz curve, focuses on repeat victimisation in
absolute terms and the second focuses on repeat victimisation as a deviation from
randomness. In the first interpretation we can be interested in repeat victimisation and
inequality even though there is nothing unique about repeat victimisation. This
interpretation responds to what has been labeled earlier in this section as the naïve
version of concentration. In the second our interest in repeat victimisation is driven by
‘greater than chance’ processes where there may be something special about the
processes of repetition. This interpretation was also defined earlier in this section as the
sophisticated version of concentration.

The potential impact of eliminating repeat victimisation on total crime rates
One of the questions of interest in repeat victimisation research is the extent to which
the reduction of repeat victimisation can reduce total victimisation. At one level, the
reduction of repeat victimisation has intrinsic value. It minimizes the extent to which
crime is experienced by a small number of potentially vulnerable individuals. However,
at a more general level, the promise of repeat victimisation reduction is its potential to
reduce the total crime rate.
With respect to this question there are some warnings and insights from the public
health literature that criminologists would do well to heed. In particular, the late
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Geoffrey Rose identifies two alternative approaches to disease control that he labels
high-risk and population strategies to promoting public health and minimizing disease
(Rose, 1992: 13-14). Rose identifies an irony of preventive medicine, in that many
individuals must take precautions for illness to be prevented in just a few. For example,
an individual who gives up smoking in middle age may reduce his or her chances of
being alive in 20 years by less than 10 percent. Because absolute risk is low, it will
require the action of many such individuals to make a difference to disease or death
rates across the whole population.
Mass approaches to public health, such as fluoridation of the water supply, air pollution
control, or public health campaigns directed at the whole population may have a large
impact on health, but they are indiscriminate and expensive. These are examples of the
population strategies discussed above. They are appropriate whenever the risk of
disease is widely and evenly distributed throughout the population. More efficient and
targeted approaches to prevention are labeled high-risk strategies. They avoid the
wastefulness of population approaches and do not need to involve individuals who are
not at high risk of contracting the targeted disease. Nevertheless, the high-risk approach
depends first on the extent to which those individuals identified as ‘high-risk’ have
substantially higher rates of disease or death than others in the population. Another
matter of importance is the relative size of the high-risk component within the
population. For many diseases the number of illnesses or deaths generated by the highrisk population segment is relatively small. Rose’s book includes many examples of
diseases where the bulk of deaths or illnesses do not come from this high-risk segment.
In these examples the majority of deaths or diseases come from the larger part of the
population which is not assessed as high-risk. In these cases the well-targeted high-risk
strategy has a limited effect on the overall health of a population compared with the
relatively indiscriminate population strategies. One of the examples used by Rose is
coronary heart disease and its relationship with high cholesterol levels. Rose calculated
that a population strategy reducing average cholesterol levels by 10% would reduce
coronary heart disease by 25%. On the other hand, a high-risk strategy was assessed as
having the potential to reduce the disease by only 10% (Rose, 1992: 77).
Rose’s insights link the average population risk with the percentage of individuals in
that population who are assessed as high-risk. Those populations whose average risk is
high will have higher percentages of individuals assessed to be high-risk. The analogy
with burglary prevention is relatively straightforward and the issue links naturally with
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the discussion of inequality earlier in this section. If the burglary rate for the whole
population is low then fewer individuals are likely to experience repeat victimisation.
Seen in this way, the naïve version of concentration defined above cannot be dismissed
in favour of the sophisticated version. The simple insight is just this – reducing total
burglary should reduce repeat burglary.
Nevertheless, there remains a need to examine the reverse effect – the impact of
reducing repeat victimisation on total crime rates – in the context of crime prevention
rather than disease. Crime prevention strategies targeted at victims may be seen as a
criminological example of the high-risk strategy. It is therefore instructive to explore
the maximum impact that reducing repeat victimisation could have on the total crime
rate. Reverting to the results of the 1998 Crime and Safety Survey (Australian Bureau
of Statistics, 1999), we note that the total number of burglaries (including both
completed and attempted break and enter victimisation offences) was 34% higher than
the number of household victims. Therefore if a fully effective program to eliminate
repeat burglary was devised then the total burglary rate in 1998 could have been
reduced by 34%91. Of course the complete elimination of repeated burglary has never
been achieved in any burglary reduction program, so the figure of 34% is not fully
achievable. Furthermore, while a large fraction (78%) of completed burglaries is
reported to police, only 32% of attempted burglaries are reported. This means that a
repeat victimisation reduction strategy based only on burglaries reported to police will
be more limited in impact than the above calculations suggest.

The drip feeding of crime prevention benefits
One proposed advantage of victim-focused crime prevention is that it allows a useful
tempo for the allocation of crime prevention resources. However, past research seems
to have paid little attention to the expected tempo of crime prevention benefits. This is
an oversight that has the potential to influence the results of repeat victimisation
evaluations. A brief discussion is sufficient to cover the main thrust of the argument.
When interventions have been implemented they make (sensible) use of the tempo of
victimisation. For example, an area that has 1200 burglaries per year will expect about
100 burglaries per month in the absence of seasonal effects. Let us assume also that the
victim-based intervention has been implemented over the period of 12 months. The 100
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A program making use only of burglaries reported to police would have been less effective than this
because attempted burglaries are less likely to be reported to police but are more likely to be repeated.
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burglaries in the first month will be the target of an intervention and one assumes that
the intervention will successfully prevent future burglary at many of them. These
households will presumably be ‘immunised’ for the remainder of the year. The burglary
rate in the area will decline because in the normal course of events many of them would
have been re-burgled within the 12 months of the project. However, the timing of crime
prevention benefits will necessarily lag the timing of crime prevention resource
allocation and this is clear if we examine what happens in the final month of the
intervention. For these final 100 burglaries there is an average period of less than a
month for the intervention to demonstrate an effect. On the other hand, the benefits
should continue to flow after the completion of project intervention period because
some repeat burglaries beyond the end of the intervention period will still be prevented.
The expected lag in benefits will depend on the time-course of repeat burglary in the
area. British research and intervention evaluation has assumed that the time lag
between repeat burglaries is small (Repeat Burglary examines this issue). However,
this thesis, including Repeat Burglary, argues that there is a longer term time-pattern to
repeat burglary and that there has been a bias toward findings that repeat victimisation
occurs rapidly.
The main argument here is that the time-course of repeat would need to be extremely
rapid for most of the crime prevention benefits to be visible within a single year. For
example, if the bulk of repeat burglaries were experienced within two months then the
benefits would be spread over 14 months – we would expect some growth in benefits
over months 1-2 of intervention and some decline in benefits in months 13-14 (after
interventions had been completed). On the other hand, if the bulk of repeat burglaries
took one year to be experienced then one would expect the benefits of victim-based
burglary prevention to be drip-fed over a period of two years. Depending on the precise
time-distribution of burglaries one would expect the benefits to build up gradually over
the first year and then to decline by the end of the second year (12 months after the
completion of the intervention).
Given the arguments that resource distribution is handled naturally and conveniently by
victim-based crime prevention, it is surprising that close attention has not been paid to
the flow of benefits from this form of crime prevention. Furthermore, if repeat burglary
has a longer time-course than is sometimes claimed (one of the major arguments of this
thesis) then the implications for the evaluation of victim-based crime prevention cannot
be ignored. If project benefits seem to flow through largely during the period of
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intervention then it seems that the prevention of repeat victimisation cannot be the
major driving mechanism unless the time-course of repetition is extremely short92. On
the other hand, it may be that successful interventions have not been detected in some
projects because evaluation follow-up time has been inadequate. This issue is discussed
further in the conclusion to this thesis, but three intervention examples provide some
immediate food for thought.
First, the Kirkholt project operated over an extended period of time and continued to
show benefits in its second phase. The magnitude of the Kirkholt impact may therefore
have been connected with the arguments presented above, in that the interventions
established early in the project may have continued to flow through for a period of four
years. Second, the final Huddersfield project report (Chenery, Holt, and Pease, 1997:
24, Figure 4) presented information about the detailed time-course of total burglaries in
the intervention are over a 27 month period. The relevant chart makes it clear that
substantial burglary reduction in Huddersfield did not become evident until at least five
months into the project and it then continued to grow until the 27th month after project
commencement. The authors report on project interventions that occurred until month
15, so it appears that burglary reduction benefits kept flowing after interventions had
been completed. The authors make little comment on the detailed time-pattern of
burglary reduction, although they do note an average burglary reduction of 20% ‘over
the second half of the project’ (Chenery et al., 1997: 24). The flow of benefits in the
Huddersfield project therefore seems entirely consistent with a crime prevention benefit
that was considerably lagged with respect to project implementation. Finally, the South
Australian Residential Break and Enter Pilot Project (Morgan, 2002: 40, Figure 5)
showed that total burglaries did not decrease relative to a comparison area until the
period six months after project completion. The lack of burglary reduction prior to this
period may well have resulted from program failure, however it is also possible that the
results partially reflect a time-pattern of repeat burglary that was longer than that
experienced in Huddersfield. If repeat burglary operates on a long-term basis we should
expect longer delays for the benefits of burglary reduction to flow through. These
issues are discussed in the conclusion to this thesis.
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The conclusion discusses other mechanisms, including the dispersion of benefits through ‘cocoon
watch’ and project publicity.
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Recent research using surveys to estimate the effects of individual- and area- factors
and the impact of unobserved heterogeneity
In recent years several authors have used sophisticated statistical techniques to examine
the relative impact of individual- and area- risk factors and also to model unobserved
heterogeneity in repeat victimisation. Because they provide access to data with
relatively comprehensive information about individual risk factors surveys provide the
base data for the research in question. The most recent and one of the most statistically
sophisticated of these studies was conducted by Tseloni (2006). The study used data
from the 2000 British Crime Survey and modelled predictors of household burglary and
theft93 at both household and area levels using the negative binomial model which, as
discussed earlier in this section can be interpreted as being generated by heterogeneous
Poisson processes, by state dependence or by mixtures of these processes. As well as
including fixed effects, the model included interaction terms between them. The
Tseloni study extended previous burglary research in three ways. First it made use of
multilevel models to account for the clustering of households within areas. Second it
modelled unobserved heterogeneity – that is heterogeneity arising from variables not
specifically measured in the survey. In the course of this modelling it estimated random
covariances at household and area levels. Third it revealed significant interactions
between variables not found previously. The study was not able to test for state
dependence mechanisms because the survey provided information from only a single
time period. Nevertheless, Tseloni makes an important comment about the state of
current research with respect to this issue when she says (Tseloni, 2006: 206);
Recent evidence, however, suggests that prior victimization acts as a proxy for high initial
risks of victimization (heterogeneity) which are not otherwise captured by the explanatory
variables that are used in the model … .If all individual, household and area characteristics
related to the victim had been known and accounted for in empirical victimization models
victimization history may have had little or no predictive power.

This statement leaves little room for state dependence as a major mechanism in repeat
victimisation research and I will return to this point. Nevertheless Tseloni’s summary
of recent research seems to accurately summarise the findings of several sophisticated
studies which do test for the relative influences of state-dependent and heterogeneity
mechanisms.
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The study also developed statistical models of total household crimes.

96

Tseloni’s study combines statistical sophistication with a range of substantively
interesting results, several of which are particularly relevant to this thesis.
1. Tseloni’s study confirms many aspects of routine activity theory, including the role
of the ‘suitable target’ (attractiveness).
2. However, prior research on the potentially opposing influences of the area and the
individual household are confirmed. Tseloni found, along with other researchers
(Rountree, Land, and Miethe, 1994; D. A. Smith and Jarjoura, 1989) that attractive
targets operate within prescribed contexts. In particular, affluent households within
poorer areas are susceptible to victimisation, while at the area level poverty is
positively correlated with burglary and theft. In other words affluence and poverty
have opposite effects at the different levels.
3. Nevertheless, while many individual and area variables significantly affect burglary
victimisation. Household risk factors seem to have greater influence than area risk
factors.
4. Tseloni argues that certain random effects have significance for crime prevention.
In particular it seems that particular household risk factors are transferable within
areas. This means that crime prevention initiatives targeting households with these
risk factors may lead to displacement of burglary and theft within the area instead of
burglary reduction.
5. The final statistical models developed by Tseloni indicate that there are huge
differences in rates of burglary across households in the United Kingdom.
With respect to point 5 and as noted earlier in this section, the rapid decay of repeat
burglary hazard in the small sub-area of a Perth suburb is consistent with heterogeneity
of burglary risk as well as state dependence. However the heterogeneity explanation
was rejected because the differences in risk to produce the observed time pattern were
considered implausibly large. The differences in risk of burglary and theft evident in
Tseloni’s study in the count domain indicate that we should expect the time course of
repeat victimisation (aggregated over the entire United Kingdom) to exhibit a fairly
rapid reduction in the hazard rate over time. Nevertheless, we should expect a less
pronounced reduction in hazard than observed in the small sub-area of the Perth suburb
because of the more continuous mixture of risk in households across this national
sample.
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While Tseloni’s models are some of the most sophisticated of those using count data,
several limitations can be noted. Tseloni draws attention to several of these limitations,
including the absence of information about victimisation in periods prior to the survey.
The lack of longitudinal information about victimisation forces Tseloni to interpret the
negative binomial count model as arising from heterogeneity rather than state
dependence and she has no empirical means of distinguishing between these competing
mechanisms. Nevertheless, prior research by Tseloni and others suggested to her that,
with respect to personal victimisation, heterogeneity was less important mechanism than
state dependence (Tseloni and Pease, 2003). Furthermore, the limitations of survey data
become apparent when Tseloni discusses the impact of security measures on
victimisation, the data do not allow her to determine whether or not security measures
were in place before the burglary or theft took place or were installed after one or more
of these victimisations occurred (Tseloni, 2006: 220).
The recent research studies by Tseloni and others indicate a shift in balance in the
literature towards risk heterogeneity as a prime explanation of repeat victimisation – the
major emphasis of the Repeat Burglary study. State dependency seems to have declined
in plausibility as an explanation but an argument can be made that the pendulum has
now swung too far towards heterogeneity. Several issues are relevant to this debate and
I conclude the section by drawing together some earlier arguments in this thesis.
First, earlier in this section I argued that rapid declines in burglary hazard over time
could be explained by heterogeneity as well as state dependence. However, state
dependence should not be abandoned and it is difficult to design adequate studies to test
for the correct mix of mechanisms. The argument for heterogeneity can be turned on its
head to warn researchers to retain an open mind on this issue in the absence of very
strong designs distinguishing these mechanisms. Second, an argument was presented in
Section 1 that survey data tend to be biased towards findings of heterogeneity, while
police data tend to be biased towards findings of state dependence. Furthermore, it is
argued in this section that research on repeat victimisation is sensitive to the appropriate
scale of space and time. We should therefore be wary of accepting arguments of
heterogeneity that are based solely on survey data where the scales of space and time
are crude. Most surveys do not distinguish repeat victimisation that occurs within a
month or less from repeats that occur after 11 or 12 months. The same argument
applies to spatial scale, where most surveys are particularly insensitive tools for
detecting small-scale spatial variations.
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Third, I argued in Section 2.1 that ‘boost’ was a limited way of conceptualising state
dependence. On theoretical grounds we would expect some burglaries to lead to a
boosted likelihood of further victimisation, while we could expect other burglaries to
reduce the likelihood of future victimisation. Section 2.1 pointed out that early studies
of repeat victimisation focused on victim-based explanations. These studies generated
hypotheses that victims would be ‘immunised’ from repeat victimisation but this
possibility seems to have fallen from view in the most recent studies.
If state dependence is not simply a boost then it will be difficult to detect. In particular,
surveys that are unable to determine the sequence and characteristics of events will be
unable to deal with the complexity of state dependence. For example the Tseloni (2006)
study94, along with almost all other survey based research, is limited because it cannot
use predictors based on the characteristics of events. For example, even if surveys
inform us whether or not the burglary has a high payoff or leads to the detection of an
offender or prompts the victim to install additional security measures, the information is
unusable if we know nothing about the sequence of events for repeat victims and the
interdigitation of these events with crime prevention initiatives. They are therefore
unable to determine which kinds of burglary are more or less likely to lead to repetition.
This means that statistical models using count data, while representing an advance over
prevalence models, still represent relatively crude approaches to determining the
important mechanisms underlying repeat victimisation. Given this limitation, and the
likelihood that state dependence will lead to boosts of future victimisation risk in some
cases and reductions in others, it is entirely plausible that much of the heterogeneity
found in survey studies does genuinely arise from state dependence in its fullest sense.
Heterogeneity may arise because important characteristics of events are unmeasured and
important event sequences are invisible to the survey methodology.
The above considerations provide further strength to the earlier argument in this section
that survival analysis, though largely ignored in repeat victimisation research, remains a
research methodology with great potential. The survival analysis used in Repeat
Burglary was a relatively simple application of this technique; however recent advances
in survival analysis allow sophisticated approaches to the same issues, including the
modelling of unobserved heterogeneity that Tseloni’s models addressed in her event
count models. Additionally they provide a means of modelling event characteristics as
well as the personal characteristics of victims and they demand relatively precise
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information about the sequence and timing of events. Because of these requirements it
seems that police data (ideally supplemented by special survey data on victim
characteristics) would supply the information most suitable for future research on repeat
victimisation. An excellent introductory treatment of modern survival techniques is
given by Box-Steffensmeier and Jones (2004) and the comments of these authors on the
limitations of count data provide a useful conclusion to this section.
Since counts of events of an event do not occur simultaneously, count models are throwing
away the longitudinal information. … [survival] models go further than count models by
allowing the analyst to also consider the progress of the subject over time. That is, “global
counts may hide the evolution of the state of the [subject] over time. This will appear as
overdispersion, which may be wrongly interpreted as differential [unobserved
heterogeneity] among [subjects] … if the timing of each event is recorded, then one can
distinguish, with the appropriate models, between [unobserved heterogeneity] and contagion
(Lindsey, 1998)”. (Box-Steffensmeier and Jones, 2004: 157)

If the insights Box-Steffensmeier and Jones are applicable to repeat victimisation
research, the modelling of repeat victimisation cannot be adequately reduced to the
study of the full distribution of burglary counts. More precise survival analyses will be
required.
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Section 2, Part 2: Appendix 1 – burglary distribution results derived
from the Poisson distribution
Total households or population
The total number of households is assumed to be N, without loss of generality.
Total events
The total number of events (NT) consists of the number of households with one
victimisation
plus twice the number of events with two victimisations, and so on. In general:
(8)

NT = N ∑ X =1 xP( X = x)
∞

= Nλ
whereλ is the mean number of victimisations of the distribution
First events
The number of first events (NF) is equal to NP(X=1) for addresses with 1 event,
NP(X=2) for addresses with 2 events and so on. In general we have the number of first
events:
(9)

N F = N ∑ X =1 P( X = x)
∞

= N (1 − P( X = 0))
= N (1 − e λ )
Repeat events
Similarly, the number of repeat events (NR) consists of all but the first event at each
address. So in general the number of repeat events is:
N R = N ∑ X =1 ( x − 1) P( X = x)

( 10 )

∞

= N (∑ X =1 xP( X = x) − ∑ X =1 P( X = x))
∞

∞

= N (λ − 1 + e −λ )
This result also generates the percentage of events that are repeat events (the number of
repeat events over the total number of events):
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RE = N ( λ − 1 + e − λ ) / N λ )

( 11 )

= (1 / λ )(λ − 1 + e −λ )

Prevalence
The prevalence (PPrev) of victimisation is the number of households who are victims
divided by the total number of households. The number of victim households is equal to
the total number of households less the number of households with no victimisation. So
in general the equation is:

PPr ev = 1 − P( X = 0)

( 12 )

= 1 − e −λ
Repeat victims
The number of victims that are repeatedly victimised is the number of victims with two
or more victimisations:
( 13 )

N R = ∑2 xP( X = x)
∞

= N (1 − P(0) − P(1))
= N (1 − e −λ λ − e −λ )

The percentage of victims that are repeat victims (RV) is therefore:
RV = N (1 − P(0) − P(1)) /(1 − P(0))

( 14 )

= (1 − λe −λ − e −λ ) /(1 − e −λ )

Incidence
The incidence (I) of victimisation is easily defined as the number of victimisations in a
defined time period divided by the total number of households N. This is calculated by
adding the number of households experiencing one victimisation to twice the number of
households experiencing two victimisations and so on: In general:
I = (1 / N )∑ x =1 xN x

( 15 )

∞

= ∑ X =1 xP( X = x)
∞

=λ

102

Concentration
Another indicator of repeat victimisation is called concentration (C). Concentration is
defined as the number of incidents per victim. So we have:
C = Nλ / N (1 − P( X = 0))

( 16 )

= λ /(1 − e −λ )
By definition Incidence = prevalence × concentration and it is a straightforward
exercise to confirm that the above formulae are consistent with this identity.

The ‘half-life’ of burglary victimisation
In investigating the natural time-scale of repeat victimisation, a useful analogy can be
made between burglary and radioactive decay through the use of the concept of the
‘half-life’. The half-life may be defined as the time taken for half of the households in a
neighbourhood to become victims of crime – for example burglary.
Using equation 12 above we can see that the time taken for victimisation prevalence to
reach 50% (denoted by t0.5) is determined by the equation

0.5 = 1 − e −
Or

( 17 )

λ

λ

e − = 0.5

Which leads to the solution λ=ln(2) where ln denotes the natural logarithm and
ln(2) = 0.693. If we again assume that the time-scale is years and that λ=ρt the half-life
t0.5 occurs when t0.5= ln(2)/ρ. If ρ is 0.05 (or 20 burglaries per 100 households per year,
then the half-life of burglary in the area of interest is 13.9 years. In other words, we
would expect, under the assumptions of the simple Poisson model, that half the
households in the area would be burgled in 13.9 years for a burglary rate of 20 per
hundred households per year.
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Abstract: Two broad heuristic strategies have been employed to explain the success of prior burglay experience in predicting future burglaries. Event dependency explanations (Tseloni and Pease, 1997) assign a causal role to prior burglaries in influencing subsequent burglaries, whereas risk heterogeneity explanations interpret prior burglaries
as mere "markers" of preexisting and more fundamental risk fadors.
This study of burglary in a small suburb of Perth, Western Australia,
highlights the importance of long-tern burglary risk factors operating
on a small geographic scale, as well as the short-tern influence of prior
burglary events. Different mechanisms are required to explain repeat
burglary in distinct but adjacent parts of the suburb. The study employs the Life Table method of survival analysis to examine the time
course of repeat burglay and argues that sunrival methods provide a
natural and well-developed statistical basis for the investigation of
repeat victimisation.

Recent crime prevention strategies have drawn heavily on research that indicates that the experience of past victimisation is a
critically important predictor of future victimisation. For example,
intervention strategies targeted at burglary victims have been successful in reducing both the number of repeat burglaries and the total number of burglaries in the target areas (Anderson and Pease,
1997; Forrester et al., 1990; 1988). These strategies are based on
findings that burglary risks are elevated for one-time victims compared with the general population, and also that repeat burglaries
follow each other in quick succession. Furthermore, intervention is
directly related to the burglary event and entails a rapid response
Crime Prevention Studies, volume 12, pp. 83-118
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intended to circumvent the progression from initial to repeat burglary.
Other approaches to burglary research and prevention focus on
risk factors associated with individual households and also with their
residential areas (Jackson and Winchester, 1982). An important research finding is that crime victimisation can vary substantially from
one small area to the next, so that an adequate analysis of burglary
must examine risk on a small geographic scale (Bottoms et al., 1987).
This paper attempts io integrate the analysis of repeat victimisation with an analysis of the small-scale distribution of burglary in a
suburb1 of Perth,* the capital city of Western Australia. Burglary of a
dwelling is a common property offence in Australia: one international
crime survey indicated that Australia had higher rates of burglary
with entry than the U.S., Canada and all of the European countries
surveyed (van Dijk, Mayhew and Killias, 1991).3 Furthermore, published crime data indicate that Western Australia has higher rates of
burglary than any other state, whether measured by official police
statistics (Australian Bureau of Statistics, 1996) or crime surveys
(Australian Bureau of Statistics, 1994).
Since both the experience of prior burglary and the residential location of a household are important predictors of burglary, a joint
analysis is necessary to assess their relative importance in the suburb of interest. The analysis addresses these issues through an exploration of the dimensions and time-course of repeat burglary. Repeat-burglary patterns are examined in the light of the background
rates of burglary in the six collection districts4 (CDs) that comprise
the suburb. Key questions of interest are whether repeat offences are
a cause or a consequence of elevated burglary risk, and whether the
causal direction has consequences for burglary prevention.

PINNING DOWN BURGLARIES IN SPACE AND TIME:
MEASUREMENT ISSUES
There are many reasons why crime surveys have grown in importance a s a preferred means of crime analysis (Skogan, 1981). Crime
surveys collect demographic and socioeconomic information about
individuals and households that is not available in police records.
Most importantly, surveys collect information from both victims and
non-victims, enabling an assessment of the correlation of crime with
factors such a s age, sex, household structure, household income and
so on. Indeed, the development and proliferation of crime surveys
over the past 30 years has provided significant impetus for the
analysis of differential risks of victimisation. However, crime surveys
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in their usual form are unable to specify the location of offences in
space and time with high precision.
One problem with using survey data is that standard strategies
used by survey analysts to address the influence on crime of places,
areas and regions will almost certainly fail to capture the potentially
large variations in crime at the small-area level. Bottoms (1993), referring to research he conducted with colleagues in Sheffield, UK,
found that two adjacent areas - with populations between 2,500
and 3,000 - were indistinguishable on the basis of key sociodemographic variables such as sex, age, social class, ethnic origin, education or length of stay in current dwelling. Yet, these small neighbouring areas had a 300% difference in offender rates and a 350%
difference in offence rates recorded by police.5 The sampling strategies used in most crime surveys will be unable to identify differences
on the scale detected in Sheffield. In surveys where sampling is directed at the national or city level, the sampling fraction generally is
well below 1%.6 Areas with populations of 3,000 could therefore be
expected to contribute perhaps 10 to 15 respondents at most, of
whom up to 3 may report a burglary. Real variations in offending at
such small-area levels would be rendered invisible by the uncertainty, or "noise" induced by sampling error.
Small-area sampling strategies, such a s those used by Bottoms
(1993), can produce more precise survey-based spatial information
about offences. However, survey users are presented with more intractable problems when they attempt to measure the distribution of
burglaries over time. Using a retrospective approach, surveys typically ask respondents to recall victimisations that have occurred in
the past 12 months. Research clearly indicates that respondents
have difficulty in recollecting the precise timing and nature of all
criminal events over a period a s long a s one year (Skogan, 1981).
Given the limitations of surveys, it is necessary for researchers to
work with other sources of data if they are interested in allocating
burglaries to very precise locations and time periods. Recorded crime
or police calls for service are the only sources of data that are able to
provide this level of spatial or temporal detail. Furthermore, for offences such as burglary and motor vehicle theft, there is evidence
that police records may adequately reflect the number of offences
occurring. Australian crime surveys find that respondents report over
90% of motor vehicle thefts, almost 80%of completed burglaries, but
only one-third of attempted burglaries (Australian Bureau of Statistics, 1994). However, it must be acknowledged that no data source
provides complete information about burglary and that the limitations of each source should be understood. In particular, it seems
that the reporting of burglary incidents to police is not a random pro-
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cess, with repeat victims of burglary being less likely to report events
to police than once-only victims (Guidi et al., 1997). If repeatburglary victims have a lower propensity to report their incidents to
police, then the analysis of police-recorded offences will underestimate the importance of repeat burglary relative to one-time burglaries.

BURGLARY RISK FACTORS
At the theoretical level, the analysis of the distribution of burglary
risk needs to address a variety of factors. Bottoms (1994) draws together several general theoretical perspectives that push the spatial
dimension of offence distribution to centre stage and are clearly relevant to the offence of burglary. Opportunity is a central concept, and
this incorporates the attractiveness of household targets with regard
to both the potential 'payoff" from a successfuI burgIary and also the
degree to which the dwelling may lack adequate surveillance. Furthermore, the routine activities (Cohen and Felson, 1979) of potential
victims and guardians add an explicitly spatial dimension to the opportunity concept. Although the routine activities perspective has
generally taken for granted the presence of motivated offenders, a
consideration of the routine activities of offenders (Brantingham and
Brantingham, 1991) furnishes further insights into the areas of a city
that are familiar to offenders. These relate to their own daily routines
and are anchored by offenders' places of residence, work, school,
shopping or entertainment.
It is beyond the scope of this paper to consider these theoretical
issues in detail. However, it is important to point out that the concrete findings about the influence of specific indicators of these factors on burglary have been somewhat contradictory. Bottoms (1994)
cites the example of Wikstrom's research in Stockholm, which
showed that burglary rates were highest in areas of high socioeconomic status (Wikstrom, 1990). These results contrast with the
findings from many British studies indicating that burglary rates are
highest either in or near socially disadvantaged housing areas. Smith
and Jarjoura (1989) report similar contradictory findings with regard
to the influence of income, race and residential instability on household burglary rates in three cities in the U.S. Their own study separates the individual- and neighbourhood-level influence of these and
other variables with some success. For example, they find that burglary rates are higher in neighbourhoods with low average household
incomes, but that individuals with higher incomes have a greater risk
of burglary, controlling for the influence of neighbourhood. It is clear
that one of the major issues in the prediction of burglary risk is the
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appropriate partitioning of individual- and area-level influences on
the spatial distribution of burglary. However, for the purposes of this
paper, it is sufficient to reaffirm the importance of residential location
as a predictor of burglary, while acknowledging that some of the
variation in area-level risk of burglary derives from unmeasured differences in risk factors at the level of the individual dwelling or
household.

REPEAT BURGLARIES
One particularly important predictor of future burglary is past
burglary. This predictor is measured at the level of the individual
household, although it may be that the experience of a past burglary
has less to do with the characteristics of the individual household or
dwelling than with the attractiveness and accessibility of the surrounding area to potential burglars.
Initial interest in the analysis of repeat burglaries arose from the
finding that the distribution of crime is disproportionately concentrated among a few victims. One analysis of the British Crime Survey
indicated that 44% of all crime was concentrated among 4% of victims (Pease and Laycock, 1996). Concomitantly, the occurrence of
one victimisation is predictive of further victimisation. Oncevictimised households or persons are more likely to suffer a fresh
victimisation than non-victimised households or persons. Pease
(1993:326-327)observed that in the Kircholdt project '...the best single predictor of burglary victimisation was past victimisation." In
Saskatoon, Canada, Polvi et al. (1990) found that households that
experienced a first burglary were almost four times as likely as other
households to experience a subsequent burglary. The conclusion that
risks of victimisation are greater among those with a prior victimisation is not restricted to burglary. Similar results have been demonstrated for domestic violence (Lloyd et al., 1994), motor vehicle theft
(Anderson et al., 1994)and racial harassment (Sampson and Phillips,
1992).
A more recent development is the fmding that repeat burglaries
are most likely to occur within a very short period of time following
an initial burglary. Polvi et al. (1990) showed that the risk of repeat
burglary was at its greatest in the first six to eight weeks after the
initial burglary. Indeed, in the first month, the risks of repeat burglary were 12 times the expected rate.'
There has been a paucity of Australian research on repeat burglary, the exception being a study by Guidi et al. (1997). Using data
based on calls for police service, the researchers examined patterns
of repeat burglary in Beenleigh, Queensland, over an 18-month pe-
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riod. Their results indicated that 16% of victim addresses accounted
for 32% of residential break-ins, and that the chances of a repeat
burglary were double the overall chance of becoming a victim. However, these researchers found that the concentration of repeat burglary in Beenleigh was not a s great a s that found in studies conducted elsewhere (e.g., Farrell and Pease, 1993).Nevertheless, they
concluded, on the basis of evidence from Australian crime surveys,
that the true rate of repeat burglary was higher than found in their
police data because repeat victims were less likely to report their
burglary to police.

THE CONNECTION BETWEEN PAST AND FUTURE
BURGLARIES
It is clear that prior burglary is a good predictor of future burglary. However there are two general ways in which this predictive
power could arise (Tseloni and Pease, 1997).The first and most direct
form of explanation is categorised by Tseloni and Pease as event dependency.8 With event dependency, the risk of future burglary is
raised by a prior burglary and there is a direct causal link between
them. An alternative explanatory strategy is to argue that there is
only an indirect connection between successive burglaries. The riskheterogeneity explanation proposes that there are preexisting and
stable risk factors that vary across the households of interest. These
risk factors explain why some households experience one or more
burglaries while other households are not targeted. With risk heterogeneity, the predictive power of prior burglaries arises because they
are merely a convenient indicator of preexisting risk. Furthermore, if
the factors contributing to this preexisting risk could be adequately
identified and measured, they would stand alone a s predictors of
burglary. Prior burglary experience would add nothing to their predictive power.
Two additional points need to be made. First, these explanations
represent extreme positions. Repeat burglary may be influenced by
both event dependency and risk heterogeneity, and, therefore, both
short- and long-term risk factors may be in operation. Second, there
is no simple way to disentangle these mechanisms, but an examination of the time course of repeat burglary can furnish some clues. If
the risk of repeat burglary is initially high but drops quickly within
the space of several months, then this provides support for event dependency. On the other hand, a constant risk of repeat burglary over
time provides support for the risk-heterogeneity explanation.
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MECHANISMS FOR REPEAT BURGLARY
Risk-heterogeneity and event-dependency explanations provide a
general framework in which to fit specific real-world mechanisms for
repeat burglary. The repeat burglary research literature has emphasised event-dependency explanations that focus on the decisionmaking processes of offenders. Little emphasis has been placed on
either risk-heterogeneity explanations or processes that involve the
decisions made by burglary victims.
Bottoms (1994), after consultation with Pease offers three broad
mechanisms to explain why multiple ar repeat burglary should occur
with higher-than-expected probability. The first explanation is that
underlying opportunity factors explain why some premises are burgled initially and therefore why they are susceptible to further attack.
Different burglars may independently burgle dwellings that are attractive from the point of view of a potential "payoff" or ease of access. Note that, consistent with the earlier discussion of risk factors
for areas and for individual households, the opportunity factors described above may be connected with either individual or area vulnerability. Furthermore, one way of assessing the dimension of opportunity is to measure the background rate of burglary in the area
of interest.
The risk-heterogeneity explanation is ultimately rejected by Bottoms (1994) on the grounds that the opportunity mechanism is not
consistent with findings about the distribution of elapsed times between successive burglaries, these beiig heavily skewed towards
early repeats within the space of one or two months. Nevertheless,
the rejection of the opportunity mechanism may be premature in the
absence of adequate consideration of preexisting risk factors and appropriate tools of analysis (Spelman, 1995). Furthermore, it is likely
that different locations within a country or across the world will vary
in the mixture of their mechanisms accounting for repeat burglary.
The second mechanism identifies repeat victimisation with repeat
offending. Its hypothesis is that the same offender(s) return and
commit further burglaries.
The third mechanism assumes that there is communication between burglars. The original offenders may discuss the burglary, the
dwelling and its contents with others, who in turn commit a later
burglary. Mechanisms two and three are euertt-dependent explanations and receive support from the findings of research conducted in
Cambridge by Bennett (1995).
Bennett's (1995)interviews with convicted burglars confirmed that
many Cambridge burglars did return to the same d ~ e l l i n gand
, ~ that
almost half of them had committed a burglary as a result of fust-
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hand information from other burglars. The reasons given by offenders for returning to an earlier burglary target covered a range of factors, such as low risks, high rewards and ease of access, while the
reasons given for acting on "tip-offs" focussed mainly on their perceived rewards. Other authors have presented a variety of reasons for
the attractiveness of c p t t i n g repeat burglaries (Farrell et al.,
1995).However, on the basis of offences reported to police, it is not a
simple task to assign any instance of repeat burglary to one or other
of these categories. GiGen that burglary clear-up rates are low, inferences about the mechanisms for repeat burglary are almost always
indirect and apply to repeat burglaries in aggregate, rather than to
individual cases.

USING REPEAT VICTIMISATION STRATEGIES TO
PREVENT CRIME
The analysis of repeat victimisation has assumed increasing importance for a number of reasons relating to both the distribution of
crime and the strategic allocation of crime prevention resources.
Given that any crime prevention effort will be subject to resource
limitations, the repeat victimisation strategy promises a means of
targeting scarce resources at those who are at most risk of future
burglary and who, therefore, are most likely to benefit from them.
The repeat victimisation strategy represents a well-articulated attempt to incorporate the assessment of future victimisation risk into
a broad set of considerations for promoting effective crime prevention. 10
If one-time victims are at heightened risk of future victimisation,
that fact may be used to target crime prevention activities in a very
specific way. However, perhaps the clearest and most direct presentation of the benefits of such a strategy is to be found in Pease
(1993),
who was concerned with the findings of British research indicating that crime prevention resources were being allocated in inverse proportion to recorded crime rates. Pease (1993) argued that a
repeat victimisation strategy would realign crime prevention activities
in the following way:
Because it is based on a careful examination of the individual
circumstances of crime, the repeat victimisation strategy will
tend to involve all the appropriate measures, both social and
physical.
Preventing repeat victimisation protects the most vulnerable social groups, without having to identify those groups as such,
which can be socially divisive. It is arguable that the prior expe-
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rience of victimisation represents the least contentious basis for
any allocation of crime prevention resources.
Repeat victimisation is highest, both absolutely and proportionately, in the most crime-ridden areas, which are also the areas
that suffer the most serious crime. The prevention of repeat
victirnisation automatically directs attention to the areas that
need it most, rather than the converse, as is now the case.
The rate of victimisation offers a realistic scheduling for crime
prevention activity. Preventing repeat victimisation is a way of
'drip feedingmcrime prevention. .
In England and Wales, the strategy addresses the way in which
inequality of victirnisation rates has changed during the period
covered by the British Crime Survey.
In high-crime areas, a focus on repeat victimisation is readily
converted into a community initiative. The advantage over conventional community approaches to crime is that the initiative
is rooted in real events suffered by citizens.
Other authors, including Bridgeman and Hobbs (1997), Pease and
Laycock (1996), Anderson et al. (1994), the National Board for Crime
Prevention (1994), Farrell and Pease (1993), and Forrester et al.
(1988), and have argued that additional advantages accrue:
Crime prevention efforts and victim-support activities are
brought together through a focus on victims in a way that offers
practical help to avoid future victimisation.
For police, a useful link is provided between crime detection efforts and crime prevention activities. Crime prevention and
"mainstreamn police activities are brought closer together.
Interagency cooperation and coordination are focussed on individuals, for example, in enabling housing authorities to liaise
with police in providing better physical security for its building
stock.
The fact that a victimisation has already occurred increases the
salience of crime prevention. One-time victims are more likely
than other citizens to take self-protective action. Furthermore, if
the "time course" of repeat victimisation is known to be short,
and if this is communicated to victims, an appropriate sense of
urgency may be associated with the implementation of these
protective activities.
It is clear from these comments that the focus on repeat victirnisation is seen as more than just a response to an empirical distribution of crime. Advocates of this approach point to its advantages a s a
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defensible distributive principle for the allocation of resources, from
the perspectives of justice, effective and efficient use of resources,
and reorientation of police activities. Importantly, the approach is
seen a s a way for crime prevention activities to keep a concrete focus
and to avoid being sidetracked by matters extraneous to their primary task.

SOME TOOLS FOR ANALYSIS
Although repeat victimisation has been investigated for many
years, the tools for its analysis have yet to be perfected. These comments apply particularly to the analysis of the time-course of repeat
burglary, and there are several reasons why this has presented repeat burglary researchers with analytic problems. Qpically, researchers have access to 12 months of burglary data and must investigate patterns of initial and repeat burglary within this window. A
12-month window imposes severe constraints on the length of followup time available for a repeat burglary to take place, particularly
when the first observed burglary for a dwelling occurs towards the
end of the window. For example, if the first burglary occurs in month
11 of the window, there is only one remaining month in which a repeat burglary can be observed. A repeat burglary occurring more
than one month later will be invisible to researchers. This situation
may be contrasted with that for households where the fvst burglary
is observed in month 1 and there is an 11-month follow-up period.
Differences in observation periods for burgled households mean that
the unadjusted distribution of elapsed times between successive burglaries is a biased indicator of the risk of repeat burglary at any given
time point, and the bias is in favour of shorter elapsed times.
The problem is further understood by examining some of the
strategies used to correct the bias. Johnson et al. (1997) tested the
time course of repeat burglary in Liverpool, UK by using only households where initial burglaries occurred in the first six months of their
data set. All of these households could then be followed up for a repeat burglary for a minimum of six months. There is a statistical
"costn to this approach, however, since all households burgled for the
first time in the second six months of the window have to be ignored.
Furthermore, useable data on the risk of repeat burglary at time periods longer than six months are ignored because this method has no
means of correcting their bias.
Two other approaches to the problem of bias are discussed by
Pease and colleagues and are presented clearly in Appendix 1 of Anderson et al. (1995). The simpler approach, when elapsed times are
available in months, is to apply a statistical adjustment, or weight-
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ing, to each monthly estimate of the elapsed time to repeat burglary.
Anderson and colleagues give an example of the use of this adjustment for a n 11-month observation period for burglaries in Huddersfield, U.K. The final strategy is described in Polvi et al. (1991). With
this approach, the risk of repeat burglary is expressed as a ratio of
the observed-to-expected number of repeat burglaries in each followup month, the expected number being determined on the basis of
calculations using the Poisson distribution. Anderson and colleagues
believe this approach to be the most satisfactory from a statistical
point of view.
A further issue is whether to base analyses on burgled households
or on burglary events. In their Huddersfield study, Anderson and
colleagues (1995) chose the burglary event rather than the household
a s the unit of analysis. This approach allows one repeatedly burgled
household to contribute a number of points to the analysis. Alternative approaches would be to allow only one repeat burglary; the first,
for example, to be included, or to include all points, but with weights
inversely proportional to the number of burglaries contributed by
each household. The favoured approach would seem to depend on
the focus of the analysis. If the impact of the first burglary is of interest, then only the follow-up time to first repeat should be chosen.
Furthermore, if there is interest in the cumulative proportion of
households that suffer a repeat burglary, then only the first repeat
burglary should be included, in order to preserve a simple interpretation of the cumulative fraction of the sample who are revictimised
after specified time periods. On the other hand, if the principal interest is on the influence of any burglary on the next, then all burglary
events should contribute to the data.1 It would be a valuable exercise, in any case, to check if the alternative approaches make any
substantive difference to the analysis.
Repeat burglary researchers have struggled to develop satisfactory
methods for the analysis of its time-course. However, another criminological field - recidivism analysis - addresses almost identical
problems from the point of view of the offender and has made significant methodological progress in the past 10 to 15 years. Recidivism
research has adopted various forms of survival analysis as standard
techniques for examining the time-course of repeat offending (Maller
and Zhou, 1996; Broadhurst and Loh, 1995; Tarling, 1993; Chung et
al., 1991; Schmidt and Witte, 1988; Maltz, 1984). Yet few studies of
repeat victimisation have used survival modeling with its associated
concepts of the hazard rate and of "censored* events. A clearer view
of the patterns of repeat victimisation is available through the use of
this analytic tool. Spelman's (1995) study of calls for police service at
fast-food restaurants in San Antonio, Texas, seems to be the only
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published research using the methods and concepts of survival
analysis for the investigation of repeat victimisation. A detailed explanation of survival analysis methodology is not attempted here,
given the availability of many excellent treatments (see above). However, some aspects of the method will become evident in its application to Perth burglarie~.~
A key measure in survival analysis is the hazard rate - the probability, in repeat burglary terms, that a household that has not experienced a repeat burglary to date will suffer a burglary within the
next unit of time. The hazard rate accurately indicates the risk of repeat burglary a t any point of time. Survival analysis procedures produce estimates of risk that have many appealing features. In particular, they are unbiased, have a simple and direct interpretation,
make use of all data collected, and allow standard errors of estimates
and confidence intervals to be generated.
In this study, the form of survival analysis is the Life Table
method. Life Table analysis is a simple non-parametric technique
available in SPSS and other statistical packages. The method is used
in two separate stages to illustrate the short- and long-term time
patterns of repeat burglary risk.

THE CURRENT STUDY
This study examines the patterns of burglary and repeat burglary
in "Parkville,"12 a residential suburb w i t h a population of approximately 2,000 and a dwelling stock of 1,000 units. Parkville consists
of six CDs. The area has a varied mix of housing types, household
incomes and crime rates; some of these characteristics are summarised in Table 1. The six CDs differ markedly in their apparent attractiveness for potential burglars, and in the degree to which their
physical features and patterns of activity provide a sense of guardianship or surveillance. The two CDs with the highest burglary rates
consist mainly of detached dwellings on fairly large allotments. These
areas contain the major access pathways to public transport in the
suburb and are criss-crossed by a series of alleys providing rear access to dwellings. The other areas contain a high percentage of flats,
units and semi-detached dwellings, few alleys and fewer well-trodden
paths for vehicle and pedestrian usage.
The data consist of five years of police-recorded burglaries and
attempted burglaries, with information available about the dates and
times of these events, their addresses and the value of any goods
stolen. The Parkville burglary database covers an unusually long observation period in comparison with previous studies, and supports
an analysis of trends in the area over ti= and an examination of
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both short- and long-term patterns in repeat burglary. Supporting
these police data is an address database for the area, assembled by
the researcher through personal inspection. Information is available
about the dwelling units attached to any street number. For example,
a street number may refer to a single unit or a block of eight units,
and some addresses may be invalid or incomplete.13 The address
database allows for checks to be made on the adequacy of addresses
recorded by police.
For the purposes of this study, repeat burglary occurs when any
dwelling unit is subject to more than one burglary over a five-year
period. No attempt was made to ch& whether the same or different
householders were present at the time of the later burglary. In some
cases (less than 10% of burglaries), it was impossible to identify the
precise dwelling unit burgled at multiple unit addresses. In such
cases a dummy unit number (zero) was created at that address. This
procedure creates the possibility of either under- or over-counting
repeat burglaries. For example, two burglaries at the dummy addresses will be counted as repeats, when they may have involved different units. On the other hand, consecutive burglaries in the
dummy unit and a vdid unit number may have been unidentified
repeat events that were not identified as such for lack of information.
For Parkville as a whole, the problem is not as significant as it might
have been because multiple addresses had very low rates of burglary
compared with single unit addresses.14
In the main analysis of repeat burglary in Parkville, the six CDs
are amalgamated into two areas with respectively high and low burglary rates.15 For convenience, these are labeled Oldville and Newville
since, in terms of dwelling construction, Oldville consists mainly of
dwellings built in the 1930s and 1940s, whereas dwellings in
Newville were constructed from the 1950s onward. The decision to
amalgamate the CDs into larger areas was taken in order to provide a
sufficientlylarge statistical base to undertake the analysis of repeat
victimisation. It is clear from Table 1 that there is some variation in
burglary rates in the four CDs within Newville. However, the major
break in rates occurs between the CDs in Oldville and those in
Newville. Differences between these two areas are si@cant enough
to illustrate the importance of risk heterogeneity in the analysis of
repeat burglary.

Table 1: S e l e c t e d Characteristics o f Parkville Collectors' Districts

a. Data taken from the 1991 Australian Census.
b. All collectors' district names are fictitious.
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Stability of Rates over Time
Figure 1 illustrates clearly that burglary rates for Parkville did not
change substantially between 1991 and 1995. More importantly, the
differences in burglary rates between Oldville and Newville were also
stable over the five-year study period. They were not the result of
transient effects creating temporary "hot-spots" of burglary. Over all,
Oldville's annual burglary rate was 3.2 times the rate of Newville's,
and the burglary rate ratios varied between 2.2 and 4.7 in individual
years. Another way of comparing the 'areas is to note that Oldville's
two CDs contained just over a quarter of the dwelling units but accounted for 55% of the burglaries. These results mirror Bottoms's
(1993) findings of markedly different crime rates between adjacent
small areas in Sheffield.

Initial and Repeat Burglary Rates
Table 2 compares the annual prevalence and incidence of all burglaries in Parkville with the prevalence and incidence16 of repeat burglary. The measures for repeat burglary are adjusted to take account
of time at risk and are converted into annual rates. For example, if a
burglary is committed at 5 Long Street on 31 December 1991, that
address is at risk of one or more repeat burglaries for a four-year period. On the other hand, if the first burglary occurs on 31 December
1994, it would only be at risk for one year. Table 2 illustrates the
following patterns:
(1) The risk of burglary among once-burgled dwellings is higher
than the overall risk of burglary for both Oldville and
Newville.
(2) Repeat burglaries reproduce the same ranking as do total
burglaries. In other words, they are more likely to occur in
Oldville than Newville.
(3) However, in relative terms, repeat burglary is more significant
in Newville than it is in Oldville. In other words, the ratio of
repeat burglary rates to overall rates is greater in Newville
than in Oldville.
(4) Differences between Oldville and Newville in repeat burglary
rates are smaller than differences in their total burglary
rates, both in ratio and absolute terms.

Figure 1: Parkville Burglary Rates By Year and Area
+-Oldville

+Newville +- Parkville

1993

Year
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Table 2: Total and Repeat Burglary Rates in Parkville

a. Rates are calculated on an annual basis as the number of burglanes per 100
dwellings per year.
b. Adjustment takes into account the time during which any burgled address is at
risk of repeat burglary.

Table 2 examines the whole five-year burglary window in Parkville
and its sectors. At this small scale of analysis, the findings appear a t
first glance to be opposed to some of the findings arising from research conducted in the U.K. Results (1)and (2) above are consistent
with the literature: that burglary victims are at increased risk of later
burglary compared to non-victims, and rates of repeat burglary are
higher in the area(s)where background rates of burglary are high. On
the other hand, Table 2 points to the importance of repeat burglary
to victims in low-burglary rate areas relative to their expected risk.
Furthermore, burglary victims from high- and low-risk areas appear
to converge in their likelihood of future burglary when compared with
their burglary-free neighbours. The repeat victimisation literature
has been silent on these issues. However, one study by Osborn et al.
(1996) has produced findings consistent with these Perth results,
and will be discussed in the final section of this paper.
The next objective is to examine the time-course of repeat burglary using survival analysis. Time patterns of repeat burglary risk
provide valuable clues to understand the mechanisms of repeat burglary. In particular, they may be expected to provide support for either event-dependency or risk-heterogeneity explanations.

A Life Table Analysis of Repeat Burglary in the First
Year of Exposure
A simple form of survival analysis is the non-parametric Life Table
method, the assumptions of which are relatively transparent and
simple, and are described in the SPSS manuals (for example, Noru-
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sis, 1990). A key feature of all survival models is that they control for
the length of follow-up period in which subjects are at risk of failure.
(See the above discussion on adjusted burglary rates.) Survival
analysis models estimate the risk of "failure" for any time period u p
to the maximum time at risk. The risk of failure at any time point i s
called the hazard rate, In a Life Table analysis that uses one-month
time periods to assess risk, a hazard rate at six months represents
the probability that a dwelling that was burgled six months earlier,
and has not yet experienced another burglary, will suffer a repeat
burglary in the following month.
For example, some dwellings in our research study were burgled
in January 1991 and were at risk of a repeat burglary for almost five
years. Other dwellings were first burgled in December 1995 and were
at risk of a burglary for less than a month. Survival methods allow all
of these dwellings to enter into the analysis in a n appropriate way.
The dwellings burgled in December 1995 can be included in the
analysis for the first month of follow-up. They then drop out (they are
"censored" according to the terminology of survival analysis) of
longer-term analyses since they were simply not at risk for longer
periods. On the other hand, dwellings burgled in January 1991 can
potentially be included in the estimates of repeat burglary risk for the
whole five-year period, since they were at risk for all of this period.
Survival analysis models estimate the risk of failure in an unbiased
way for any time period up to the maximum time at risk. For the
Parkville data, estimates of the hazard rate at longer periods of time
are subject to greater standard errors because they are based on
smaller numbers of households that are not censored and that do
not suffer a repeat burglary.
The SPSS Life Table analysis procedure is flexible in the setting of
particular parameters of model fitting. In the Parkville data set, t h e
gap between burglaries is available in days and the hazard rates for
the first year of exposure were calculated in periods of 28 days. This
is a satisfactory setting for examining the hazard rate over a period of
one year, but less satisfactory for longer periods. Longer-term hazard
rates are estimated by using units of exposure of 12 weeks (84 days)
in a second stage of the analysis. Since the hazard rate is found to
decrease over time, the use of longer time units of exposure is necessary for more statistically reliable estimates of longer-term hazard
rates. The 12-week unit was able to produce hazard rate estimates
up to a follow-up time of 168 weeks - or just over three years.
Figure 2a shows, for the whole suburb of Parkville, the hazard
rates for repeat burglary together with their 95% confidence intervals
for a period of one year (13 periods of 28 days). Only the first period
shows evidence of an elevated risk of repeat burglary. While there i s

Figure 2a: Parkville Repeat Burglary Hazard Rates and Confidence
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some variation in hazard rates after this, these are within the measured ranges of statistical variation. Taken alone, this analysis of the
risk of a repeat burglary points to an elevated risk in the first month,
after which the risk reverts to a relatively constant level. A statistical
test to check whether or not the hazard rates from the first and second time periods come from the same binomial distribution reveals
that they do not. The difference between the two rates is significant
(Chi-square=4.6,df=l, p<0.05), and there is little overlap between the
confidence intervals for the two hazard rates. Superimposed on the
hazard rate plot is the background five-year burglary rate for
Parkdle, plotted on the same scale as the hazard rate. This provides
a convenient benchmark by which to assess the repeat burglary
rates. The repeat burglary hazard rates exceed the Parkville burglary
rate for every period in the first year of re-exposure.
The relationship between these hazard rates for 28-day periods
and the suburb burglary rates are consistent with the full five-year
analysis summarised in Table 2. However, the survival analysis for
Parkville highlights the fvst time period as being of particularly high
risk. This is followed by relative constancy in risk for the remainder
of the first year. Figure 2a presents hazard rates in terms of the proportion of households suffering a repeat burglary in each 28-day period. It also displays 95% confidence intervals for hazard rates, using
the SPSS output data on the number of repeat burglaries in the interval and the average number of households at risk. Likelihoodbased confidence intervals are calculated using a method described
in Aitkin et al. (1989).
The SPSS Life Table output for the first time period helps to illustrating the methodology of this survival procedure. At the beginning
of the period 357 households, the data set for all burglaries, were at
risk of a repeat burglary. During that period seven observations were
censored. These represent those households who experienced a burglary less than 28 days before the end of the five-year follow-up period and were therefore at further risk for less than a month. The
seven censored observations are assumed to be withdrawn evenly
over the time period, averaging 3.5 fewer dwellings at risk over all. In
total, the procedure estimates that an average of 353.5 (=357-3.5)
observations were at iisk. In the same period there were 13 repeat
burglaries, assumed to occur at the end of the time period. The hazard rate is then calculated as 13/353.5, or 0.0368. Since seven observations are censored and 13 'terminate," there remain 337(=3577-13) observations entering the next time period.
Figures 2b and 2c throw more light on the dynamics of repeat
variation within the suburb. Figure 2b shows the hazard rates for
Newville and is in marked contrast with the picture for Oldville dis-
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played in Figure 2c. Once again, the figures display the background
burglary rate for each area. Newville shows a very high risk of repeat
burglary in the first month followed by low risks of a repeat for the
remainder of the year. As expected, the hazard rate for the first and
second time periods are significantly different (Chi-square=8.02,
df=1, pc0.005). Oldville, on the other hand, shows no sign of an elevated risk of repeat burglary in the first month, and while there are
apparent differences in risk in later months, these are not statistically significant. Figures 2a, 2b and 2c are drawn to the same scale
and they show clearly that, in absolute terms, the hazard rate for a
repeat burglary in Oldville is greater than in Newville's for almost all
of this 12-month follow-up period. However, against this general
pattern, the rankings are reversed in the fust period, leaving Newville
households in the first month with the highest hazard rate for repeat
burglary in either area for any 28-day period.
This time-course of repeat burglary evident from the Life Table
analysis is consistent with the frequency analysis presented in Table
2. In Oldville the repeat burglary rate is greater than in Newville.
However, relative to the overall burglary rate for the area, repeat burglary is more important in Newville, and it is clear from Figure 2b
that the spike in repeat b u r g l q risk is high but temporary. Little
difference is observed in the time-course of repeat burglary if attention is restricted to the fust repeat burglary, rather than all repeats.
Most importantly, the high initial rate of burglary in Newville is not
due to multiple burglaries at one or two high-risk households, so the
strategy of analysis does not appear to be a critical factor. What is
more important, however, is the high proportion of rapid repeat burglaries at multiple unit addresses, some of which were allocated
dummy addresses as already described. The appearance and significance of these addresses will be discussed later.

Life Table Analysis for Exposure Periods up t o Three
Years
Figure 3a displays the results of the Life Table analysis for
Parkville in the longer term. Thirteen exposure periods of 12 weeks
stretch the coverage of the hazard rate analysis out to a time frame of
more than three years. To aid the comparison with figures 2a, 2b and
2c the hazard rates are presented on the same scale. They represent

Figure 2b: Newville Repeat Burglary Hazard Rates and 95%
Confidence Intervals in 4-week Follow-up Periods
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Figure 2c: Oldville Repeat Burglary Hazard Rates and 95%Confidence
Intervals in 4-week Follow-Up Periods
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the number of dwellings out of every 100 that experience a repeat
burglary in 28 days. The repeat burglary hazard rates for Parkville
appear to decline up to 132 weeks. At the end of the coverage, they
decrease to the background burglary rate for the suburb after being
well above it initially. The continuing decline in hazard rate is dificult to explain in t e F s of repeat offending, since most discussion
has focused on repeat offending mechanisms that operate within a
time frame of several months. However a careful analysis of the Life
Table analyses for Newville and Oldville in Figures 3b and 3c provides some clues as to a source of this continuing decline. While statistical variation in hazard rates for Newville and Oldville makes
analysis somewhat difficult, there is little evidence of continually declining hazard rates over time.
A plausible explanation for the Parkville pattern lies in the mixture of high-risk and low-risk households that constitute the suburb.
The high-risk Oldville households are more likely to experience a repeat burglary and to drop out of the analysis in the early stages of
follow-up. This means that at longer follow-up times, the mix of
dwellings exposed to repeat burglary will contain relatively more from
Newville than Oldville. The SPSS Life Table output confirms that this
is so. It indicates that the median time to repeat burglary in Oldville
is 1,289 days, while for Newville it is over 1,820 days." The declining
Parkville hazard rate is at least partly caused by risk heterogeneity,
which ensures that high-risk households are burgled quickly and
drop out of the analysis, while low-risk households remain.
Apart from their contribution to this new insight, Figures 3b and
3c again confirm that repeat burglary is relatively more important in
Newville than Oldville. Burgled dwellings in Oldville that experience
no further burglary for 72 weeks, drop back to background levels of
risk for the area as a whole. Furthermore, the repeat burglary hazard
rates in Oldville never exceed the background rate by an excessive
amount.
In the course of undertaking this analysis, parametric Weibull
survival models were fitted to the data for Oldville and Newville. The
Weibull model provided a good fit for the Oldville data, with its slowly
changing hazard rate, but was less successful for the Newville data,
with its sharp hazard rate spike in the first 28 days of exposure. The
elevation of the Weibull curve at the early data points was matched
by a depression of the curve at the end of the exposure period, leading to an underestimation of the hazard rate in the longer term.
Weibull modeling was used successfully by Spelrnan (1995).

Figure 3a: Parkville Repeat Burglary Hazard Rates and 95%
Confidence Intervals in 12-week Follow-up Periods
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Figure 3c: Oldville Repeat Burglary Hazard Rates and 95%Confidence
Intervals in 12-week Follow-up Periods
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DISCUSSION
This study in Parkville indicates that quite different patterns of
burglary and repeat burglary coexist within a small Perth suburb. It
is clear that large and stable burglary rate differences exist within
CDs whose centres may be only 200 or 300 meters apart. The reasons for this situation are, no doubt, tied to differences in opportunities for burglary, ekse of access to dwellings, expected payoffs from
burglary and the routine activities of residents and visitors to the
suburb. The uncovering of such small-scale variation in burglary
patterns in a Perth suburb mirrors the findings of Bottoms and others (1987) in Shefield. It may be that burglaries in other areas in
Perth are more evenly distributed, however, few burglary studies are
designed to investigate burglary at the small scale, and the results
from Parkdle indicate the potential importance of testing for smallarea differences within any larger area.
The Life Table survival methodology proved useful for this repeat
burglary analysis. Survival methods are designed to handle exactly
those forms of data that arise in repeat victimisation studies, and it
seems natural that repeat burglary researchers should adopt various
forms of survival analysis. In the absence of any strong hypotheses
about the time distribution of repeat victimisation, non-parametric
procedures such as the Life Table are safe methods to begin with. An
important point concerns the quality of repeat victimisation data in
comparison- with repeat offending data: the victimisation data are
bound to be more reliable. This is because they result from only one
filtering process - the decision to report a crime to police - whereas
recidivism data result from two processes of filtering: the decision to
report to police and then the attempt to find an offender.
Knowledge of these differential burglary patterns is illuminating
for an understanding of the potential impact of crime prevention initiatives based on a repeat victimisation strategy. In Oldville, burglary
rates are high and, as expected, repeat burglary risk is high. However, there is no evidence that repeat burglaries are particularly
weighted towards the short-term, and there is no necessary offender
link between successive burglaries. Oldville residents experience the
majority of burglaries in Parkville, and crime prevention initiatives in
the area need to take long-term risk factors into account. Another
point of interest is that Oldville burglary victims have higher risks of
an ensuing burglary than other Oldville residents. The reasons for
this are unclear, but may be related to some unexamined risk factors18 at the level of the individual householder. Area factors should
not be expected to capture all of the variation in burglary risk across
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households. Regardless of the level at which these risk factors operate, the time-course of repeat burglaries suggests that risk heterogeneity offers a more plausible explanation of repeat burglaries in Oldville than does event dependency.
In Newville, on the other hand, overall risks of burglary are low,
and repeat burglary rates are below Oldville's. Nevertheless, the timecourse of repeat burglary in Newville indicates that the first month
after a burglary represents a period of elevated risk. The time gap
suggests that an event dependency explanation will be most satisfactory in Newville. Mechanisms whereby the same offender returns
or where one offender passes on information to another may apply to
Newville. After the first month, the risks of burglary drop back to
lower levels characteristic of Newville. It appears, therefore, that burglary victims in Newville could profitably focus on crime prevention
measures that address short-term risks.
One point should be noted about the Newville data. The very high
risk experienced among burgled dwellings is subject to qualification.
It is certain that all of these rapid repeat burglaries were repeats in
the sense that they occurred at the same street address. However, it
is not certain that they all occurred at precisely the same dwelling
unit at these addresses. The method adopted to cope with addresses
with ambiguous unit numbers19 could lead to either over-estimation
or underestimation of repeat burglaries. But its tendency would be to
overestimate repeats given the number of units at these addresses.
The issue may not be important if we are inclined to adopt a broader
notion of repeat burglary. It is possible, however, that in a strict
sense repeat burglaries may be overestimated in areas where many
dwelling units cluster at individual addresses.
Published research from Canada and the U.K. has focused on the
elevated risks associated with repeat burglary - a risk that apparently arises from the burglary event itself. A further concentration of
risk appears to be present in the short term, usually taken to be the
first few months after an initial burglary. The results reported in this
paper reproduce these overseas findings in one small geographic area
but not in another. Furthermore, the results from this Perth study
point to the greater relative importance of repeat burglary in a lowburglary area, another finding in contrast to the published literature,
which tends to emphasise the increasing importance of repeat burglary a s burglary rates rise. In one sense, the results in Parkville are
confmatory - repeat burglary rates are higher in the area with
higher overall rates of burglary. However, the ratios of repeat burglary rates to overall burglary rates are not very large (2.7 in Newville
and 1.5 in Oldville),and the ratio is higher in the low-burglary area.

-Frank Morgan

112

A study by Osborne et al. (1996)is consistent with the kind of results obtained here. These researchers used a statistical methodology
that controlled for the factors associated with initial victimisation
risk when modeling the risk of repeat victimisation. They found, a s
we did with the Parkville burglaries, protection against subsequent
victimisation is reduced in low-risk households, and that differences
in overall or initial hsk shrank for repeat victimisation. The Osborne
study used a combination of individual and contextual variables to
predict risk, whereas simple small-area indicators were used in the
Perth study. The findings of both studies are consistent with the interpretation that, relative to the expected risk, repeat burglary is
more important in low- than in high-burglary areas.
This first analysis of repeat burglaries in a Perth suburb has not
discovered the same degree of burglary risk concentration evident in
studies elsewhere. However, despite this finding, it may still be the
case that a repeat burglary focus could prevent many crimes. It was
clear from the arguments of Pease (1993) and others that there are
other aspects of a repeat burglary prevention strategy that could apply to burglaries in general. For example, victims may be more prepared to implement prevention measures than non-victims; the "drip
feeding" of burglary prevention based on burglary victimisation may
lead to the effective use of and a concrete focus for police prevention
activities. Furthermore, a close analysis of the P a r m e burglaries
provides evidence of forms of burglary clustering other than repeat
burglary at the same address. These may be amenable to prevention
through some of the same initiatives that have been implemented to
reduce repeat burglary. In Parkville, there were so many burglaries
concentrated into one particular month of the 60 months studied20
that the probability of this happening by chance alone was approximately one in a billion. Clearly, an offender or group of offenders was
active in the suburb over this period. An examination of these burglaries indicated two repeat burglaries, but also several anearrepeats"
burglaries of dwellings located close to an initial victim
that were targeted later in the month. If some form of "cocoon watch"
(Forrester et al., 1988) had been implemented soon after the initial
burglaries, then several of the later burglaries in that month could
have been prevented, rather than simply the two that fitted the strict
definition of repeat burglary. Evaluations of repeat burglary prevention strategies reveal a broader impact than could be expected on the
basis of preventing repeat burglaries alone. Future research should
attempt to identify why these strategies appear to generate a "diffusion of benefits" (Clarke, 1997)into first-time burglaries as well.

-
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1. The boundaries of the area in question are well marked by major roads
and a railway line; however, they enclose elements of two official localities. Nevertheless, for convenience the area will be referred to a s a suburb.
2. Perth has a population of 1.3 million people.

3. Australia was ranked highest for household burglary (4.4% annual
prevalence), followed by the U.S. (3.8%)and Canada (3.0%).
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4.CD is the smallest geographic unit for the collection and publication of
data for the Australian Census. One CD includes approximately 200
dwellings.
5. These large differences in victimisation levels revealed by police data
were confirmed by the results of local crime surveys in the two areas.
6. For example, the 1993 National Crime and Safety Survey in Australia
(Australian Bureau of Statistics, 1994),which surveys a larger fraction of
the population than most national surveys, collected information on approximately 52,300people out of a relevant population of 13.8 million
a sampling fraction of under 0.4%.

-

7.It is not clear from the research whether the 'expected ratea refers to
the group of repeat burglaries or to the city a s a whole. If it applies to the
group of repeat burglaries, then the repeat victimisation rate in the first
month is approximately 45 times the citywide base rate (12~3.7).
8. Many other writers use the term state dependency.

9. Bennett does not report whether or not this was a common strategy
for burglars.
10.This strategy is not one that would be accepted by all. In the field of
preventive medicine, for example, Rose (1992)argues that disease prevention efforts should deal with the population as a whole, rather than
with those individuals who are found to exhibit certain risk factors. However, in the field of criminology, increasing attention is being directed to
risk assessment for both victims (Farrell, 1995)and offenders (Kemshall,
1995; Association of Chief Probation Officers, 1994;Feeley and Simon,
1992).
11. Support for this approach is gained if we acknowledge that the
measurement of the first burglary in our data set is always arbitrary. Any
included household may have experienced many prior burglaries, which
are unobserved because of the limited time window through which we
view our data.
12.A fictitious name.
13.Some addresses are not valid because of the vagaries of street numbering. For example, numbers 15, 17 and 19 may be followed by numbers 25,27 and 29.
14. It must also be remembered that studies without access to a comprehensive street-address database may count these events a s repeats
anyway, absent any knowledge that the address contains multiple
dwelling units.
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15. Oldville consists of the two CDs labeled in Table 1 as Oldtown and
Gateway, while Newville consists of the remaining four CDs.
16. Prevalence is defined here as the percentage of dwellings from the
appropriate base that experience one or more burglaries, while incidence
is defined a s the number of burglaries per 100 dwellings in the base.
Each measure is converted to a n annual rate.
17. The 'over 1,82Q daysw message means that the median time for
Newville did not fall within the available coverage of the Parkville data.
18. The occupancy rate of the dwelling and its accessibility are two such
factors that may be important.
19. Recall that an address with a specific street number but a n ambiguous unit number was coded to a fictitious 'unit zerowat that street number.
20. A total of 25 burglaries in that month compared with a n average of
6.5 per month between 1991 and 1995.
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Resource Distribution in a
Repeat Burglary Intervention
Frank Morgan1
One purported advantage of repeat victimisation interventions is that they distribute
crime prevention resources in a way that is well-targeted, efficient, equitable and
non-contentious. This paper examines the distribution of crime prevention resources
in a repeat burglary intervention in Adelaide, South Australia. While the project
reached only one quarter of eligible victims, there is evidence that it was still able to
target individuals in need of crime prevention resources. The modest participation
rate of burglary victims did provide some threats to the efficiency of targeting,
particularly with regard to its geographic focus. Nevertheless, the findings from this
project indicate that repeat victimisation prevention distributes scarce crime prevention
resources in a robust way.
Key Words: Repeat victimisation; crime prevention; burglary; victims of crime;
resource allocation

Introduction
This paper describes continuing research on the evaluation of a repeat burglary intervention in
Adelaide, South Australia. The paper explores the project’s value in allocating scarce crime
prevention resources to potential burglary victims. The effectiveness of the project in reducing
repeat burglary rates and total burglary rates in the intervention area will not be examined. There is
evidence of some short-term success in reducing repeat burglary rates, but no evidence of shortterm success in reducing total burglary rates in the intervention area. A comprehensive outcome
evaluation is planned, using a longer follow-up period, because there are indicators— though not
convincing evidence as yet—of a positive influence on total burglary rates as the follow-up
period is extended.

Issues surrounding resource allocation for crime prevention
Pease2 identifies one highly significant result that prompted him to scrutinise the allocation of
resources and effort given to crime prevention. This was the finding that:
The proportion of police force complement which was given over to crime prevention was
inversely proportional to the force area’s recorded crime rate.

Furthermore, the focus of crime prevention activities, both in daily tasks and official accounts,
seemed to be on community ‘feel-good’ activities, which were only tangentially related to the
reduction of crime. This prompted a sustained effort by Pease to find ways in which crime
prevention measures could be targeted efficiently and effectively.
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These comments, directed at police crime prevention efforts in the United Kingdom in 1993,
could be justifiably applied to other countries such as Australia, and to other forms of prevention
such as neighbourhood watch. Hope,3 for example, observes that:
... the overwhelming finding from research [about resident-based groups such as
neighbourhood watch] is that, first, such efforts are most common in the (low-crime)
neighbourhoods where they seem least needed and, second, that these groups appear to have a
somewhat tenuous and intangible existence.

In the light of these concerns about effective targeting of crime prevention resources, the analysis of
repeat victimisation and its implications has assumed increasing importance. Interest in repeat
victimisation draws attention both to the distribution of crime and to the allocation of crime
prevention resources. Given that any crime prevention effort will be subject to resource limitations,
strategies to reduce repeat victimisation offer a means of directing scarce resources to those who are
at most risk of future burglary, and therefore are most likely to benefit from them. The repeat
victimisation strategy represents a well-articulated attempt to incorporate the assessment of future
victimisation risk into a broad set of considerations for promoting effective crime prevention.
If one-time victims are at heightened risk of future victimisation, that fact may be used to target
crime prevention activities in a very specific way. Perhaps the clearest and most direct advocacy of
the benefits of such a strategy is presented by Pease. He argues4 that adopting a repeat
victimisation strategy will re-align crime prevention activities in a productive and equitable way.
The elements of the strategy most relevant to the distribution of resources seem to be as follows:
1.

The rate of victimisation offers a realistic scheduling for crime prevention activity. Preventing
repeat victimisation is a way of ‘drip-feeding’ crime prevention.

2.

Preventing repeat victimisation protects the most vulnerable social groups, without having
to identify those groups as such, which can be socially divisive. The fact that an individual
or household has been victimised already characterises a straightforward entitlement to
victim attention and crime prevention resources.

3.

Repeat victimisation is highest, both absolutely and proportionately, in the most crimeridden areas, which are also the areas that suffer the most serious crime. The prevention of
repeat victimisation automatically directs attention to the areas which need it most, rather
than the converse, as is now the case.

These principles will henceforward be referred to as ‘principles 1, 2 and 3’.
The focus on repeat victimisation may therefore be linked with defensible distributive principles for
the allocation of resources, from the perspectives of justice, resource usage and the re-orientation of
police activities. Importantly, it offers a way for crime prevention activities to maintain a
concrete focus and to avoid being sidetracked by matters extraneous to their primary task.
The advantages listed above may be tested in specific repeat victimisation interventions, even if
these interventions are imperfectly implemented. The Adelaide repeat burglary intervention
provides an interesting case study, since just over a quarter of eligible victims participated in the
project, which therefore failed to involve a substantial fraction of its target group. This makes the
patterns of victim involvement in the project of particular interest, since its results provide a
ready test of the robustness of principles 1, 2 and 3. It is important to examine whether or not the
project nevertheless achieved some ‘reasonable’ level of targeting. The shortcomings of any ‘real
world’ crime prevention may be attributed to either ‘theory failure’ or ‘programme failure’.5
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However, if resource distribution in repeat victimisation interventions is well targeted, despite
incomplete implementation, one may assume that the distributive principles on which they are
based are particularly robust.
Furthermore, no intervention will ever achieve the full involvement of all targeted participants. A
useful view of criminal justice interventions is not that they provide irresistible ‘inoculations’
which work regardless of participant involvement, but that they trigger specific mechanisms in
certain contexts to produce desirable outcomes.6 Questions that arise in the Adelaide intervention
concern not only the mechanisms that were activated amongst potential burglary victims, guardians or
offenders, but also whether or not they benefited the most vulnerable victims and areas and
whether the scheduling of resources was manageable.

Short-term and long-term effects of repeat-burglary reduction
An issue of great significance for the analysis of any repeat burglary prevention project is whether its
impact is expected to take effect in the short or long term. Most studies have emphasised the shortterm impact, drawing attention to the concentration of burglary risk in time, and amongst
households who have already experienced a burglary.7 This has been based on evidence showing that
the time from a burglary to its repetition is short—the risk of further burglary reduces rapidly after the
first month following an initial burglary—and that the risk of future burglary is much greater for
victimised than for non-victimised households.
However, Hope et al claim that the evidence on the time course of repeated victimisation is
ambiguous,8 and that the risk of victimisation may be sustained over long periods of time.
Furthermore, Morgan9 demonstrated that the timing of repeat burglary varied between two areas
within a small suburb in Perth, Western Australia. In a high-burglary area of the suburb, there
was no evidence that repeated burglaries occurred soon after the first, while in a low-burglary
area of the same suburb there was a concentration of repeat burglaries in the first month after the
original burglary. In Morgan’s study there was a tendency for one-time victims to experience a
higher risk of burglary than other residents; however, for most months the future burglary risk for
victims was not statistically different from the background risk for the suburb as a whole.
The focus of the present paper is on the way that the South Australian Residential Break and
Enter Project targeted its resources. Nevertheless, it is important to mention the short-term
outcomes of the intervention with respect to the reduction of repeat burglary and total burglary. At
the completion of this first stage of data collection, the available follow-up time was 20
months after project commencement—14 months of project implementation, followed by six
months after its completion. These outcomes indicate that, six months after the project had been
completed, the extent of repeat burglary in its intervention area compared favourably with that
for a comparison area. There was no change in the 20-month repeat burglary rate in the intervention
area, while the repeat burglary rate in the comparison area rose by 11.3 per cent. However, over
the same period the project had not reduced total burglary rates in the intervention area. Compared
with the 20 months prior to the intervention, total burglary rates rose in both the intervention and
comparison areas, in parallel with trends for the State of South Australia as a whole. The increase
in the intervention area was 31.3 per cent, compared with 22.2 per cent in the comparison area.10
Nevertheless, in the six-month post implementation period, residential burglary rates were
decreasing in the project area but not in the comparison area. Further research using an extended
follow-up period will test whether or not the longer-term decrease in the intervention area was
sustained. An extended follow-up period is required to test the hypothesis that the repeat burglary
intervention may have ‘worked’ through target-hardening and other mechanisms which take
time to be implemented, and therefore to bear fruit. Similar short-term results were reported in a
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repeat-burglary intervention in Beenleigh, Queensland.11 In this project, repeat burglary rates
were reduced in the intervention area, while total burglary rates compared unfavourably with
those in two comparison areas.

A summary of the intervention
The South Australian Residential Break and Enter Pilot Project operated between November
1998 and December 2000.12 An intervention was triggered when a burglary occurred in the
intervention area. Police then asked the victim if he/she wished to become involved in the
intervention and, if the victim agreed, passed the contact details to the intervention team, along
with a signed form indicating the victim’s consent to being contacted by the project team. The
second stage of the process involved the team making contact with the victim, visiting his/her
residence, and conducting a home security audit, with recommendations for improvement.13 A
follow-up to the intervention involved a further visit to the victim eight-nine weeks after the
initial contact,14 at which time the victim was asked about action taken concerning security
recommendations made during the first visit, as well as a range of other questions.
Victims of burglary in the Tea Tree Gully and Norwood police divisions were asked by police to
participate in the project in the course of investigation of their burglary.15 Two volunteer project
workers visited each victim in his/her home, ideally within one week of the offence having
occurred. The components of the intervention consisted of:
•

informal victim support;

•

provision of a burglary kit containing general security advice;

•

specific security advice, based on a security audit conducted by the volunteers;

•

links provided to engravers for property marking;

•

contact with neighbours, particularly through the provision of burglary kits; and

•

referral to other agencies if required.

Both intervention areas included the common elements listed above; however, the Tea Tree Gully site
offered an additional service involving the provision and installation of locks to the value of A$200
without cost to the participants.

The intervention area
The intervention area, with its two component parts, comprises a large fraction of Adelaide, a
city with a population of 1.1 million people. A map of the Greater Adelaide area showing the two
intervention areas is shown in Figure 1A, and its position in relation to the Australian continent in
Figure 1B. The project covered two metropolitan police districts and incorporated four Local
Government Areas (LGAs). The LGAs where interventions were delivered were, for the Tea
Tree Gully site, Tea Tree Gully, and for the Norwood site, the three Local Government Areas of
Campbelltown, Burnside, and Norwood, Payneham and St Peters.16 The total intervention area
population was 207,000, which represents a significant share (approximately 20 per cent) of the
population of the Greater Adelaide metropolitan area.
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Figure 1A: Greater Adelaide area showing Norwood and Tea Tree Gully
intervention areas
.

Tea Tree Gully Intervention Area
Spencer Gulf
Saint Vincent Gulf

N
Central Adelaide
Norwood Intervention Area

Figure 1B: Australia showing inset area

Table 1 shows that the Norwood area is distinguished by
•

almost twice the dwelling density of the Tea Tree Gully area,

•

higher proportions of semi-detached dwellings and flats and units,

•

lower female participation in the labour force, and

more individuals in the highest census income bracket17.
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Official statistics reveal that the burglary rate in the Norwood intervention area is higher than in the
Tea Tree Gully area. For Norwood, the highest burglary rates occur for those areas closest to the
Adelaide city centre. Initial motivation for the selection of the Norwood police district as an
intervention site was generated by the high rates of burglary in these near-city suburbs. The Tea
Tree Gully area was included as a contiguous intervention area with contrasting characteristics.

Table 1. Basic characteristics of the repeat burglary intervention area
Intervention (sub-)areas

Norwood

Tea Tree Gully

Three LGAs1 Tea Tree Gully
65.2
95.5

Local Government Areas
Area2
Population and characteristics
Population
Females in labour force
Male unemployment rate at 1996 Census
Individuals with weekly income greater than A$15,000
Dwellings and characteristics
Dwellings
Dwelling density3
Detached houses
Flats/units
Semi-detached houses
Burglary rate per 1000 dwellings4

Full area
Four LGAs
160.7

115,000
51.1%
9.9%
2.8%

92,000
59.5%
8.6%
0.7%

207,000
54.6%
9.3%
1.9%

51,232
786.2
66.7%
16.6%
15.0%
39.3

34,268
359.0
89.7%
3.3%
6.1%
19.0

85,500
532.2
75.9%
11.3%
11.4%
31.2

These were Burnside, Campbelltown, and Norwood, Payneham and St Peters. 2 In square kilometres. 3 In
dwellings per square kilometre. 4 Derived from Office of Crime Statistics (2001)) Crime and Justice in
South Australia, 2000: Offences Reported to Police, the Victims and Alleged Perpetrators. Adelaide, SA:
Attorney-General’s Department
1

The intervention area appears to be large in comparison with other repeat burglary projects
described in the literature. Interventions were spread over an area of 160 square kilometres, in
suburbs with low population density by comparison with many European cities.

The involvement of victims in the intervention
Given the basic structure of the intervention, the first questions that arise concern the extent of
activity generated by the project. For example, it is important to ask: who became involved in the
project;18 what the ‘hit rate’ was with respect to eligible burglary victims; and how representative
they were of the population as a whole, or of the profile of burglary victims. The most basic
analysis concerns the intensity of intervention: in particular, what fraction of eligible victims
became involved with the project over its time course. The monthly pattern of interventions,
referrals19 and burglaries is presented in Table 2.
Referral and intervention rates tended to increase over time. However, the best referral rate was no
more than 52.3 per cent for month 11 of the project (September 1999); the corresponding
intervention rate for that month was 46.5 per cent.
Table 3 shows the final outcome of the police referrals. Detailed survey data20 were available
for 812 of the interventions and were missing for 21, all of which involved police intervention.
Police did supply details to the project team of six other interventions, which they, rather than
volunteers, delivered.
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Table 2. Monthly referrals and interventions compared with eligible burglaries
Month1

Interventions

1
2
3
4
5
6
7
8
9
10
11
12
13
14
Totals
1

26
80
43
37
36
52
53
63
58
86
120
66
84
29
833

Referrals

Interventions
as a percentage
of referrals

35
96
56
45
45
61
63
81
70
96
135
80
101
30
994

Burglaries

74.3
83.3
76.
82.2
80.0
85.2
84.1
77.8
82.9
89.6
88.9
82.5
83.2
96.7
83.8

Interventions
as a percentage
of burglaries

214
20
214
200
170
190
249
222
215
236
258
299
259
205
3137

12.1
39.0
20.1
18.5
21.2
27.4
21.3
28.4
27.0
36.4
46.5
22.1
32.4
14.1
26.6

The project ran from November 1998 (month 1) to December 1999 (month 14).

Table 3. Type of intervention and reason for non-intervention, all referrals
Frequency

%

Interventions
- project volunteers
- police intervention
Police intervention - no details

806
6
21

81.1
0.6
2.1

All interventions subtotal

833

83.8

Non-interventions
Shed break only - out of scope
No contact could be made
Refused visit
Cancelled visit
Not home at time of visit
Other
Non-interventions subtotal

5
24
17
90
19
6
161

0.5
2.4
1.7
9.0
1.9
0.6
16.1

Total

994

100.0

The reasons for non-intervention also are listed in Table 3. Some referrals were technically ‘out of
scope’ because the reference offence involved a burglary of a shed only, rather than a dwelling.21
Contact could not be made with 24 of the victims, while others refused (17) or cancelled (90) the visit
by volunteers after initially agreeing to participate. Volunteers scheduled visits to 19 victims who
were not home at the designated time. Some of these victims could not be contacted
subsequently, and others withdrew consent for the intervention. Finally, six interventions were
cancelled for other reasons; these included one double tasking to a single victim and two
interventions which were the result of a repeat burglary at the dwelling of a victim who had
already received a visit by volunteers.
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With respect to the two intervention areas, Tea Tree Gully recorded better rates of referral than
Norwood (36.7 compared to 29.2 per cent), and referrals were more likely to lead to interventions
(86.8 compared to 82.1 per cent). Thus interventions were delivered to 31.8 per cent of eligible
burglary victims in Tea Tree Gully, compared to 24.0 per cent in Norwood.
The major reason for direct police intervention rather than volunteer intervention was the
vulnerability of the victim. An indicator of this is that police were involved in only 2.7 per cent of all
referrals, whereas they were involved in 40.0 per cent of the interventions involving victims aged
80 and over and in 15.1 per cent for those aged between 70 and 79. Despite the extra police
intervention with elderly victims, volunteer intervention was the norm for all age groups.
The project aimed to provide a home visit by a volunteer within seven days of a referred burglary.
The project database indicates that 45.8 per cent of interventions were delivered within six days
of the burglary or less, while a further 40.4 per cent were provided in less than two weeks. The
average delay between burglary and home visit was 8.2 days.22 The project team was able to
generate a better rate of referral and intervention in the second half of the project and this is
arguably related to the progressive nature of its implementation in accordance with Principle 1
above. The second seven months of the intervention saw 593 referrals (representing 35.0 per cent
of eligible burglaries) compared with 401 referrals in the first seven months (27.8 per cent of
eligible burglaries).
It appears that the scheduling of repeat victimisation activities is operationally robust; however,
such scheduling must be compared with realistic intervention alternatives. Repeat victimisation
strategies appear to be ‘natural’ ways of distributing resources to actual or potential victims, but
Taplin and colleagues23 describe one alternative in New South Wales. In a project which combined
repeat burglary reduction with a ‘hot spot’ analysis, police provided security audits of several
whole streets within identified hot spots in one intervention area. However, in a large intervention
area, such as covered by the Adelaide project, the targeting of hot spots would have required
considerable resources to be marshalled over a short period of time.

Resource allocation in other projects
Taken at face value, the coverage of the South Australian project is disappointing. It generated
home visits to only 26.6 per cent of targeted burglary victims. Yet a comparison with a smallerscale Cambridge (UK) intervention is instructive. Bennett and Durie24 describe this multi-faceted
burglary intervention in Cambridge, which attempted to involve burglary victims as well as
implement other measures. In this project the total number of ‘in-scope’ burglaries was only 171,
compared with over 3000 in the Norwood and Tea Tree Gully areas in a comparable intervention
period. The project component which aimed at burglary victims reported an involvement of 21 per
cent, and the figure dropped to 17 per cent if the criterion is taken as completed visits to the
victim’s residence. This comparison puts the South Australian project into perspective.
Nevertheless, other Australian projects seem to have generated a greater level of victim
involvement. For example, Taplin and colleagues25 report the results of an audit of a policecontrolled repeat burglary and hot spot project in New South Wales, which confirmed that 70.5 per
cent and 73.9 per cent of domestic burglary victims in two intervention areas had security
assessments of their residences conducted by police in 1999.26 Also, over 90 per cent of victims
received general security packages. An intervention in Beenleigh, Queensland, also reported
much higher rates of victim involvement than the Adelaide project. The Queensland Police Service
was the key agency in delivering services to burglary victims, achieving an 85 per cent delivery
rate of the level 1 components of its intervention. These included a personalised security audit
for all victims of burglary. A characteristic of both the Adelaide and Cambridge interventions
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was the involvement of third parties in conducting home security audits. In the Adelaide
intervention the audits were undertaken by specially trained project volunteers employed by
the Crime Prevention Unit, Attorney General’s Department. In Cambridge they were undertaken
by City Council staff. It seems inevitable that extra administrative effort to maintain intervention
integrity will be demanded when police are not the primary agents for service delivery.
While the data reported above provide some indication as to the pattern of intervention among
referred victims, there was little information available to explain why referrals represented less
than a third of potential victims. The gap between referral and intervention (16.2 per cent of
referred victims) is comparable with the non-contact rate reported by Bennett and Durie for
victims who initially expressed interest in a home visit (seven out of 35, or 20.0 per cent).27
However, this gap is small compared with the gap between burglaries and referrals (68.3 per
cent). It is not known whether the low referral rate is due to poor police attitudes or skills in
promoting victim participation, or whether many victims will not participate in such an
intervention, even if the offer is put in the best possible way. A telephone follow-up survey
conducted among non-participant victims in Cambridge revealed reasons for non-participation
such as: the burglary was not serious enough; victims had already taken action to improve security;
victims thought nothing could be done; or they were simply not interested. Unfortunately, no
systematic follow-up data of this kind were collected for the South Australian project.28

Patterns of victim participation
There are some limitations in the available data on referrals, notably that 23.2 per cent of referred
victims did not have their age recorded on the database, and in 18.1 per cent of referrals the sex of
the victim was not recorded. However, the sex of the victim was determined by name where
coding was missing, so that only three cases remained uncoded. Where age of referred victims
was known, the only significant difference in intervention status related to victims aged 20-29.
Over a quarter of referrals in this age group (26.2 per cent) did not receive an intervention,
whereas in all other age groups the non-interventions amounted to only 13.4 per cent. The project
ensured that all 30 victims aged 80 or more received an intervention from either the police or the
project team. Women (85.7 per cent) were slightly more inclined to proceed with the intervention
than men (82.0 per cent) once a referral had been made.
However, the main area of case attrition was from burglary to police referral. The analysis of the
age structure of police-recorded burglary victims indicated that referrals were not greatly affected
by age, except that victims under 20 were unlikely to be referred for intervention. There were no
marked differences in referral practices for older age groups. However the age-pattern of referral
peaked for those aged 50-59 and dropped away for both older and younger age groups. The
number of missing ages on the project database precludes a more detailed analysis. While this
database collected other details of burglary victims, the police burglary file contained details
only of the age and sex of the victim reporting the burglary. Thus these were the only variables
available to test Principle 2 above—that vulnerable victims will be protected by a repeat
victimisation strategy. The available evidence indicates that there were no major sex differentials
between participating and non-participating victims, although there was a tendency for younger
victims of burglary either not to be referred (those in the under-20 age group) or not to proceed
with the intervention (those aged 20-29).29
While the personal details of individual burglary victims from police files are limited, there is
additional detail available about intervention participants. These details furnish the opportunity to
make further comparisons between intervention participants and the general population. It is of
interest to know whether participants differ from the general population of the intervention
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area in possessing known risk factors for burglary. If this is the case, then it is evidence of successful
targeting by the intervention. Two risk factors, renting and moving, are taken as indicators of
burglary risk factors. These factors are known to be associated with burglary, as shown, for
example, in the 1998 National Crime and Safety Survey.30
Renters made up over a quarter (25.8 per cent) of project participants; of these, state housing
authority renters contributed 4.6 per cent and private renters 21.2 per cent. A comparison with
the general population at the time of the last census reveals a slightly smaller percentage of
renters. Census data for the intervention area indicated that 23.4 per cent of the population were
renters, including 4.4 per cent renting from the state housing authority and 18.9 per cent from
private landlords. This difference is not statistically significant (p = 0.107), but it seems reasonable
to hypothesise that renters are more difficult to involve in a crime prevention project than those
who own or are buying a dwelling.
A stronger pattern emerges with victim mobility. Almost half (49.5 per cent) of the burglary
victims involved with the project had been residing at their current address for more than five
years. This compares with census data for the same areas showing that 58.3 per cent of all
householders had been at the same address five years earlier. Statistically, this result is highly
significant (p < 0.000).
The fact that both renters and movers tended to be over-represented is promising for the
intervention. These populations provide potential difficulties for program involvement, yet the
fact of their participation indicates that project participants bore a closer resemblance to a burglary
victim population than to the general population.
The pattern of attrition from recorded burglary victims through to the stage of intervention also
makes it necessary to examine these characteristics of individual suburbs within the intervention
area.31 An illustration of the way the intervention process distorts the original characteristics of
burglary victims emerges through the analysis of intervention suburbs classified by average weekly
household income. When the project database and the police burglary files are compared, it is
clear that victims from suburbs with higher average household incomes were more likely to be
referred to the project and also more likely to become involved with the project once a referral
had been made. This is so even though suburbs with lower average household incomes experienced
higher rates of burglary. Figure 2 indicates the percentages of interventions, burglaries and
households in suburbs by the average weekly household income of those suburbs.
The greater involvement of victims from higher-income suburbs is evident. The three bars in the
chart show, for each group of suburbs, the percentage of interventions, burglaries and households
pertaining to each group of suburbs. If the first bar is lower than the second, this indicates that
interventions are lower than the number of burglaries would lead us to expect. If the first bar is
lower than the third, this indicates that interventions are lower than the number of households
would lead us to expect. The patterns displayed in Figure 2 indicate that the lower- and middleincome groups of suburbs, A$300-$499 and $500-$699, are under-represented in interventions,
regardless of whether the number of burglaries or the number of households was taken as the
benchmark. The higher-income group of suburbs, A$700-1499, is over-represented with respect
to burglaries and even with respect to households.32
This last result reveals an important cost of ‘losing’ target victims for the Adelaide project. In
key respects the individual victims who receive interventions remain representative of the general
target group of burglary victims. While they represent a smaller pool of victims than is desirable,
they remain a well-targeted group which is more vulnerable to future burglary than the general
population. However, when it comes to intervention suburbs, the targeting shows some signs of
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slippage, though the distortion is not particularly severe. Nevertheless, areas with higher average
incomes get more than their fair share of resources, and an intervention involving a larger
percentage of victims would ensure that this did not happen.

Figure 2. Project penetration by average household income of suburb
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All crime prevention programs are affected by differences in group participation rates. Furthermore,
this differential involvement will not necessarily be proportional to the victimisation experienced
by these groups. Repeat victimisation programs at least start with a target group reflecting
victimisation patterns. Reports of repeat burglary interventions based heavily on police
procedures33 tend to provide little detail on the involvement of community members in these
programs. Perhaps this is because police largely ‘take control’ of the intervention process. It may
also be that a more direct involvement by police ensures greater victim compliance with the
intervention process. Furthermore, police information about victims is absolutely essential for
the operation of repeat victimisation projects. Nevertheless, the South Australian project managed
to retain a high proportion of victims once referred, and it was principally in the referral stage
that victims were lost to the intervention. A pattern of undesirable attrition is evident through
differential suburb participation rates, but these are not so badly skewed as to totally distort the
original victim profile.

Discussion
The Adelaide repeat burglary intervention indicates that the distributive principles for crime
prevention resources suggested by Pease are fairly robust.34 They still have force, even for an
imperfectly implemented intervention, and they assist in the targeting of resources to those who
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need them. However, incomplete interventions risk not only a loss of eligible victims, but also of
missing the bulls-eye with respect to the target group of most needy victims.
Consideration of the resource allocation process and of the actions taken by victims also throws
necessary light on what outcomes should be expected from the project. These outcomes will
depend heavily on the mechanisms through which the intervention is expected to operate. One
major mechanism through which the Adelaide project could be expected to operate is through
simple target-hardening of the premises of victims, leading to the reduction of future burglaries
at these particular dwellings. If this is the case then the ‘drip-feeding’ of resources should not
lead us to expect quick results. At the halfway point of the intervention, less than half of the home
visits had been undertaken and many of the victim actions had not yet been completed. If a
reduction in burglary is driven by target-hardening, then project impact should increase gradually
over the course of the project and even beyond it.
On the other hand, if the intervention is expected to percolate outwards from intervention victims
to affect other actual and potential victims, active burglars and capable guardians, then it could
be expected to operate more quickly. Publicity associated with the intervention could be expected
to change the behaviour of burglars and of potential victims more quickly. In the Adelaide project
a deliberate choice was made to avoid publicity and to let the intervention run without such
assistance. This may well have represented a lost opportunity to trigger additional anti-burglary
activities in a wider population than burglary victims. The most successful repeat burglary
intervention projects such as Kirkholt35 and Huddersfield36 did not succeed in totally eradicating
repeat burglary. Despite this, they achieved far greater reductions in total burglary than could be
expected even by the complete eradication of repeat burglary. This indicates that they operated
on a broader front, and that it is more than just burglary victims in whom anti-burglary mechanisms
are triggered.
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SECTION 4.2

BURGLARY AND OTHER CRIMES: THEIR
IMPACT ON VICTIMS AND ON VICTIM
PARTICIPATION IN CRIME PREVENTION

185

186

Introduction
Resource Distribution examined the way that resources in the South Australian
Residential Break and Enter Pilot Project were distributed. The allocation process was
dependent on (a) police referring burglary victims to the project, (b) project organisers
making contact with those who accepted visits from volunteers, and (c) on burglary
victims confirming meetings with project volunteers and participating in the project.
The process is illustrated diagrammatically below:
Figure 4.2.1:
Attrition in the South Australian Residential Break and Enter Pilot Project104
A: Victims
reporting a
burglary to police
(Police data)

Program offered by
police and victim
accepts visit

B: Victims initially
accepting a visit
from volunteers

Victim acceptance
confirmed

(Program database)
C: Victims who
participated in the
project
(Program database)

The final distribution of project resources resulted from a mixture of processes. The
biggest source of attrition in the project was from Box A to Box B. This stage resulted
in the loss of 68% of potentially eligible burglary victims. This stage of the project
relied on police offering project participation to victims and victims agreeing to a visit
from the project volunteers. The data on the large group of burglary victims was
limited to that held on the standard police crime system and no project records were
kept of the specific reasons for dropout. This means that the large loss of participation

104

Note that the pool of potential victims is wider than indicated in Box A of Figure 4.2.1 because not all
burglary victims report the event to police.
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between Box A and Box B is due to some unmeasured mix of mechanisms105. The
second source of attrition was from Box B to Box C. An additional 5% of eligible
burglary victims decided not to participate in the project after being contacted by
volunteers, and the reasons for attrition here were described in Resource Distribution.
Additional data were collected on this area of attrition in order to support the analysis.
However, because police data on individual victims of crime are limited, Resource
Distribution drew inferences about the large attrition between boxes A and B mostly on
the basis of census-generated area-characteristics. Hence Resource Distribution was
unable to pin down precisely the reasons for attrition between Boxes A and B and this is
where the bulk of attrition occurred.
Nevertheless, it is important to understand the reasons why victim participation is low,
and it is equally important to understand why the patterns of victim participation may be
distorted. Fortunately, a substantial body of research has been conducted on this issue.
It indicates that first, resources may not be offered equitably to all victims and second,
that victims may not be able or willing to accept the resources, at least not in the form
they are offered. Section 1 discussed the often idealised images of the victim promoted
in public discourse and the analysis in this section helped explain why agencies focused
on certain types of victim rather than others in providing resources. The second issue
concerns the way that victims’ experiences of crime affect them and shape their
precautionary responses. In understanding the latter issue, it is useful first to examine
the impact of crime on victims, and then to review the evidence about participation of
crime victims and non-victims in various forms of crime prevention activity. The thesis
conclusion draws together the two influences on resource distribution and their
implications for victim-based crime prevention.
This section examines, first examines relevant findings from the literature on victim
support. Of particular interest are findings that identify heterogeneity amongst crime
victims in (a) their reaction to crime, and (b) their ability and willingness to participate
in crime prevention activities. One of the key claims of victim-based crime prevention
is that it provides services to victims in the best way possible – by helping a vulnerable
group of individuals avoid future victimization. On the other hand, if victims are
unwilling or unable to participate in crime prevention activities they will make only
limited use of the services offered. First it is useful to review briefly the evidence about
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Project staff noted that police did not always offer the project to victims, particularly in its early stages,
but there was no quantification of this effect.
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the impact of repeat victimisation. If repeat victims are especially vulnerable, then
services offered to them may need to be carefully designed.
The impact of single and repeat victimisation
Several studies in the nineteen seventies and eighties provided detailed information
about the impact of burglary on victims (Maguire, 1980: 264; Repetto, 1974; Waller and
Okihiro, 1979). These pointed to the potentially severe impact of burglary. Maguire,
for example, found that six percent of victims (disproportionately women) suffered
acute distress after discovering the crime. For a further nineteen percent the impact of
the burglary was ‘considerable’ and even after four to ten weeks 65% of victims stated
that the burglary was still having some effect on their lives. The most common
persisting effects found by Maguire were ‘… a general feeling of unease or insecurity
and a tendency to keep thinking of the burglary’ (Maguire, 1980: 264). Repetto (1974)
found that 73% of victims expressed considerable fear of a repeat burglary, while
Maguire found anger to be the most common emotion immediately after the burglary.
More recent research by Winkel (2005) shows that repeat victimisation is one important
factor among others predicting coping failure and persistent distress. There is clear
evidence showing that some victims lack the personal resources to respond in a positive
way to their victimisation experience.
In a carefully designed prospective study Dutch researchers (F. Winkel, Willem, 2005)
examined the cognitive dimensions of coping failure. The study used a panel design
that surveyed respondents and classified them as ‘susceptible’ or ‘resilient’. Susceptible
respondents were classified as such if they perceived themselves: to have high life
stress; to be uniquely vulnerable rather than sharing the same risks as others; and to
have negative perceptions of the world as a safe place.
The survey then followed up victims on a weekly basis and, using an innovative
methodology106, obtained reports about their actual experience of victimisation.
Resilient survey respondents who became victims of crime were able to maintain
positive views about the world and about their own vulnerability. On the other hand
susceptible respondents who were victimised reported increasingly negative attitudes
subsequent to victimisation. Susceptible respondents who did not experience
victimisation became more positive in their views over the short-term. The results
therefore indicate that high levels of victimisation exposure do not necessarily overturn
106

Respondents were provided with laptop computers and a modem and were emailed questions about
their victimisation status every weekend.
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resilience, but that victimisation may have a particularly negative effect on a vulnerable
sub-group (F. Winkel, Willem, 2005: 368). Furthermore, Winkel presents evidence
showing that:
1. Prior victimisation is correlated with the perceptions identified above, and with
other factors, such as a lack of support from partners, and character attributions from
their social environment107.
2. Subsequent victimisation, particularly within a short period of time, has an
independent and adverse impact on coping and distress. The independent impacts of
subsequent victimisation may include panic symptoms, anxiety, depression and
intrusion108 (F. Winkel, Willem, 2005: 366-367).
Another prospective panel study (Norris and Kaniasty, 1991) indicated that the
development of persistent coping problems was often contingent on the experience of
subsequent crimes109.
These findings do not relate specifically to subsequent crime prevention activity by
victims. They are concerned with the general issues of coping and distress.
Nevertheless, it is easy to imagine why those individuals who perceive they are
uniquely vulnerable to crime will have these perceptions reinforced by repeated
victimisation and may feel that any preventive action taken will prove to be ineffective.
An immediate question arises as to whether all victims are able to readily implement
individually based crime prevention precautions. A second question concerns the nature
of the crime prevention activities recommended to victims. There is evidence that
individual precautions can increase fear of crime whereas community based crime
prevention initiatives may ameliorate it to some extent (Norris and Kaniasty, 1992).
This means that certain forms of crime prevention may exacerbate symptoms of panic,
anxiety or depression for vulnerable victims.
One lesson to be drawn from this and other research is that there is considerable
variation among victims with respect to vulnerability, and willingness to take preventive
action. For example, with respect to burglary in two local areas of Stoke on Trent,
Evans (2001) found that households who had experienced a domestic burglary were
significantly more likely to have implemented security measures than households who
107

This is ‘victim blaming’ – the cause of victimisation is attributed to their character.
Repetitive intrusive thoughts about the victimisation event
109
Prospective panel studies avoid a methodological problem in this area. For ‘one-off’ surveys it is
known that those victims who are anxious about crime are more likely to recall prior victimisation, so that
anxiety ‘produces’ prior victimisation, rather than the reverse. Prospective panel surveys can bypass this
threat to the validity of findings.
108
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had been burglary free. Victims in the affluent area included in the survey were more
comprehensive in implementing security measures than victims in the less affluent
area110. It appears therefore that many burglary victims are willing and able to take
preventive action in the aftermath of victimisation (Weisel et al., 1999), regardless of
whether they are offered an official crime prevention program by the state.
Evidence for the impact of crime on individual victims therefore points to highly
contextualised effects that require victim heterogeneity to be taken into account.
Individual victims will include a mix of those who are resilient and those who are
susceptible. Victimisation of resilient individuals will not necessarily impair their
coping ability, but susceptible victims may be subject to high distress and coping
problems. Furthermore, repeated victimisation, and in particular rapid re-victimisation,
has the potential to exacerbate distress and coping problems.
At the community level there is some evidence that crime can energise communities
into social organisation, but a well-designed recent study indicates that crime has a
chilling effect on participation rather than an energising effect (Saegert and Winkel,
2004). In buildings where multiple families were housed, social capital was more
strongly related to participation in community organisations than to the experience of
crime.
In summary, research on the impact of crime on victims confirms that the prevention of
future victimisation should play an important role in victim support. Many resilient
victims will be able and willing to take action themselves. Some will take action
independently of an official crime prevention program, whereas others may readily
respond to government-sponsored crime prevention programs that offer advice or
financial assistance. Susceptible victims on the other hand may need special support to
help them participate in crime prevention activities. Clearly, victim support and crime
prevention outcomes have the potential to reinforce each other, but activities designed
to achieve these joint goals may need to be carefully planned if they are not to be in
conflict. Further evidence for this assertion is discussed below. For example, Winkel
(1987) found that public crime prevention campaigns may encourage unintended and
unwanted reactions in individuals who had already implemented crime prevention
measures and were later victimised and Winkel’s (1991) research on communication
strategies by police indicated how messages aimed at encouraging crime prevention
action may be counterproductive for both victim support and crime prevention.
110

Low response rates for this survey may limit the generality of its results.
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Specifically, police may believe that informing victims that the probability of repeat
burglary is high; that it may occur soon; and that it may result from the return of the
same offender will create a constructive sense of urgency in victims and encourage
them to participate in precautionary activities. However, such an approach will not
automatically elicit a constructive response from victims111. It may encourage
‘irrational, distorted or faulty’ (F. Winkel, Willem., 1991: 257) thinking by victims
leading to attributions of a giant-like status to the offender, and may lead to inadequate
or in some cases extreme reactions. In an experimental study of alternative police
training modules Winkel found that police trained in appropriate communication
techniques112 could help victims to focus on constructive crime prevention activities and
to avoid unnecessary fear and extreme responses. Nevertheless, Winkel (1991: 261)
concluded that ‘running an assistance program for victims of burglary is not a risk-free
operation’.
Not all victims are able and willing to respond to individualised approaches to crime
prevention. Social approaches to prevention may be more suited to generating a
constructive response. Furthermore, victim support services have the potential to assist
with respect to both roles, but may not be comprehensive enough in scope. Winkel
argues that, despite the proactive approach of such service organisations, most victims
with persistent coping problems remain undetected. Overall, the research shows that
prior victimisation is one important factor in assessing the need for victim support and
for crime prevention. However, victimisation itself is not sufficient to determine needs.
Winkel’s own recommendation is for a dual screening system (F. Winkel, Willem,
2005, p370) for proper assessment of support needs. This would involve the
introduction of short self-report screening device for use by police, and the use of more
detailed approaches to deal with those who are screen positive.
Participating in different forms of crime prevention action
The previous section focused on the impact of burglary and other crimes on its victims
and we saw that burglary is a serious offence that generates negative emotions as well
as other impacts. These results need to be rounded out by a discussion of research into
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Section 2.1 argued that this view had limited empirical support, particularly in Australia, so,

considering also its demoralising potential, it should not be promulgated as a general message to victims.
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As well as training in victim interaction and crime prevention.
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participation in different forms of crime prevention. Research in this area is again
highly relevant for this thesis because it indicates that:
a) Certain kinds of citizens in certain kinds of neighbourhood contexts are more likely
to participate in crime prevention activity than others, but
b) ‘Crime prevention’ is not a unitary set of activities and it is important to delineate
different crime prevention domains.
Lab (1990) noted the variation in success of attempts to stimulate victim participation in
crime prevention activity. Furthermore, research findings on the correlates of
participation have been somewhat contradictory. Lab argued that a key reason for the
variation in findings was that crime prevention was not a unitary set of activities. One
early classification by Furstenberg (1972) divided them into avoidance and mobilisation
activities. Avoidance involved staying at home, locking doors and keeping away from
strangers and threatening places. Mobilisation involved direct action designed to
protect property, including the use of alarms, lights, guns and other physical devices.
Another classification separated collective crime prevention activities such as
neighbourhood groups and citizen patrols from individual/private activities such as
using locks and alarms (Conklin, 1975; Pennell, 1978).
First Lab (1990) and later Hope and Lab (2004) developed empirically validated
classifications of crime prevention activities. The framework of Hope and Lab is used
in the development of the arguments below. Using an analysis of a special module in
the 1994 British Crime Survey they found evidence that crime prevention activities
clustered into five clear groupings, or domains. They labelled these groupings as
‘evening precautions’, ‘self-defence’, neighbourhood watch’, technological security’
and ‘fortress security’. The first two groupings relate mainly to activities designed to
prevent personal attack. For example, ‘evening precautions’ reflect actions taken at
night, including staying home, avoiding certain people, and making special
arrangements, including transport, for going out at night. ‘Self defence’ includes taking
self-defence classes, and carrying weapons or personal alarms. ‘Technological security’
is described by Hope and Lab as emphasising relatively sophisticated surveillance
measures such as burglar alarms, timed lights and the use of security surveys. ‘Fortress
security’ emphasises physical measures such as deadbolt locks, window locks, bars and
grills and so on. ‘Neighbourhood watch’ emphasises group-based neighbourhood
activities of the kind encouraged by formal neighbourhood watch schemes. These
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include membership in a watch group, property marking, having a neighbour watch the
house while one is away, and having insurance against household theft.
When these researchers examined crime prevention participation they found that the
predictors of participation could be placed into three separate categories. These were
individual demographics, the social characteristics of the community of residence of the
respondents, and respondents’ perceptions of safety in their own community. The
community perceptions included assessments of local crime levels, ability to identify
strangers, feelings of safety at home and in the area, the level of social and physical113
incivilities, and finally their victimisation status. The analysis by Hope and Lab found
that in broad terms the demographic predictors of participation were relatively stable
across different crime prevention domains, particularly those connected with property
protection. Specifically, those who participated in crime prevention activities were
more likely to be older, female, white, home owners, and those with higher incomes and
higher levels of education (T. Hope and Lab, 2004, p14). Some differences in these
patterns were found for the domains relevant to the prevention of personal attack114.
When area characteristics were taken into account, Hope and Lab found that the
percentage of single adult households with children predicted participation in most
forms of crime prevention but there were varied impacts of other area characteristics
across different crime prevention domains.
Finally, and most relevantly to this thesis, there were important differences in the
predictors of involvement in different domains based on respondents’ perceptions of
their neighbourhoods. For the property protection domains it is possible to compare and
contrast the neighbourhood watch domain with the technological security and fortress
security domains. Involvement in all of these domains was predicted by perceptions
that the neighbourhood was a high crime area and that burglary was highly likely.
Furthermore proximity to burglary victimisation115 raised the odds of participation in all
of the property protection domains.
On the other hand, being a ‘joiner’ of voluntary groups, possessing property more
suitable for theft, satisfaction with the area where they lived, where neighbours are
helpful, and where strangers can be identified, were unique predictors of participation in
113

Physical incivility is equivalent to disorder.
Evening precautions were more common among ethnic minorities, married people and home owners,
while self-defence was more popular among single people and renters.
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Note that this measure is broader than direct victimisation. It scored highest if the respondent was a
direct victim, but was also scored positive if the respondent knew (in order) (a) a relative (b) a close
friend (c) an acquaintance and (d) a neighbour who was a burglary victim.
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neighbourhood watch. Thus the social capital of the area was connected with
neighbourhood watch participation. This result is consistent with a body of research
that indicates that community social capital is a more important predictor of community
based crime prevention than direct victimisation. The results of the area perception
variables are also consistent with prior research finding that those with higher levels of
fear of crime are more likely to participate in crime prevention activities (Saegert and
Winkel, 2004). Bennett (1989) has argued that both fear of crime and participation in
other community organisations predict neighbourhood watch participation. Finally,
Taylor and colleagues (Taylor, Taub, and Peterson, 1986) provide further evidence that
both fear and neighbourhood qualities affect participation in community crime
prevention. They also found a small but statistically significant effect of victimisation
on participation.
However, if the results of Winkel’s research are stable (see above), we would expect
victimisation to produce potentially opposing influences on participation. We would
expect resilient victims to participate in crime prevention activities, but would expect
susceptible victims not to do so because of coping problems and distress. Future
research on the effects of victimisation on participation should examine the mediating
effect of resilience.
A final but critical issue concerns the impact of participation on reducing crime risk.
Taylor and colleagues failed to find any impact of defensive (or precautionary) action
on the likelihood of future action (Taylor et al., 1986, p175). Furthermore, a cost of
defensive action was that it increased fear among those who took it. Taylor and
colleagues interpreted this result as showing that individuals who took such action did
not benefit from it to any greater extent than did neighbours who took no such action.
However, individual actions were likely to produce a community benefit in the context
of a community-wide program of action. The significance of such an interpretation for
victim-based crime prevention is discussed in the conclusion. Furthermore, the
hypothesis by Taylor and colleagues helps to explain an important research finding
(Davis and Smith, 1994). A quasi- experimental evaluation of victim-based crime
prevention did not reduce repeat victimisation among the group of victims involved in
the project. A contributing reason for its failure may have been that the program was
targeted at individuals scattered across a city rather than at all residents in a single
neighbourhood.
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SECTION 5

CONCLUSION
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Overview
This thesis began with a review of the Kirkholt burglary reduction project. The
Kirkholt project inspired my interest in crime prevention and it was one of the most
successful crime prevention projects ever reported. Kirkholt tackled burglary on many
fronts and is arguably a model of applied, intelligent and sustained problem solving.
Later interpretations of ‘what worked’ in Kirkholt came to focus on repeat victimisation
patterns and their significance for crime prevention strategies. Singled out as one of the
main ingredients of its intervention measures was ‘cocoon’ neighbourhood watch, an
organic, micro-version of neighbourhood watch, that had the potential to expand
outwards from a burgled household into an area-wide initiative.
The introduction also reviewed the general background to Kirkholt. Interest in the
rights of victims had grown as a result of an emerging victim movement, and the
characteristics of victims of crime had become better known with the availability of
regular crime surveys. Routine activity and lifestyle theories of victimisation were
becoming influential in the early nineteen eighties but the thesis argues that these
theories may have initially served to downplay the importance of repeat victimisation.
They promised to explain one-time and repeated victimisation within a unified
framework. Under the assumptions of these theories, all victimisation could be seen as
relating to a set of routine activity or lifestyle factors that could be addressed for the
population as a whole. Victims, their circumstances, and the nature of their prior
victimisation had no special role in these theories.
The advent of the victim movement and its interaction with older victimological
theories did not advance the proper analysis of repeat victimisation. The original
victimologists such as Von Hentig provided potentially rich sources of insight into the
dynamics of victim-offender interactions and into the ‘victim-proneness’ of some
individuals. They brought the characteristics and actions of victims into the
criminological spotlight at last. However, too singular an emphasis was placed on the
characteristics of individuals and some early attempts to theorise the role of the victim
in crime were controversial and gave rise to accusations of victim-blaming. In
particular, Amir’s study of victim-precipitation in rape proved highly controversial and
it left a lasting antipathy for precipitation theories (Amir, 1971). Subsequently, victim
advocates tended to sanitise the character of the victim and ignored evidence linking the
victim in any causal way with their own victimisation. This trend led to an emphasis on
so-called ‘ideal’ or ‘innocent’ victims. It marginalised careful study of important issues
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such as: the degree to which victimisation is precipitated, provoked, or a result of
‘risky’ behaviour; the overlap between offending and victimisation; the victimisation of
those subject to structural disadvantage116; and the victimisation of deviant, or ‘difficult’
populations such as drug-users, the homeless, and the mentally ill.
With respect to data, the victim survey furnished new information about victims and
provided a foundation for emerging theories of victimisation. But it was not able to
remove all the doubts about reliability and validity that had arisen with respect to police
data. First, there is clear evidence that the main objective of surveys was to provide
data on ‘real’ levels, patterns, and trends in crime and that this aim took precedence
over all others. Theory development and testing took a back seat. Section 1 highlighted
this pecking order by examining the partitioning of some ‘events’ as ‘series’ and
showed that the approach did advance the aim of providing stable estimates of crime
trends. The ‘series’ approach was found to be analogous to the application of ‘counting
rules’ in police data – rules that were implemented in order to stabilise trend analysis
and cross-jurisdictional comparisons. However, despite its advantages, the series crime
category obscured a proper appreciation of the concentration of victimisation amongst a
small number of victims. Furthermore, other aspects of survey methodology created
ambiguity about the source of victimisation concentration, even when it was observed.
Researchers had to face the possibility that concentration could be an artefact of victim
response bias117. Another issue was that survey estimates were liable to random errors
and the numbers of vulnerable repeat victims found in surveys were small. This meant
that repeat victimisation was confronted by a set of purely statistical problems that
tended to undermine a clear interpretation of its stability and importance. Finally,
surveys provided imprecise locations of victimisation events in space and time. They
were rarely used to investigate small-area variation in crime; few could determine the
sequence of the reported events; and none were able to distinguish rapid repeat
victimisation from slower repeats. Important spatial and temporal patterns in repeat
victimisation were therefore obscured by the survey methodology, and police data
returned to centre stage as an important source of information118.
Section 1 argued that the above issues helped to explain the delayed advent of projects
such as Kirkholt – more than 20 years after crime surveys emerged on the
criminological scene. It was the insight that the high concentration of victimisation
116

Such as indigenous people
This is the term used by Sparks (1981), however, Biderman and Lynch (1981) referred to the term
‘recency bias’ as a specific form of response bias (See Section 1).
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The advent of computerised police systems greatly facilitated this process.
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provided a fertile opportunity for the prevention of crime that allowed repeat
victimisation to emerge as ‘the most important criminological insight of the decade’
(Brady, 1996). If repeat victimisation could be reduced, then so too could total crime.
Furthermore, resources could be targeted efficiently in space and time in order to
achieve this result. The arguments in favour of focusing crime prevention on victims
were outlined in the introduction and also in Repeat Burglary – the lynchpin of this
thesis. In some ways, the delayed interest in repeat victimisation was also due to a
failure of criminological imagination – a factor discussed in more detail below. In their
attempts to explain the phenomenon of repeat victimisation, researchers have at various
times placed too much emphasis on the role of either transient or stable influences; on
victim actions or offender choices; on spatial as opposed to temporal factors; or on
seeing single victimisation and repeat victimisation either as the same or as separate
phenomena.

Statistical and methodological aspects of repeat victimisation
This thesis has attempted to thoroughly explore the assumptions of the statistical models
relevant to repeat victimisation. Poisson models for repeat victimisation have a clear an
unambiguous interpretation and these are spelled out in some detail in Section 2.2. As
stated in that section, the Poisson models – in both their homogeneous and
heterogeneous forms – are (a) good first approximations for the distribution of repeat
victimisation and (b) valuable tools for thinking about its underlying mechanisms. The
Poisson process was also shown to provide a simple and intuitive linkage between the
frequency and count domains. These domains should be seen as two separate ways of
examining a single underlying process. One can examine repeat victimisation by
counting the number of events in a fixed time-frame, or one can examine the varying
elapsed times between successive events. The same process generates both the counts
and the elapsed times119. Moreover, simple and intuitive ‘rules of thumb’ present
themselves if we assume that the model is Poisson. An annual rate of 5 burglaries per
hundred households easily translates into an expectation of one burglary per household
every 20 years under the homogeneous Poisson model. This simple insight provides
some immediate assistance about how long a window is needed to observe the ‘natural
history’ of burglary in any particular area.
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This true for any generating process, but the links are particularly simple to make for the Poisson
process.
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We saw in Section 2.2 that most extant studies of repeat victimisation allowed
insufficient time to fully observe the burglary process. Examination of more complex
statistical models in Section 2.2 indicates that a satisfactory window can be shorter than
indicated by the simple calculations outlined above120. However, many studies still
have inadequate windows of observation. Furthermore, while follow-up times need to
be relatively long, they also need to measure repeat burglary on a refined time-scale so
that rapid repeats can be observed and calibrated. Finally, when long periods of
observation are used, they arise invariably from the use of surveys that require
respondents to remember events from the distant past. They become subject to the
response bias discussed above. The issue of how to address the time scale of repeat
victimisation is of great importance and is discussed below under recommendations for
future research.
The elapsed time view of repeat victimisation was found to be amenable to survival
analysis, a technique with a solid pedigree in criminology and used routinely now in the
analysis of recidivism and criminal careers. Surprisingly, Repeat Burglary was the first
published paper to use a censored survival model in the study of repeat victimisation121,
long after the introduction of survival models in recidivism research122. Some early
papers on repeat victimisation arrived at biased conclusions because they failed to take
into consideration the ‘censored’ nature of the data they were dealing with.
Furthermore, such bias was compatible with a short-term approach to repeat burglary
that was not justified by a more careful analysis of the phenomenon123. Repeat
Burglary showed both the long-term and short-term impacts of repeat victimisation and
demonstrated that its proper understanding needed to take into account heterogeneity of
risk, measured in that study by partitioning small areas separately124. The research
strategy for Repeat Burglary was strongly influenced by a study by Bottoms and
colleagues in Sheffield (Bottoms et al., 1987) that drew attention to the fact that two
adjacent small areas could experience relatively stable but widely varying crime rates.
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Note that short time frames are adequate to observe long-term processes where we are extremely
confident about the time pattern of their evolution. There is no need to wait millions of years to observe
the half-life of radioactive materials, because the ‘time-course’ of their decay is regular and wellunderstood. However, as argued in this thesis, the time-course of repeat victimisation is a highly
contested issue.
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Spelman (1995) was the first to use an uncensored version of survival analysis, however the majority
of events in his analysis were not subject to censoring. ((Spelman, 1995))
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The failure of relevant techniques to be transferred between fields is examined later in the conclusion.
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Nevertheless, even the selection of source data provides an unlikely source of bias for researchers.
Section 2.1 outlined why users of police data are more likely to observe state dependence mechanisms
and short-term effects, whereas users of survey data are more likely to find evidence for heterogeneity of
risk operating over longer time-periods.
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This was the only way possible with the available police data.
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In other words the spatial scale of burglary was much more refined than usually
thought. Repeat Burglary aimed to examine areas small enough to possess relatively
homogeneous crime rates and it found a wide variation in burglary rates between areas
with even smaller populations than those reported in Sheffield. This strategy was
further vindicated by the finding that the time course of repeat burglary varied across
these small areas. Burglary was repeated rapidly in some areas but not in others. The
thesis findings with respect to the spatial scale of burglary have implications for all
future studies on burglary, not simply those with an interest in repeat victimisation.
The homogeneous Poisson model was acknowledged in Section 2.1 as being too simple
for many ‘real world’ situations, so the chapter examined simple extensions such as
heterogeneous Poisson models, as well as more elaborate extensions requiring the
application of sophisticated statistical techniques. Extended models such as the
negative binomial were shown in Section 2.1 to be indeterminate with respect to the true
source of extra-Poisson variation. Heterogeneity of risk and state dependence
mechanisms are both compatible with the negative binomial distribution and in the next
section I show that ambiguity in interpreting the models has allowed theorists to ignore
the full and varied sources of variation in the risk of repeat victimisation. This explains
why a statistical model should do more than just ‘fit the data’. Models should be used
to illuminate the mechanisms by which repeat victimisation is generated and thereby to
contribute to criminological theory. In its focus on simple models Section 2.2 on drew
attention to the mechanisms underlying them and to their implications. This emphasis
was consistent with the approach of Sparks who quotes Coleman (1964) to the effect
that:
... the importance of the Poisson process in relation to social phenomena does not lie in its
empirical fit to social data, but rather in the assumptions on which the distribution is based,
and in the fact that these may be reasonable assumptions about the process underlying the
phenomena (Sparks, 1981, p763)

It is one thing to acknowledge at a theoretical level that a given distribution can arise
because of state dependence or heterogeneity. It is another thing to examine the details
of those alternative models that could generate the distribution. In Repeat Burglary the
rapid pattern of repeat burglary in one area of the Perth suburb was assumed to arise
from state dependence. In Section 2.2 this issue was re-examined. Two heterogeneous
models were constructed which gave rise to the small-area burglary distribution. The
exercise was very instructive. While confirming that heterogeneity was a possible
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underlying mechanism, it demonstrated that extreme differences in the risk of burglary
would need to exist within the area for heterogeneity to be the driving process. In one
statistical model a sub-group of households needed to possess a risk of burglary 400
times higher than other households in order to make the model fit. The modelling
exercise therefore supported the original state dependence interpretation given in Repeat
Burglary, by demonstrating the implausibility of the heterogeneity model at the same
time as showing that it could not logically be excluded125.
Section 2.2 enabled us to see the variation in mechanisms that explain why prior
victimisation predicts future victimisation. The thesis has drawn attention to the need to
discover the correct mix of state dependence and heterogeneity that explain repeat
victimisation in any setting. Heterogeneity operates because those households that are
first (observed to be) burgled have characteristics that make them prone to a burglary in
the future. They therefore remain at higher risk of subsequent burglaries unless their
characteristics are changed. Furthermore, heterogeneity can be explained and predicted
if known risk factors are taken into account. Section 2.2 also discussed the phenomenon
of unexplained heterogeneity and the way in which modern statistical methods can take
into account a set of unknown or unmeasured variables that also contribute to
heterogeneity.
On the other hand, true state dependence operates when something about a prior
burglary changes the risk of a future burglary. Researchers have to date focused on
unidirectional state dependence where the change in risk has been upward – a boost.
However, one of the major themes of this thesis is that prior victimisation will not
increase the likelihood of future burglary for all victims. For some victims the
likelihood of future victimisation will be reduced, because of the subsequent protective
action of victims, or the assessment by offenders that the household is not as good a
target as they first thought. However, the combined effect of state dependence and
heterogeneity ensures that, in aggregate, one-time victims will have higher rates of
future burglary than the rest of the population.
Section 2.2 reviewed the results of recent studies on repeat victimisation using modern
statistical methods and improved research designs. These designs allowed examination
125

The conclusion later examines recent sophisticated survey analyses and the differences in crime rates
that emerge from them. Extreme contrasts in sub-group victimisation rates emerge from these new
analyses. The framework discussed above explains why we should expect the corresponding
heterogeneity survival models to display significant declines in the apparent hazard rate over time.
Furthermore, the time-course patterns that arise from these models could easily appear to arise from state
dependence, whereas they really arise because controls for heterogeneity have not been applied. Separate
modelling of homogeneous subgroups would display constant hazard rates over time.
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of the separate effects of area- and individual-level factors on burglary. They modelled
both observed and unobserved heterogeneity and they modelled burglary victimisation
as counts (incidence) rather than as a state (prevalence). Examining counts ensures that
repeat victimisation is embedded in statistical models and that the separateness of initial
and subsequent victimisation can be tested statistically. On the other hand, in
prevalence models repeat victimisation is assumed to arise from the same process as
initial victimisation and their independence is not tested.
New statistical techniques have given researchers extra analytic power, and improved
research designs have enabled better tests of the sources of victimisation and its
repetition. Nevertheless, Section 2.2 argued that improved statistical models are not
sufficient to advance further research. Improved data and relevant theory are required
in order for repeat victimisation to be satisfactorily investigated. Suggestions for more
complete study designs and analyses are presented later in this chapter.
Nevertheless, despite the simplicity of Poisson models, the close examination of their
logic undertaken in Section 2.2 enabled us to arrive at important conclusions. For
example, two approaches to victimisation concentration are discernible in the literature.
They were labelled ‘naïve’ and ‘sophisticated’ versions for convenience. The naïve
version of concentration simply looks at the percentage of repeat events over (say) a
year and examines what potential there is for crime reduction if repeat victimisation is
removed. This version pays no attention to the aggregate crime rate (λ) or to the
expected level of repeat victimisation that would be predicted by a Poisson model with
rate λ. Section 2.2 showed that as λ increases we should expect repeat victimisation to
increase. Furthermore, a high level of repeat victimisation may be consistent with a
purely random (homogeneous Poisson) model. The assumption behind this model is
that there is no difference between (a) first victimisation and repeat victimisation, or (b)
non-victims, one-time victims, or repeat victims. They differ only by chance since there
are all assumed to have the same underlying risk of victimisation.
By contrast, the sophisticated version of concentration pays careful attention to how
much repeat victimisation should be expected by chance alone. It measures
concentration or clustering according to how much dispersion is observed over and
above chance factors. Trickett and colleagues (1992) adopted this sophisticated
approach when they examined the distribution of property and personal crimes reported
in the 1982 British Crime Survey. They found that a random model did not fit the crime
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patterns evident in most areas. Furthermore, the departure from randomness was most
acute in high crime areas.
Section 2.2 allowed us see the arguments in favour of both the naïve and sophisticated
approaches. For example, in the discussion below of the crime prevention implications
of repeat victimisation it is appropriate to ask whether or not it would matter to victims
experiencing identical rates of repeated burglary that their victimisation resulted from
random factors (they experienced on average the same rates as their neighbours) or nonrandom factors (there was something about their household or their prior events that
made their household vulnerable compared with their neighbours).
The sophisticated and naïve approaches to concentration were highlighted in an
important way when Section 2.2 examined a measure of inequality in the distribution of
victimisation proposed by Tseloni and Pease (Tseloni and Pease, 2005). The
assumptions of the homogeneous Poisson model were extremely useful in helping us
assess the robustness of the measure (the Lorenz curve) because they showed that a
purely random distribution of victimisation could appear to be highly unequal according
to the proposed measure. The ‘sophisticated’ analyst of repeat victimisation would find
this result disturbing. He or she would find it even more unsatisfactory after concluding
that the same process could be regarded as generating moderate inequality if running for
a year but high inequality if running for 10 years126.
On the other hand the believer in the naïve version of concentration could take some
comfort in the view that crime concentration really does become more significant, in
absolute and percentage terms, in areas where crime rates are high. Even under a
random Poisson model, high lambdas imply more repeat victimisation, thereby
illuminating a basic insight – reducing the overall crime rate will reduce repeat
victimisation.
Repeat Burglary and Section 2.2 examined the relationship between repeat burglary and
area crime rates. They show that the notions of naïve and sophisticated concentration
can produce further insights and provide useful conceptual tools for the analysis of local
burglary data. The analysis of a Perth suburb showed that the highest crime area within
it had the highest absolute percentage of repeat victimisation, but its distribution of
victimisation could be fitted to a homogeneous Poisson model. In other words, it was
126

The ‘lambda’ of the Poisson process is determined by a purely conventional or arbitrary choice of
time scale rather than an objective standard so there is no objective difference between a 10 year and one
year period.
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high on the naïve version of concentration but low on the sophisticated version. This
result is inconsistent with the results found by Trickett and colleagues (1992) in the
above paper. On the other hand the Perth suburb analysis was highly consistent with
another analysis of the British Crime Survey (Osborn et al., 1996). This showed, as did
the Perth study, that the risks of repeat victimisation were more similar than the risks of
initial victimisation across households with different risk profiles. In the Perth suburb
the ‘risk profile’ was identified solely on the basis of area, whereas in the Osborn study
the risk profile was identified on the basis of both household and area characteristics.
Osborn and colleagues noted that their results were compatible with the operation of
state dependence mechanisms, whereas Repeat Victimisation drew attention to the
potential influence of unobserved heterogeneity. Both mechanisms are compatible with
the empirical findings.
A final set of statistical issues has substantive implications for theory and for crime
prevention. They help us explore the ‘literal’ mechanisms of victim-based crime
prevention – that it ‘works’ directly on and through victims of crime 127 by preventing
further victimisation. The questions that arise are:
(a) To what extent should victim-based crime prevention reduce the total volume of
crime?
(b) What time-pattern should we expect for the flow of benefits?
First, the naïve version of concentration tells us that, annually, there is simply not
enough repeat burglary to make large inroads into the total burglary rate, even if an
intervention removed all repeats. Section 2.2 made some basic calculations of the
impact of a literal mechanism, and found they were not high. It linked this result to
some important epidemiological insights, particularly those of Geoffrey Rose (1992).
Rose identifies ‘high risk’ and ‘population’ approaches to preventing injury and illness
and shows that small changes in the risk profile of the general population can produce
far greater aggregate benefits for the whole population than large changes in the risk
profile of a high-risk segment. With respect to crime prevention, the distinction
between ‘targeted’ and ‘coverage’ projects is clearly made by Hope and colleagues (T.
Hope, Bryan, Crawley, Crawley, Russell, and Trickett, 2004: 3) and these are the
analogues of Rose’s ‘high-risk’ and ‘population’ strategies in public health. The
concepts of primary, secondary and tertiary crime prevention (P. J Brantingham and
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To thoroughly explore the option we assume that this is the only way it works.
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Faust, 1976) are also relevant, but the correspondence between Rose’s epidemiological
concepts and these is not as neat.
Rose’s insights helped to explain why a strategy directed at high-risk targets will not
necessarily produce significant benefits for a whole population and the analysis in
Section 2.2 requires criminologists to examine more closely why some high-profile
projects such as Kirkholt have massively over-achieved ‘reasonable’ expectations of
success.
Section 2.2 noted that, despite the proposed advantages of victim based prevention in
providing a balanced ‘drip feeding’ output of resources over time, there has been little
analysis of the correlative ‘drip feeding’ of benefits over time. If victim-based crime
prevention operates only through the inoculation of victims we would expect its benefits
to develop gradually over time, and also to have some continuing benefits after the
completion of an intervention. Section 3 showed that the time-pattern of benefits in the
South Australian project could perhaps have fitted this pattern if the time span of data
collection had been extended. However, evaluations of repeat victimisation prevention
have not tested the proposition that its benefits are gradual and lag behind resource
distribution as might be expected.

Victim-based crime prevention: its effectiveness and links with victim
support
The effectiveness of repeat burglary interventions: a review
Repeat victimisation came into the spotlight with the realisation that it could provide a
great point of leverage for crime prevention. Imaginative theoretical research by
researchers such as Sparks was far less influential than the practical crime prevention
success reported in projects such as Kirkholt. It is therefore important to reflect on the
claimed benefits for victim-based burglary prevention and evidence for their current
validity.
First, there have been spectacular successes in demonstration projects such as Kirkholt
(Forrester et al., 1988; Forrester et al., 1990) and Huddersfield (Anderson and Pease,
1997; Chenery et al., 1997), in the United Kingdom. On the other hand, (Forrester et
al., 1990)there are projects in the United Kingdom that did not reduce burglary or its
repetition, and most projects in other countries, including Australia, have been
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unsuccessful in reducing both repeated burglary and total burglary128. Farrell and Pease
recently published a balanced and somewhat sobering assessment of the overall impact
of projects aimed at preventing repeated (and total) burglary (Farrell and Pease, 2006)
and Hope casts doubt on the general applicability of the repeat victimisation strategy for
burglary reduction129 (T. Hope, 2004; T. Hope et al., 2004). These recent reviews
remind us that earlier research on victim-based crime prevention highlighted certain
difficulties in (a) engaging victims in the crime prevention process and (b) showing that
crime prevention precautions taken by victims succeed in reducing their future risk of
crime (Taylor et al., 1986). Section 4.2 examined these issues.
It is evident therefore that victim-based burglary prevention does not guarantee
successful outcomes. Farrell and Pease note (Farrell and Pease, 2006, p173) that the
most successful efforts involved:
1. A strong preventive mechanism
2. Multiple tactics that produce synergies
3. Strong implementation
4. A focus on high-crime and high-burglary rate situations130
Conversely, programs that failed to work seemed to involve errors that largely oppose
the success factors, in particular:
1. Weak preventive mechanisms;
2. Poor implementation, including using the ‘indirect route’ of victim education;
3. Replicating tactics without attention to context (apart from security upgrades which
seem to be generally applicable across contexts), and;
4. A focus on low crime-rate areas.
In considering Farrell and Pease’s assessment of what does and does not work in
victim-based crime prevention, it is helpful to consider the advantages claimed for such
a strategy. These were outlined in Section 1, in Repeat Burglary and also in the
Evaluation Report. A re-grouping of these proposed advantages is useful so that they
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Two Australian projects discussed in Section 1 reduced repeat victimisation, but were unsuccessful in
reducing total victimisation.
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In the course of this analysis Hope presents a scathing general critique of the way that evidence is
marshalled in support of government supported crime prevention initiatives.
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Note, however, that Marchant ((Marchant, 2005)) argues that a focus on high crime areas capitalises
on a ‘regression to the mean’ artifact to generate evidence of success.
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can be examined in the light both of Farrell and Pease’s review and the research
conducted for this thesis. The major headings can be re-stated as:
1. Initiatives are based on a careful examination of local crime patterns and the
individual circumstances of crime.
2. For police, crime detection and crime prevention are brought together.
3. Targeting victims provides a defensible rationale for allocating and scheduling
resources; it protects vulnerable groups without identifying them in divisive ways;
and it fits in with notions of fairness and distributive justice.
4. Victim support and crime prevention are brought together; crime prevention
becomes salient and urgent for victims and physical and social crime prevention
activities are integrated
First, it seems clear that victim based crime prevention does not guarantee that local
crime problems will be carefully examined even though it may encourage this approach.
Farrell and Pease (2006) affirm that ‘repeat victimization is a strategy rather than a
tactic’ – a strategy that should be integrated with other crime prevention and detection
strategies This comment is consistent with the problem solving approach of the original
Kirkholt study. Careful problem analysis seemed to be an integral part of the Kirkholt
initiative, but simple replications of an ‘off the shelf’ approach to crime prevention
permit the implementation of packages that may bear no relation to the local ‘chemistry
of crime’131. Hope and colleagues make a related point with respect to implementation
when they comment that successful burglary prevention projects they investigated were
able to modify their approach in the face of emerging problems – including in some
cases the modification or even abandonment of repeat victimisation plans (T. Hope et
al., 2004, p22). In other words problem analysis must be based not only on careful
initial assessment of burglary patterns, but implementation must be flexible and
cognisant of emerging issues. These results are in opposition to ‘formulaic’ approaches
to crime prevention132.
The second heading suggests that victim-based crime prevention helps police draw
together crime prevention and crime detection. The basis for this claim is that (a) repeat
victimisation results mainly from a single offender or group of offenders, and (b) that
offenders who repeatedly victimise the same victim offend more frequently than others.
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A term used by Marcus Felson.
The Huddersfield project, with its graded approach to burglary prevention has invited many imitators.
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Section 2.1 examined the evidence for both of these propositions and found the
evidence in their favour to be limited. In particular, a large survey of burglary offenders
conducted in Perth found no Australian evidence in their support. It seems therefore
that detection efforts and crime prevention activities may not come together as
conveniently as suggested. Section 2.1 argued that the detection of repeat offenders
should proceed independently from the prevention of repeat victimisation, although
further research is needed on this issue.
The third set of claims concerning the targeting of victims seems to be well founded.
This thesis, along with much of the repeat burglary literature, has spent considerable
effort in examining the mechanisms of state dependence and heterogeneity. Regardless
of which of these mechanisms is most important, both point to the fact that victims have
generally higher risks of future victimisation than their neighbours. Some victims are
clearly vulnerable and it seems that victim-based crime prevention is arguably a good
way to ‘get the grease to the squeak’133 in a way that is relatively uncontentious.
Furthermore Resource Distribution found that the way resources were distributed and
accepted retained many of the benefits of targeting. Those victims who became
involved in the South Australian project were not simply affluent residents134 with low
prospects of burglary victimisation. There was some ‘slippage’ in the distribution of
crime prevention resources away from an ideal model, but crime prevention resources
remained fairly well targeted. Furthermore, those who are concerned about the
distribution of crime and the allocation of resources for its prevention owe a debt to the
repeat victimisation literature. Even now, conventions for evaluating the impact of
crime prevention focus on aggregate benefits. They ignore the way that resources are
allocated and they do not test for the possibility of crime becoming further concentrated
on those already most liable to victimisation.
On the other hand there are problems with the targeting of resources that need to be
addressed. Section 4.2 and Resource Distribution described the low participation rate
of victims in the South Australian project and in Cambridge (Bennett and Durie, 1999).
Low participation raises the potential for targeting to be distorted. Furthermore, there is
the possibility that some of those at high risk of victimisation may be deemed by police
and residents to be less eligible to receive crime prevention resources. These
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A term used by Ken Pease.
The term is used to show that the participants were not disproportionately affluent compared with
others in the intervention areas.
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perceptions may arise because of their risk taking, their deviance, or because they
belong to ‘problem’ populations.
Nevertheless, the repeat victimisation strategy has already gone part way to reaching
those who need crime prevention resources by guiding the allocation of crime
prevention resources in a defensible way. Past comments of Pease were surely apposite
when he lamented the fact that crime prevention resources were inversely distributed
according to needs (Pease, 1993). Victim-based crime prevention provides a focus for
the distribution of resources that makes it difficult for resources to go totally astray.
However, as stated above, allocation principles may be subverted unless attention is
given to ways of improving the integrity of the allocation principle in the face of strong
but unacknowledged views about which victims are deserving of help, and ways of
designing and offering services that difficult victims are able and willing to accept.
This issue ties in with the fourth set of claims outlined above. Because of its
importance it deserves to be discussed separately and its claims arguably go to the heart
of the productive fusion of crime prevention and victim support.

Links between victim support and crime prevention
Section 4.2 examined evidence concerning (a) the impact of burglary on victims and (b)
the factors connected with crime prevention. The section presented evidence about the
potentially severe impact of this offence but importantly showed that its impact is more
severe for ‘susceptible’ victims than it is for ‘resilient victims’. Furthermore, repeated
victimisation has the potential to confirm the views of those individuals who believe the
world is not a safe place and that they are uniquely vulnerable. Victims tend to be
disproportionately susceptible compared with non-victims and they are likely to both
lack support by partners and to be subject to victim blaming from their social
environment. The interaction between victimisation and susceptibility was seen to be
an important influence on the likelihood that victims would take appropriate crime
prevention action, and also on the type of crime prevention action that would attract
their participation.
The implications of this section are that (a) it is critically important for crime prevention
and victim support to be aligned with each other, but that (b) it is no simple matter to
provide services to victims that will both support them emotionally and practically
while simultaneously reducing their exposure to further victimisation. The first of these
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implications supports the claim that one of the best potential means of support for
victims is the reduction of their risk of future victimisation. To the extent that this
strategy is effective, society achieves something useful and also arrives at a more
equitable distribution of its ‘bads’ (Beck, 1986)135. However, it can also be argued that
the literature on victim-based crime prevention has underestimated the second
implication. The issue is highlighted by two other claims under point 4 – that crime
prevention is salient for victims after the burglary event and that it also assumes a sense
of urgency. Section 4.2 addressed these issues in the light of victim heterogeneity. For
susceptible individuals, no doubt a minority of all victims, the experience of
victimisation will not be sufficient to mobilise them to take appropriate action.
Furthermore, the belief that repeat burglary is likely to result from the return of the same
offender may create anxiety amongst victims of crime and reinforce the view that
victims are helpless and offenders are all-powerful (F. Winkel, Willem., 1991). This
view – as argued in Section 2.1 – has limited empirical support, so it should not be
promulgated as a general message to victims.
It is important to avoid conveying to victims the view that they are secondary players to
omnipotent offenders in the ‘crime game’. This ignores substantial evidence that many
resilient burglary victims are willing and able to take preventive action in the aftermath
of victimisation (Evans, 2001; Weisel et al., 1999), regardless of whether they are
offered an official crime prevention program by the state. This mechanism complicates
the comparison of intervention and ‘control’ areas (T. Hope, 2006; Weisel et al., 1999)
because it ignores the spontaneous efforts of victims to take crime prevention action,
whether or not they are in an ‘experimental’ or ‘control’ area.
This issue raises a broader point about the way that victim services – directed towards
crime prevention or psychological well-being – may be both optimally targeted and
optimally received by chronic victims. Research on repeat domestic violence in
Adelaide revealed that the most chronic of victims belonged to marginal groups whose
characteristics (indigenous, drug users, mentally ill) were far removed from ‘ideal
victim’ status (see Section 1). The ideology of the intervention program – for example
the idea that such victims are not able to make ‘rational’ choices supporting risk
reduction – served to place these victims in a ‘too hard basket’ and denied them of
needed support to reduce future victimisation. At the same time the marginal position
of such victims with respect to criminal justice – they may be ‘known to police’, or have
135
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driven by the distribution of goods.
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outstanding warrants and so on, may make them unwilling to cooperate with police
investigation. They may simply want to take advantage of basic but much needed police
emergency services. While the Australian evidence for this effect relates to domestic
violence victimisation (Morgan, 2004), there is evidence that repeat victims will be less
likely to seek or accept support in relation to other forms of victimisation including
burglary (T. Hope et al., 2004). They are more likely than other citizens to be victimised
with impunity and are thereby at high risk of repeated victimisation of all kinds, as
proposed by Sparks and discussed later in this conclusion. This is a matter worthy of
further sustained research.
Repeat victimisation research rests along a ‘fault line’ between criminology and
victimology and it tests the reality of a balanced ‘criminological imagination’ (see
below). The overlap between victim and offender populations is substantial and there is
a need for crime prevention and policing to accept that offenders are in need of
protection. If no institutional help is available for deviant victims an alternative
response such as victim ‘self-help’ may have highly undesirable consequences.
Therefore, a just and committed response by police on behalf of deviant and offending
victims is ultimately in the best interests of a peaceful society, regardless of the
difficulties in responding effectively to such groups. Repeat victimisation research
rarely acknowledges problems in responding to such populations but there are important
exceptions in the general criminological literature (Guarino-Ghezzi, 1994).
A final claim under point 4 is that victim-based crime prevention integrates physical and
social aspects of crime prevention and in the Kirkholt project this was certainly the case.
One of the key features in Kirkholt was cocoon neighbourhood watch, whereby a small
group of neighbours surrounding the burglary victim watched out for the victim’s
property. The cocoons provided an organic form of neighbourhood watch that
gradually expanded through the estate. Other social aspects of crime prevention in
Kirkholt were described in Section 1 and the project involved not only the police, but
other agencies, such as the probation service. In subsequent victim-based projects the
social aspects of prevention seem to have taken second place to physical aspects such as
target hardening. Cocoon watch was less important in the larger scale Huddersfield
project than in Kirkholt, and it played a limited part in the South Australian project
described in the Evaluation Report136. Given the research on victim heterogeneity and
crime prevention participation examined in Section 4.2, it seems that the lack of social
136
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crime prevention initiatives in Kirkholt ‘replications’ may have represented a lost
opportunity to ensure the participation of more victims in crime prevention activities.
It is important to acknowledge that it may be even more difficult to involve victims in
collective crime prevention action than in individual crime prevention activities.
Sampson and Phillips (1991) describe an attempt to implement ‘care watch’137 on an
East London housing estate as part of a victim-based intervention project. There was
considerable resistance among residents to the establishment of such a scheme and this
component of the project was never implemented. There was little social interaction
between residents of the estate prior to the project and residents’ resistance to care
watch was linked with high levels of fear and distrust of others on the estate.
Involvement of residents in other aspects of the project was relatively low138.
Farrell and Pease (2006) claim that the ‘indirect route of victim education’ is associated
with poor program implementation, but this comment is not explained and it is worthy
of more detailed and critical attention. The comments seem to generally devalue the
domain of social crime prevention and the approach of these researchers contrasts with
a recent systematic review of the effectiveness of neighbourhood watch(Bennett,
Holloway, and D, 2006). This review reverses the conclusions of Sherman and Eck
(2002) several years ago and contradicts widely held views among criminologists139.
By analogy, cocoon watch may have been a more significant component of Kirkholt’s
success than its recent emphasis would suggest140.
The approach to crime prevention is faced with choices in the face of the evidence of
victim participation presented so far. The main options seem to be:
1. Ignore the potential difficulties of engaging ‘difficult’ victims. Make use of those
motivated and resilient victims who are able to take precautionary action and base
the project on them.
2. Make the project very-much police-based and hope that victim-based crime
prevention will align very closely with traditional offender-based policing. Police
bear the major responsibility for initiatives.
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Care watch was very similar in concept to the ‘cocoon watch’ implemented in Kirkholt.
The results from several tabulations indicate that it attracted a similar general range of participation as
the South Australian and Cambridge prevention projects.
139
No doubt debate on this issue will continue.
140
Note that Cocoon watch was considered to be an important ingredient in the early nineteen nineties,
however it has not received the same emphasis in more recent years. However, the Kirkholt project
reports do not describe implementation issues for cocooning in detail.
138
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3. Make considerable efforts to involve both resilient and susceptible victims in the
project, even if this means training police to have additional skills in supporting and
engaging victims or introducing specialist workers with victim-support skills. This
approach acknowledges victim heterogeneity and the potential difficulties in victim
engagement.
The waning of confidence in the more social aspects of victim-based crime prevention
may be reciprocally linked with the re-establishment of the police role at the centre of
crime prevention management. If police are the key players in crime prevention and if
prevention and detection are seamless activities (point 2 above), then there is a
temptation to imagine that police can single-handedly manage most of the important
activities of crime prevention, with victims relegated to the role of mere informants and
other authorities assisting with target hardening advice or funding. Institutional players
such as the police may be tempted to impose solutions on ‘unmotivated’ or ‘vulnerable’
victims regardless of their ability to participate in programs. Such a tendency is clearly
evident in the prevention of repeated domestic violence. For a recent summary of the
evidence supporting the effectiveness of offender arrest and prosecution policies see
Maxwell and colleagues (Maxwell, Garner, and Fagan Jeffrey, 2002). Policies
acknowledging the primacy of the police role in this area can even lead to the arrest of
non-compliant victims when mandatory arrest policies are in place (Chesney-Lind,
2002).
There seems to be no easy way of resolving these issues in the absence of substantial
funding resources. Some researchers note that it is relatively easier to work with large
organisations rather than individual victims (Clarke and Felson, 1995). Furthermore,
the success of the Western Australian government in introducing immobiliser
legislation involved a well-funded government project that first, provided financial
subsidies for motorists to purchase immobilisers, and then introduced legislation
making the fitting of immobilisers compulsory on transfer of any vehicle, and finally
removing the subsidy while keeping the legislation in place. Perhaps the worst option is
option 1 whereby the potential problems of victim engagement are ignored. The ideal
solution is option 3, but it is likely to be more expensive than option 2.
With regard to burglary prevention it seems that progress could be achieved by
acknowledging that (a) there is value in acknowledging the heterogeneity of victims and
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devising strategies for maximising their participation in crime prevention141, and (b) the
ingredients of victim-based crime prevention should be reconsidered so that the place of
both physical and social forms of crime prevention is acknowledged.
Social support, as distinguished from crime prevention advice, may assist the coping
strategies of some chronic victims. However, simply offering crime prevention advice
and resources may be insufficient to assist many repeat victims respond in a ‘rational’
way that minimises their likelihood of further victimisation.
Arguably, the alignment of crime prevention with the provision of victim services
remains as potentially one of the most important synergies in this area. The potential has
been limited by long standing pressures within criminology and criminal justice to
ignore ‘non-ideal’ victims, a tradition that still hangs like a noose around the neck of
repeat victimisation research and practice. Farrell and Pease’s comments about strategy
versus tactics should be taken seriously and lead to the treatment of repeat victimisation
as an orienting strategy for crime prevention. Seen in this way the potential synergy
with victim services can be highlighted and the potential difficulties in engaging victims
can be identified rather than ignored.

The links between criminological theory and crime prevention
It is arguable that repeat victimisation research remains an important and underdeveloped focus for criminological theory, as argued by Sparks (see below). However,
a question remains about the relevance of theory to crime prevention. In particular, we
may ask whether or not it is of concern to victims if their high risk of future
victimisation is linked with state dependence or heterogeneity142?
It is possible to imagine two victims whose risks of repeat burglary in the coming
twelve months are identical, in the absence of any measures they may themselves
initiate. The risks for one victim result from genuine state dependence so the likelihood
is that repetition will come relatively early and will perhaps be transient. The risks for
141

Victim support agencies could assist susceptible victims with crime prevention advice as well as with
psychological and practical support. A more balanced approach to the issue of the ‘reach’ of crime
prevention projects would acknowledge Pawson and Tilley’s insights (Pawson and Tilley, 1997) arguing
that programs can create the conditions for successful reduction of crime but cannot control the process.
The style of crime prevention necessitated by such ‘controlling’ initiatives would need to invoke
principles diametrically opposed to those proposed by Smith (D. J. Smith, 2000), discussed in the
conclusions below, whereby individual autonomy is enhanced rather than bypassed. Further research is
needed on this issue.
142
Previously we saw that many susceptible victims believed they were uniquely at risk of crime, but this
perception does not necessarily align with state dependence or heterogeneity.
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the other result from enduring background risk factors. It is not obvious, however, that
the anti-burglary measures appropriate for each victim should necessarily be
different143. Furthermore, it will be difficult to identify to what extent an individual
victim belongs in one class or another (state dependence or heterogeneity). Only if
specific risks are identified will these notions have any relevance144. Therefore, the
identification of the most appropriate processes at a general level may be less important
for crime prevention practice than it is for theory.
For crime prevention, prior victimisation is a good predictor regardless of why it
predicts. For theory we would like to know the underlying mechanisms that contribute
to victimisation risk. We are therefore drawn again to acknowledge the strategic
importance of repeat victimisation. For example, Lynch and colleagues (2002)
concluded that prior victimisation was not the best predictor of future burglary and
assault in the United States. However, this conclusion, while important for crime
prevention in a tactical sense, may be less so in the strategic sense under discussion. If
additional considerations are to be considered over and above victimisation itself, then it
may be wise to take into account their impact on victim motivation or support rather
than ignoring these factors and attempting to maximise predictive accuracy for future
victimisation.
Importantly, when Kirkholt is revisited we see that there was little interest at the
commencement of the project in differentiating state dependence and heterogeneity.
The project was based on a careful problem analysis, regardless of whether problems
were transient or enduring aspects of the backcloth of risk. For example, coin meters
provided an enduring opportunity for burglary on the Kirkholt estate. They were not
linked with state dependence. This did not stop the crime prevention practitioners from
addressing this specific problem and dealing with it145. It is arguable therefore that the
presence or absence of general mechanisms like state dependence or heterogeneity is
not as important for crime prevention as is sometimes claimed. What is more important
is the identification of specific problems linked with burglary, regardless of their
general nature.
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This may be different for some domestic violence victims where the risk of victimisation may be
particularly high over the short-term but then decline. Temporary alarms have been used in various
projects on the assumption that high initial risks of repeat domestic violence will be transitory.
144
For example if the risk results from an ex-partner determined to retrieve a particular item of property.
145
The meters were removed during the course of the project and their removal was regarded as a
significant factor in the project’s success.
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Limitations on Criminological imagination
Research for this thesis highlights the ways that researchers’ questions and
criminological imagination are helped but also limited by current theories and practices.
For example, Hindelang and colleagues (1978) examined the notion of ‘once bitten,
twice shy’ or ‘natural immunisation’ for prior victims of crime but found no evidence
for it. Nelson (1984) was even more dismissive of state dependent mechanisms saying
they had ‘little intuitive appeal’, even though he knew that both state dependence and
heterogeneity were equally compatible with the empirical distribution of best fit. In
these examples the criminological imagination of researchers was deficient to varying
degrees. Pease and colleagues have, in a number of papers, pointed out the plausibility
of, and evidence for, state dependent processes, including those where the same
offender returns to reoffend against the same victim. Furthermore, the evidence now
points away from natural immunisation towards a ‘once bitten, twice bitten’ effect.
Sparks and colleagues (Sparks et al., 1977) were apparently the first researchers to
discuss the mechanism of the same offender returning to offend against the same victim,
but dismissed the idea as implausible146. Sparks at least could imagine such a
mechanism and present it as a possibility before dismissing it. He was also able to
propose victim-based explanatory mechanisms involving differential proneness
(heterogeneity) and others involving victim-initiated change (state-dependency). Further
details of the mechanisms proposed by Sparks were discussed in Section 2.1. For
example, Sparks proposed a mechanism whereby victims could take successively
stronger protective actions against victimisation and arrive at a state of near immunity
(Sparks, 1981: 771). The latter mechanism exemplifies state dependence. It is clearly
‘event driven’ but operates in the opposite direction to the ‘boost’ mechanism identified
by Pease.
More recent research examined in this thesis has revealed a new set of criminological
straightjackets. Repeat victimisation is now seen as largely resulting from repeat
offending. For example, although Tseloni and Pease found evidence that measured and
unmeasured heterogeneity were more significant factors than state dependence in repeat
violent crime, they acknowledged no role for the victim in either
a) having the motivation or capacity to alter their enduring risk factors, or
b) having any role in determining state dependence.
146

Pease picked up this idea in a productive way in his later research and found highly plausible reasons
for its occurrence.
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Yet, the authors claim, without direct evidence for offender-based mechanisms from
their study, that:
Event dependence147 is contingent on an offender’s awareness of subtle differences between
people or households …(Tseloni et al., 2002: 211) (Italics added)

This example is not an isolated one and it illustrates how far the pendulum has swung
since 1981 when Sparks (1981) proposed his set of victim-based mechanisms to explain
repeat victimisation148.
Furthermore, there is a related tendency for state dependence to be seen only as ‘boost’
– an increase in risk as a result of a prior victimisation. In fact Pease reduces the
definition of state dependence to ‘boost’ in an influential report (Pease, 1998) and many
other researchers have adopted this terminology for state dependence (Bowers and
Johnson, 2004; Tseloni and Pease, 2003). The specification of state dependence only as
‘boost’ makes it more difficult to generate realistic hypotheses and theory that do justice
to the concept, and perhaps helps to explain why more recent analyses using survey data
have relegated state dependence to a role secondary to that of risk heterogeneity. One
argument of this thesis is that state dependence in repeat victimisation is a more subtle
concept than is commonly envisaged. If researchers fail to look for evidence of
immunisation as well as boost they will misspecify victimisation models and ignore the
full panoply of available evidence. For example, certain characteristics of the criminal
event will likely provide clues as to the likelihood of boost or immunisation influences
and this should inform future research efforts in this area. For offenders, ‘success’ may
encourage repetition, while ‘failure’ may encourage desistance149 against the same
victim150, whereas victim actions may be mobilised by the same factors, but in an
opposing direction. In the case of burglary, the victim may increase security or signs of
occupancy in order to reduce the odds of repetition. This issue is identified as a
necessary topic for future research and is discussed later.
When the prospect of future victimisation is seen as ever increasing, and when offenders
are seen to be in control, we are presented with a one-sided and somewhat demoralising
147

We have mostly used the term ‘state dependence’ in this thesis.
See Section 2.1 for a discussion of these mechanisms.
149
An exception to this rule may apply in the very short-term when offenders who have been only
partially successful may return to take property that they had to leave behind.
150
No doubt the factors involved from an offender viewpoint will be complex, but the differential
influence of event-based factors such as the value of goods stolen, the ease of entry to premises, the
activation or not of a burglar alarm, the clear and obvious sighting of the burglar by the householder or a
neighbour provide a minimal starting point. What incentive would a burglar have for returning to
premises where the ‘take’ was low and the prospects for future gains were equally low, unless some
personal matter motivated the prior burglary.
148
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image of power. Arguably, this picture does not fit the known facts about burglary
discussed in Section 2.1. Nor does it fit the methods of offender adaptation described
by Felson (Felson, 2006, p147-8) which entail trials and errors and involve a degree of
failure.

Analogies between victim careers and criminal careers
Farrell and colleagues (Farrell, Tseloni, Wiersema, and Pease, 2001) draw attention to
the potential similarities between victim careers and criminal careers and advocate the
use of an accelerated longitudinal design for their study. This proposal is in keeping
with the approach of Farrington and colleagues (Farrington, Ohlin, and Wilson, 1986) to
criminal careers. One of the advantages of a genuinely longitudinal approach is its
potential to disentangle the broad causal mechanisms of state dependence and
heterogeneity. In a cross-sectional study it is difficult to be precise about the underlying
mechanism that produces an observed distribution of victimisation such as the negative
binomial. Section 2.2 of the thesis argued that heterogeneity, state dependence and
‘spells’ models were all plausible mechanisms involved in repeat victimisation and all
were consistent with finding that repeat victimisation fitted a negative binomial
distribution. A research design able to separate the contributions of these mechanisms
would advance knowledge in this area. Another advantage of such a longitudinal
design is that it would be able to generate reliable estimates of victimisation prevalence
and incidence in the long-term. A common approach is to adopt the methodology of a
series of surveys implemented in the past 20 years that have investigated violence
against women, or against both males and females. The Australian exemplars of these
surveys (Australian Bureau of Statistics, 1996b, 2006) are similar to those conducted in
Canada, the United States and internationally. ‘Lifetime’ or long-term estimates of the
prevalence of violence are generated in these surveys by asking respondents of all ages
whether or not they have ever experienced carefully specified forms of violence.
Curiously, the cumulative prevalence of violence does not continue to rise with age.
For example, The 2005 Personal Safety Survey found that the cumulative prevalence of
physical assault peaked in the age-group 25-34 and declined for older age groups,
despite the very much longer exposure periods of older survey respondents151. While
various explanations, including cohort effects, are compatible with the reported patterns,
the mechanism of recency bias is undeniably implicated in the findings of this and
151

These patterns are derived from data presented in Table 1 of the 2005 Personal Safety Survey.
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similar surveys (Biderman and Lynch, 1981). Respondents simply fail to report all
events that have been experienced and in general the bias becomes greater with
increasing time from the triggering event. This issue was discussed in more detail in
Section 2.2.
However, approaches to victim careers are unlikely to be productive if they focus
simply on repeat victimisation as ‘an absorbing state’ (Sparks, 1981). There is little
criminological interest in labelling someone as a repeat or multiple victim if they
experienced a burglary 20 years ago and a minor larceny last week. It is arguable that
the main interest in longitudinal research on victims would be its links between
victimisation, offending and the social environment in which they occur, and what
processes expose individuals from similar environments to become offenders and/or
victims or to escape such experiences. Furthermore, some concepts applied to criminal
career research such as onset, duration, and desistance seem to have more limited scope
when applied to victims.
While Farrell and colleagues draw many analogies between victim careers and criminal
careers, they are strangely silent about the potential benefits of transferring techniques
of statistical analysis between the two areas. One of the arguments of this thesis is that
survival analysis – a standard analytic tool used in the analysis of repeat offending – has
much to offer repeat victimisation research. However, it has been neglected in repeat
victimisation studies.

Future Research Needs
The difficulty of mounting a’ perfect’ methodological study using survey data
One approach to future research needs is to take to heart relevant observations in the
literature about the methodological limitations of existing studies and to design a
‘perfect study’ for the future investigation of repeat burglary. The limitations of current
research methodology were discussed in Section 2.2. Based on this analysis it would
seem that the parameters of an ideal study would:
•

Include both area and individual (household) factors and be designed in a
hierarchical way that allowed area and individual influences an equal chance of
being observed;

•

Model counts rather than prevalence so that single and repeat victimisation could be
tested as separate processes rather than being assumed as unitary;
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•

Model unobserved as well as observed heterogeneity;

•

Model interactions as well as single variable effects;

•

Be based on properly designed panel studies so that the causal influences on
victimisation could be disentangled.

As discussed in Section 2.2, studies addressing some but not all of these factors are
available152, but existing panel data are not designed to test key aspects of repeat
victimisation. The United States NCVS is the main source of survey data along the
desired lines but it is based on addresses rather than households so its panel design is
limited.
Another issue is that the most existing panel studies track victims at no greater
frequency than six month intervals. Repeat burglary studies using police data suggest
that some repeats occur within days or weeks of prior burglaries. A six-month followup will not allow the time course of repeat burglaries to be calibrated on a sufficiently
fine-grained time scale. Victim capacities to recall events have been shown to suffer
from recency bias, therefore victim memory cannot compensate for infrequency in
survey questioning. One exemplary survey in terms of frequency was mounted by
Winkel and colleagues (F. Winkel, Willem, Blaauw, Sheridan, and Baldry, 2003). The
focus in this study was on victim reaction to crime rather than on patterns of repeat
victimisation per se. Nevertheless, victims were initially contacted on a weekly basis to
examine repeat victimisation and its consequences, and such an approach would be well
suited to determine the time course of repeat burglary. Frequent contact with
respondents is needed in order to adequately determine the sequence of victimisation
events as well as their separation in time. Most surveys to date have failed to achieve
this task in a satisfactory matter and even panel surveys will be inadequate if clusters of
victimisations fall into a single time period153. A similar approach to the spatial location
of burglary and its repetition is advisable. Repeat Burglary showed that burglary rates
can vary substantially over very small geographic areas, a result also found also in the
United Kingdom by Bottoms and colleagues (Bottoms et al., 1987).
Existing surveys tend to collect useful information on the characteristics of respondents,
but they have collected less useful information on the characteristics of events154. If
152

See, for example, the various research studies of Tseloni and Pease discussed in Section 2.2.
They will be able to determine the sequence of events falling in different data collection waves, but
will not easily be able to determine the sequence of events that are reported in the same wave.
154
This is particularly so if surveys are unable to distinguish the sequence of events and are therefore
unable to use the characteristics of a ‘first’ event as predictors for a ‘second’ event.
153
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they are to make a more serious contribution to teasing out the contribution of state
dependence to repeat victimisation they will need to improve the quality and nature of
data not only on (a) the victimisation event, but (b) circumstances immediately prior to
the event, and (c) changes made after the event. Notions of the pre-event, event, and
post-event are important in injury control research (Lett, Kobusingye, and Sethi, 2002).
Without such data, it seems inevitable that surveys will continue to provide biased
evidence that supports heterogeneity of risk as the dominant general mechanism
underlying repeat victimisation155, as argued in Section 2.2. Note that Tseloni and
Pease found large differences in the rates of property victimisation across the United
Kingdom in their study based on British Crime Survey data (Tseloni and Pease, 2004).
Section 2.2 developed purely heterogeneous statistical models for a small sub-area of
Parkville that exhibited a rapid decline in aggregate hazard rates in the first month
following a burglary. We would therefore expect aggregate hazard rates to decline
quickly over time in the United Kingdom if elapsed time data were available to
supplement the count data in the British Crime Survey.
The question of event details and their immediate pre- and post- periods also raise
questions about the robustness of the count modelling advocated above, despite its
growing use in repeat victimisation research. The kind of modelling that may best fit
future research may instead be some kind of two-stage ‘hurdle’ model similar to that
used by Osborn and colleagues (1996). These models separate initial victimisation from
repeat victimisation and can flexibly incorporate event characteristics as predictors of
repetition, whereas no event details are available as predictors of a first victimisation.
Tseloni and Pease (Tseloni and Pease, 2004) point to the ‘subtlety’ of factors connected
with unobserved heterogeneity. However, more careful collection and sequencing of
event information in surveys may illuminate the specifics of state dependence and
thereby reduce the extent of unobserved heterogeneity emerging from surveys. It may
be that the predictors of repeat victimisation are simpler than we think.
It is important to re-emphasise in this discussion of future research that survival analysis
should be used much more commonly in repeat victimisation research. This technique
has been very important in repeat offending research and it is tailor made for repeat
victimisation research. It can naturally incorporate the very refined time course of
repetition argued above as a necessity.
155

This is not to say that heterogeneity is not the most important mechanism in many cases of repeat
victimisation. It is to say, however, that the factors generating state dependence should be given a fair
chance to be observed.
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Before leaving this commentary on pure methodology, it is also worth saying that the
best source of quantitative data for repeat victimisation research will arguably be a
combination of police and survey data. Police data are able to support the relatively
refined time and spatial scales required for repeat victimisation research, while survey
data are needed to collect data on non-victims as well as victims, and on the broader
range of demographic, physical, lifestyle, and attitudinal variables known to be
connected with victimisation and its repetition.

Specific, rather than general mechanisms and the role of theory
It is useful, however, to step back from the view of such an ‘ideal study’. It was argued
earlier in this chapter that if theory is to inform crime prevention then the teasing out of
general mechanisms such as state dependence and heterogeneity will not be sufficient,
despite their value as orienting concepts in the field to date. What is needed in future
research is the investigation of more specific mechanisms that come under these broad
banners. This is only possible if strong hypotheses, informed by adequate theory,
inform the research design and data collection. Of critical importance here is the testing
of both immunisation and boost mechanisms for state dependence and the identification
of offender, victim and event characteristics156. Research should pay particular
attention to the social milieus of respondents and their influence on victimisation and its
repetition. Pre-event variables should explore any (non-crime) adverse experiences of
the victim immediately prior to the victimisation that may have subjected them to a
period of particular vulnerability. Post-event variables should explore precautionary
action157 taken by victims in response to the crime.

Victim heterogeneity, victim support and criminological theory
One of the key themes in this concluding chapter is that victims are a heterogeneous
group. Evidence for this proposition was drawn mainly from victim support research
but it has implications also for criminological theory and its application to repeat
victimisation. Future studies should investigate this issue in greater depth and integrate
more tightly the study of the victim with the study of the causes of repeat victimisation.
156

Including pre- and post-event factors.
The research findings summarised in section 4.2 and this conclusion identify heterogeneous responses
of victims to burglary and other forms of victimisation. Therefore the exploration should also explore
‘risky’ response to the victimisation experience and also changes in beliefs about personal vulnerability of
the kind researched by Winkel.
157
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This comment applies even more strongly to offences other than burglary. Many victims
will have adequate coping mechanisms and will take what appropriate preventive action
they see fit in order to protect themselves from future victimisation. However, a
minority of victims will suffer coping deficiencies and will take inappropriate action or
no action as a result of prior victimisation.
Furthermore, there is evidence from Winkel and from researchers examining special
forms of victimisation or special populations that certain cognitive are factors linked to
behaviour that could be labelled as ‘victim precipitation’158. For example, researchers
examining the contemporary or childhood abuse of women have noted that victims were
more likely to be involved in risky sexual behaviour, illicit drug use and heavy drinking,
and that, controlling for trauma related symptoms, this behaviour ‘was mediated by
cognitions about the risks and benefits of risky behaviour’ (D. W. Smith, Davis, and
Fricker-Elhai, 2004, p292). Similarly, Nettlebeck and Wilson (2002) adapting a model
used by Sparks (1981), found that individuals with mental retardation who were
victimised were more likely to have characteristics leading to victim precipitation159.
These authors suggested that certain training modules could be developed to reduce the
risks of future victimisation, but these would probably need to be individually tailored.
The research in these related fields of victimisation confirms the general findings for
burglary that victim support is not related to crime prevention in a simple or easy way.
However, it does confirm that many repeat victims are in need of crime prevention
assistance and that special efforts need to be made to assist victims participate in crime
prevention activities.
Future theories of offending and victimisation should benefit from research that
examines potential victims with regard to their offending, their risky behaviour, or other
characteristics. In particular the continued study of (repeat) victimisation and lifestyles
has the potential to inform and modify lifestyle/routine activities models of
victimisation. In one proposed extension of the situational approach Wortley argues for
a closer examination of the situational precipitators of crime, including the provoking
aspects of particular situations (Wortley, 2001). This extension is faithful to the concept
of situation and has prompted Cornish and Clarke to extend the parameters of
situational crime prevention (Cornish and Clarke, 2003).
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This term needs to be defined more carefully in future research or replaced with several concepts that
capture the variety of conduct identified originally by Von Hentig.
159
Of course such factors combine with many others that are largely outside the control of
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Another direction of great significance for theory is the potential link between victim
characteristics, including perceptions about safety and risk and routine activities. What
emerges from the analysis in this thesis is evidence for a reciprocal relationship,
whereby routine activities influence victimisation and victimisation influences routine
activities, including risky behaviour. Future research also needs to explore the impact
of victimisation on victim beliefs, attitudes and coping mechanisms alongside the more
commonly collected variables such as fear of crime.
The discussion in Section 2.1 indicated ways in which broader modifications to
opportunity could occur. Sparks (Sparks, 1981) proposed his own variations to these
theories and Garofalo (Garofalo, 1987) proposed later modifications to the lifestyle
theory he helped to develop. In brief, these modifications to opportunity theories could,
as discussed above, include a place for reactions to crime by victims and a place for
individual differences, including the tendency to provoke or precipitate crime. Note that
a recent study (Schreck et al., 1990) found evidence in support of Garofalo’s proposal to
include individual differences in the model, specifically the influence of self control
(Hirschi and Gottfredson, 1990) on the likelihood of future victimisation. Schreck and
colleagues160 propose that low self-control influences victimisation directly by its
association with victims’ facilitating, provoking, or precipitating their own
victimisation. It is also expected to have an indirect effect by reducing the likelihood
that some victims will modify risky lifestyles after they experience prior victimisation.
The acknowledgment of variable tendencies of victims to facilitate, provoke, or
precipitate their own victimisation has been somewhat of a taboo topic, as argued in
Sections 1 and 2.1, however, there is every reason in the early 21st century for
criminology to have the maturity to examine such possibilities carefully and openly.
The discussion in this thesis has focused on opportunity theories of crime; however,
Schreck and colleagues (p337) note the potential for extending other theories of crime
to victimisation, including general strain theory and social learning theory.
The extension of opportunity theories of victimisation to include individual differences
or dispositions gels with, but is also tempered by, the arguments of Smith (D. J. Smith,
2000). Smith’s excellent chapter warns us that dispositional theories are not
incompatible with theories of choice and that there is a need to move beyond the simple
contrasts between dispositions and situations. The convergence of dispositional and
160

Although Hirschi and Gottfredson proposed the concept of self-control as the major explanation for
offending, these authors identify five prior studies that have found evidence of links between low selfcontrol and victimisation.
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choice theories needs to occur in a context that will be alert to their potential for mutual
influence. There is a danger that constructs like self-control will be taken for granted as
immutable qualities of the individual, rather than tendencies that are subject to gradual
change. Smith outlines ways in which situational approaches to crime prevention can
change individuals or whole populations, by leaving room for autonomous individual
choices. Situational crime prevention may operate in ways that allow moral autonomy
for the individual, or in ways that do not, and Smith claims that the former approach can
lead to the moralisation of individuals, whereas the latter will not161. There seems to be
no doubt that attitudes to drink driving across Australia have changed in response to
measures that detect and punish drink drivers. These measures do not close off all
opportunities for drink driving, but over time work on moral attitudes. The claim can be
made in cases such as this that situational changes have produced relatively long-term
changes in the dispositions of the population to drink and drive. This perspective adds
weight to arguments that crime prevention should maximize victim participation rather
than always taking the potentially easy route of using large institutional players or
governments to enforce solutions that do not attract significant victim participation.
In terms of offender choice, ‘success’ may encourage repetition, while ‘failure’ may
encourage desistance162 and future research should produce evidence about factors that
encourage or discourage repetition. Event characteristics were examined by Ewart and
Oakley (Ewart and Oatley, 2003), and, more specifically, details of property stolen were
examined by Clarke and colleagues (Clarke et al., 2001). However, these research
designs have been rare, even though the research by Clarke and colleagues comes
closest to the heart of offender motivation (its enhancement or reduction) for the
commission of repeat burglary. An enhancement of Clarke’s design allowing for victimbased as well as offender-based mechanisms should be a fruitful area for future
research. The absence of such designs may be a sign that most researchers have
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One of Smith’s examples concerns the prevention of fare evasion in London and Paris. In London it is
possible to evade fares but there are incentives not to do so. In Paris there is almost no possibility for fare
evasion so the moral autonomy of the individual is not activated in any way. Smith suggests that attitudes
opposed to fare evasion in London are more likely to be stronger than in Paris – a hypothesis that could
possibly be detected by questionnaires, but would be better tested in situations involving a systems failure
of procedures in both places.
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No doubt the factors expected to influence same-offender choice will be complex, but the differential
influence of event-based factors such as the value of goods stolen, the ease of entry to premises, the
activation or not of a burglar alarm, the clear and obvious sighting of the burglar by the householder or a
neighbour provide, are factors that provide a starting point. What incentive would a burglar have for
returning to premises where the ‘take’ was low and the prospects for future gains were equally low,
unless some distinctively personal matter motivated the prior burglary.
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imagined that repeat victimisation is ‘boost’ regardless of the characteristics of the prior
burglary and that therefore such research is unnecessary.
Are the same offenders involved in repeat victimisation?
This extent to which repeat victimisation is linked to the same offender will no doubt
remain on the research agenda. Evidence from Perth was presented in Section 2.1 that
cast doubt about the extent of re-offending against the same victim, but more research
from varied locations is required in order to satisfactorily examine the factors that
encourage such a practice.
Qualitative studies
Finally, there is a need to promote qualitative studies. Ideally these would illuminate
sub-groups of victims and non-victims that are part of quantitative studies. The thesis
has argued that ethnographic studies of offenders such as those discussed earlier
(Batchelor, 2005; Cromwell et al., 1991; Farrall and Maltby, 2003; Wright and Decker,
1994) provide rich source of insight into the mechanisms underlying repeat
victimisation and the embeddedness of offending and victimisation in the social lives
and social activities of individuals. They help us expand our criminological imagination
instead of restricting it. They also warn us that general mechanisms such as state
dependence and heterogeneity are simplifications. For example, ‘enduring’
mechanisms may be more or less permanent (poverty, inadequate housing). However,
they may also operate on a mid-term scale (marital status, the presence of coin-operated
meters as existed in Kirkholt) and be changeable, even though they are stable by
comparison with very short-term event characteristics that we associate with state
dependence.

Conclusion
The thesis has demonstrated that repeat victimisation is not a panacea for crime
prevention or for the provision of the victim services in an entirely new way. The
connections between repeat victimisation and other ways of preventing crime or
responding to victims are not as neat as has been sometimes argued. Repeat
victimisation is one important form of crime clustering in a world where crime clusters
in many ways, including through prolific offending or the involvement of offenders in
more time-limited crime sprees. There seems as yet no good evidence to show that
victimisation clustering should be able to explain all other important clustering forms.
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At a methodological level the Repeat Burglary chapter was the first published research
paper to introduce a censored survival model into the repeat victimisation literature. It
has been argued that survival analysis still is an underused technique in the analysis of
repeat victimisation. Section 2.2 pursued the implications of simple Poisson models.
Though its statistics are not complex, it was able to demonstrate that the count and the
elapsed time domains of analysis were inextricably linked. The analysis was able to
underpin the notions of naïve and sophisticated concentration and to use the concepts in
a productive way. They were useful in the re-analysis of the Perth suburb data in
Section 2.2 and they produced a surprising result in showing that the use of Lorenz
curves as indicators of inequality was problematic for the count data that arises in repeat
victimisation studies.
Section 4 examined the distributional aspects of victim-based crime prevention and
indicated that they were not distorted. On the other hand, the low participation rate of
victims in several victim-based burglary prevention projects raised important issues
with respect to the alignment of crime prevention and victim support. The implications
raised in Section 4.2 and in this conclusion are far-reaching and should be the subject of
a major research effort.
An important aspect of this thesis is the argument that the state dependent influence of
prior victimisation should not be regarded as simply a boost mechanism. The causes for
the generally high average rate of repeat victimisation will inevitably be some mix of
heterogeneity and state dependence. The presence of heterogeneity relieves the state
dependent mechanisms of the ‘burden’ of having to boost the risk of a repeated
victimisation. Put simply, heterogeneity will always boost the apparent risk of
becoming a victim in the next period of exposure, a general result that holds for
heterogeneity in any social contexts (Lancaster, 1979; Zorn, 2000). Also, because
heterogeneity will generally derive from both measured and unmeasured factors it will
be difficult to identify a group of victims over which risk is constant. This means that
state dependence is not forced to produce a positive effect on risk – a boost – in order
for the generally observed patterns of elevated risk for repeat victimisation to make
sense. In other words, there is (see Section 2.1):
a) No logical (statistical) requirement for a state-dependent mechanism to be a boost
b) Evidence that certain kinds of offences (for example, distraction burglary) actually
do depress the immediate risk of repetition, and
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c) Consistency with the predictions of standard theories, in that offenders will in some
cases have reduced incentives to revisit the same targets because the rewards are
now assessed as lower, or the risks are assessed as higher; or because victims have
taken measures to prevent future offences against themselves.
An important aspect of debate about victim-based crime prevention concerns the
mechanisms that are activated to reduce crime. The thesis has at various points argued
that, in its most successful demonstration projects like Kirkholt, victim-based
prevention has over-achieved the levels of success that could be reasonably expected of
it. Furthermore the timing of benefits is earlier than would have been expected if such
projects had operated exclusively by preventing the repeat victimisation of participating
victims. One possible explanation is that any well founded project may obtain
‘anticipatory benefits’ ahead of time because a communication is sent to potential
offenders (S. Johnson and Bowers, 2003; M. Smith, Clarke, and Pease, 2005). In this
way a project could reduce total victimisation, not just repeat victimisation.
Surprisingly little attention has been paid to this issue, although Hope and colleagues
(2004) found no evidence of anticipatory benefits in their research. Yet another
explanatory mechanism for the Kirkholt project was that the ‘cocoons’ may have
ensured rapid propagation of crime prevention activity throughout the estate, not only to
victims but to their neighbours163.
It may not be too fanciful however, to link one comment by Pease (1993) with another
by the philosopher Daniel Dennett (1984). Pease drew attention to the fact that most
crime prevention resources in the United Kingdom were being distributed to individuals
and areas that needed them least. On the other hand this thesis presented evidence that
victim-based crime prevention does tend to keep resource distribution ‘on track’.
This mechanism is illuminated by Dennett’s analysis of ‘keeping one’s head down’
during a golf swing. The professional coach tells the player to keep her head down until
she has completed her swing. But the head is kept down even after the ball is gone, so
what is the point of the advice. Dennett (1984, p16) explains it as follows:
… it may be that the only way of getting the right thing to happen up to the point of impact
is to look ahead and fix a more distant goal, counting on one’s efforts to satisfy that goal to
produce bodily motions that traverse just the right space at just the right speed. …
Sometimes the only way to get what you want is to try to do something else.
163

Another potential mechanism is that local offenders were involved in cocoons and were thereby
deterred from offending (at least locally) because the project was a sign of greater police and community
attention given to burglary offences.
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This may be one of the most important aspects of victim-based crime prevention as a
strategy. Regardless of whether it is the best predictor of future victimisation,
regardless of how it works, and regardless of whether the risk is transient or enduring, it
draws our attention (mostly) to the circumstances of crime. It helps us keep our head
down and our eye on the ball and in this way it makes a major contribution to crime
prevention.
Additionally, as argued above, future research has the potential to contribute to
criminological theory and to effective victim support, drawing not only on the concepts
of opportunity theory but also on the individual characteristics of victims and offenders.
The connections between theory, prevention and support are not nearly as neat as has
sometimes been claimed but the challenge is an exciting one for criminology.
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